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DISSERTATION ABSTRACT
Lorna Porter
Doctor of Philosophy
Department of Educational Methodology, Policy and Leadership
September 2022
Title: Examining Educational Opportunities and Outcomes for Students Classified as English
Learners

Students classified as English learners (EL) are a protected class of students with core legal rights.
There are clear opportunities to strengthen education policies and practices to improve opportunities
and outcomes for El.-classified students. This dissertation is comprised of three studies examining key
issues in EL education with the goal of generating evidence to inform education policymaking that
contributes to stronger education systems for El.-classified students. In Chapter II, I examine the extent
to which immigrant students who arrive in grades 6-12 and are EL-classified are enrolled in core content
coursework, contextualized within interviews on the policies and practices that shape course placement
decisions for the student population. I also estimate the impact of participating in a newcomer program,
a specialized program that districts and schools may offer, on the probability of enrollment across core
content classes. I find that immigrant ElL-classified students are under-enrolled in core content in
comparison with peers. I find that participation in newcomer programs is not associated with fuller
course access, with evidence that newcomer program participation may constrict access to certain core
subjects in select years. In Chapter II1 I estimate the impact of a state-level EL accountability and support
policy, House Bill 3499, on district and student outcomes in Oregon. I find that identified districts spent
more on EL expenditures per EL-classified student, but there were no meaningful changes overall in
the other outcomes examined. In Chapter IV I explore the extent to which variation in instructional

effectiveness of teachers responsible for English language arts (ELA) instruction and teachers



responsible for English language development (ELD) instruction contributes to differences in students’
English language arts and English language proficiency performance. 1 find that the variation in
instructional effectiveness of both ELA and ELD teachers has implications for EL-classified students’
English language arts and English language proficiency performance. Together, this set of studies
provides novel evidence on areas for intervention, as well as impacts of specific interventions, in EL
education. Additionally, the body of work provides implications for how this evidence can inform local

and state education policy decision-making.
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CHAPTER I. INTRODUCTION

Students classified as English learners (EL') are a protected class of students. EL-classified
students have a set of core legal rights intended to ensure that districts and schools provide adequate
supports and services such that students” English language proficiency does not foreclose their access
to equitable educational opportunities (Hakuta, 2020). EL-classified students bring rich assets to their
learning (Valenzuela & Rubio, 2018). However, there are many ways in which policy and practice may
contribute to inequitable outcomes or fail to address existing inequities for El-classified students
(Robinson-Cimpian et al., 2017). Many ElL-classified students experience constricted access to
equitable and rigorous learning opportunities (Callahan, 2005; Callahan & Shifrer, 2016; Umansky,
2010), lowered teacher expectations (Umansky & Dumont, 2021), enrollment in under-resourced
schooling environments (Gandara et al., 2003), and teachers who report that they are underprepared
to provide appropriately modified instruction (Harper & de Jong, 2009; Santibafiez & Gandara, 2018).
Thus, structural barriers and challenges often create the conditions within which EL-classified
students underperform on an array of outcomes in relation to their peers (National Academies of
Sciences, Engineering & Medicine, 2017).

The set of three studies included in this dissertation builds from this understanding. The
studies are unified by a focus on examining key issues in EL education policy with the goal of
generating evidence to inform education policymaking that contributes to stronger education systems
tor EL-classified students. Together, this set of studies provides novel evidence on potential areas for
intervention, as well as potential impacts of specific interventions, in EL. education. Additionally, the

body of work provides implications for how this evidence can inform local and state education policy

LT use the classification “English learner” and abbreviation “EL” throughout to refer to students who’ve been classified as English
learners under federal and state policy. While this is intended to capture the unique policy context for this student group, I recognize
English learner is a deficit-oriented term (Dabach & Fones, 2016) and imperfectly captures the linguistic diversity and assets of students
who arrive and are in the process of adding English language proficiency to their linguistic repertoire.
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decision-making.

The outline of this dissertation is as follows. I start by providing a brief introduction to the
EL policy context, outlining key policy parameters and establishing the argument for why it is critical
to conduct research on policy levers in EL education. I then describe the three studies that comprise
this dissertation and the threads connecting them. I proceed with Chapters II, III, and IV—three
unique studies—and end with a brief conclusion.

English Learner Policy Context

EL classification is a federal designation (Every Student Succeeds Act [ESSA], 2016). EL
classification has roots in both judicial (Castasieda v. Pickard, 1981; Lan v. Nichols, 1974) and legislative
(Equal Educational Opportunities Act, 1974) efforts to remedy systems that systematically exclude
and underserve students not yet proficient in English in U.S. schools and districts. The classification
is temporary, intended to ensure that districts and schools have services in place for students to
equitably engage in their educational experience as they are developing English language proficiency
(Hakuta, 2020). The broad ecosystem of EL policy encompasses identification of potential EL
students, classification of EL students, service provision (including instruction on the English
language and supports to access the core curriculum), assessment of English proficiency, and policies
around reclassification—the point at which it is determined a student has reached a level of English
proficiency where the classification is no longer needed (Umansky & Porter, 2020).

Many elements of EL policy are shaped at the federal level. This includes defining potential
EL students, requiring states to have standardized entrance and exit criteria for EL classification,
outlining key accountability parameters in EL. education (ESSA, 2016), and identifying core rights of
EL-classified students (Equal Educational Opportunities Act, 1974). However, a great deal of
discretion is left to state and local education agencies in how to develop and implement policies for

identifying, classifying, serving, and reclassifying EL-classified students. Within this discretion, a range
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of policies and practices have been developed and implemented for serving El-classified students
across state and local education agencies (Callahan et al., 2022; Villegas & Pompa, 2020).

Amidst heterogeneity in the policies and practices that shape ElL-classified student
experiences, some education policies may contribute to inequitable outcomes observed among EL-
classified students (National Academies of Sciences, Engineering & Medicine, 2017; Robinson-
Cimpian et al., 2017). For example, some states do not provide additional funding resources for EL-
classified students, in contrast with other states that provide additional per pupil funds or categorical
grants (Education Commission of the States, 2022). As another example, some states do not require
that educators participate in specific coursework or training to work with EL-classified students, in
contrast with others that require certifications or basic coursework (Callahan et al., 2022). Historically,
some states have put in place language policies that restrict schools’ ability to provide bilingual
education opportunities, while others have put into place policies that mandate extensive English
language development (ELD) instruction, foreclosing opportunities to participate in many of the
learning opportunities afforded to non-EL peers (Gandara & Hopkins, 2010; Lillie et al., 2012). At
the local level, tracking policies and practices that limit EL-classified students’ access to the full
educational curriculum have been documented (Estrada, 2014; Kangas & Cook, 2020). Policy
decisions tied to instruction and course placement have been linked to EL-classified students being
provided with less rigorous instruction and less prepared teachers (Dabach, 2015). Further, many state
and local policies fail to explicitly attend to the unique needs and strengths of EL-classified students,
overlooking how the language-based classification intersects with other education policies in place
(Menken & Solorza, 2010; Sugarman, 2019). Doing so can result in challenges both for students and
educators who navigate the complex, constantly shifting education policy landscape.

While there are opportunities for stronger ELL education policies in many instances, there are

also many ways in which policy levers and interventions have been developed and implemented in
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service of strengthening supports for EL-classified students. For example, in some states there have
been wide swings over time from restrictive to expansive language policy. Many states now offer
students the opportunity to access a Seal of Biliteracy or Multiliteracy in recognition of the assets that
come with multilingualism, as well as support more widespread bilingual education opportunities
(Heineke & Davin, 2020; Moore, 2021). States have developed more coherent frameworks for EL
education with the goal of more aligned EL education policies and systems (Briceno & Bergey, 2022).
Both state and local education agencies have invested in strengthening the bilingual educator pipeline
(Garcia, 2017; Rutherford-Quach et al., 2021). There are also examples of local education agencies
pushing for more expansive grassroots bilingual education (Friere et al., 2022) and supporting the
implementation of linguistically responsive teaching (Zhang-Wu, 2017).

There is clear evidence that these policy levers matter. For example, more expansive bilingual
education is linked to a host of positive outcomes for students (Porter et al., in press), while restrictive
language policy approaches are tied to both lost opportunities to learn and stymied growth (Lillie et
al., 2012). Similarly, local policies have important implications for EL-classified students. For example,
varying reclassification policy approaches can lead to differences in student outcomes (Cimpian et al.,
2017) and offering different language instruction programs can shape students’ opportunities and
outcomes (Morita-Mullaney et al., 2020). Importantly, findings that EL classification can act as both
a support (Shin, 2018) or result in negative outcomes for students (Umansky, 2016) across contexts
speaks to how important it is to understand the implications of EL policy decisions.

This set of studies is grounded in the idea that a range of education policy levers have
important implications in EL education. However, this set of studies is also grounded in the
recognition that there are critical gaps in the understanding of how education policies can create the
conditions for El.-classified students to be provided with rigorous, culturally and linguistically

sustaining instruction that supports equitable access to learning opportunities and timely development
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of English proficiency. These studies, while focused on a range of issues in EL education, are unified
by the overarching goal of building knowledge to inform EL policymaking.
Summary of Chapters

The overarching research question that guides this dissertation is: What policy levers can be used to
support more equitable ontcomes for E1 -classified students? All three studies draw on Oregon statewide student
records that track opportunities and outcomes for ElL-classified students longitudinally.

The first study (Chapter II) is focused on a key issue in EL education—students’ access to
academic learning opportunities—for a unique group of El-classified students. In the mixed methods
study, I documented patterns of core content enrollment, a key measure of access to learning
opportunities, for a specific group of El-classified students: immigrant students who arrived in U.S.
schools in secondary grades. While a relatively small subset of EL students, secondary newcomers face
unique barriers to full content access (Short & Fitzsimmons, 2007, Umansky et al, 2018). This
descriptive work lays the foundation for identifying potential areas for policy intervention, as well as
provides an important example for state and local education agencies in how descriptive analyses can
highlight potential constriction points in accessing opportunities to learn. This work is further
contextualized within interviews with those who work in course placement to understand the
intersection of individual agency and overarching course placement policies in shaping course access.
Finally, I examined whether one policy lever, specialized newcomer programs, appeared to constrict or
support core course access among immigrant El-classified students arriving in secondary grades.

The results from Chapter II inform EL policymaking in multiple ways. First, observed inequities
in course access among immigrant ElL-classified students in relation to their peers highlight how districts
and schools may struggle to ensure that immigrant students have full access to core content learning
opportunities, without clear evidence that gaps in initial access are compensated for in the years following

arrival. Evidence that there are disparities in access within the arriving immigrant EL-classified student
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group highlights how certain student groups, such as those with interrupted formal education and initial
lower English proficiency, as well as from specific racial/ethnic backgrounds, may face acute constriction
of core content access. This is a clear entry point for policy intervention, with an opportunity for federal
and state education agencies to invest in the provision of guidance and support to ensure that arriving
immigrant EL-classified students’ opportunities are not constricted in relation to their peers. Part of this
guidance may be supporting local education agencies in examining their own data to identify certain
timepoints, subjects, grades, or student groups for whom this issue is particularly stark. Additionally,
qualitative results suggest that individuals draw on their perceptions of which students are “ready” for
core content enrollment, as well as their perceptions of which teachers are trained and prepared to
support students, to shape course placement decisions. This highlights an opportunity to provide
guidance for those engaged in the course placement process. Such guidance can reiterate the core rights
of students and provide strategies to develop schedules that ensure students are not systematically
excluded, while also not placing students in classrooms they will not be supported in. To this point, there
is also a need to invest in teaching supports to ensure that perceived shortages of trained educators does
not keep those engaged in course placement from excluding students from core content. Finally, I find
evidence that participation in a newcomer program does not support fuller course access. Such programs
should be examined to ensure that the important supports provided through these programs are
delivered alongside, not at the expense of, access to core content learning,

Chapter III shifts to the full population of EL-classified students, examining how one state
policy lever impacts a set of proximal and distal outcomes for EL-classified students. The state policy
lever, House Bill (HB) 3499, is a support and accountability policy. HB 3499 is a state policy in Oregon,
with one element of the policy being a process to identify a cohort of struggling districts and provide
additional funding and technical support to support investments in EL services and supports, while

introducing an element of accountability to encourage meaningful change (Carnock, 2017).
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Using event study and difference-in-differences analytic techniques, evidence on the estimated
effects of being a district identified for HB 3499 provides important information for state policymakers,
both in Oregon and those across the U.S. While I found that expenditures increased per EL-classified
student at the district level, the increase varied widely in magnitude across districts. This suggests that
the funds may have represented very different increases in expenditures across identified districts in
comparison with non-identified districts. Therefore, the policy intervention may have allowed for some
districts to invest in more substantial changes, while for others the per EL-classified student amount
may have not represented a large enough sum to make widespread shifts. When looking at process-
based outcomes over the first three years following identification, there was no evidence that
identification led to an increase in the ratio of teachers holding ESOL endorsements to EL-classified
students, nor the probability that an EL-classified student received bilingual services overall. There was
also no meaningful change in students’ academic outcomes. While there may be other important policy
impacts uncaptured in the chapter, in relation to non-identified districts and trends prior to identification,
districts identified for the intervention did not see significant changes, on average, in the outcomes
examined. Policy implications include an argument for evaluating the scope of the intervention in
relation to the challenges faced at the local level and the true resource costs of meaningful change, while
also considering the short timeline for observing positive effects of school improvement policies.

The fourth chapter is focused on teachers of ElL-classified students. A core feature of EL
education is the provision of instruction on the English language, often delivered through a separate
English language development (ELD) class period (Saunders et al., 2006). Many core ELD concepts
align or overlap with concepts taught in English language arts (ELLA) classrooms (Callahan, 20006). This
overlap, along with theoretical arguments that EL-classified students’ ELD and core content learning
are interrelated processes (Bunch, 2013), open up questions around the different roles that ELLA and

ELD teachers may play in shaping EL-classified students’ ELA and English language proficiency (ELP)
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performance. Drawing on ELLA and ELP outcomes for EL-classified students in grades 6-8 and value-
added methodologies, I modeled the unique contributions of individual ELA and ELD teachers to EL-
classified students’ performance on ELA and ELP standardized assessments. The analyses are focused
on identifying the extent to which variation in ELLA and ELD teacher instructional effectiveness
contributes to differences in El-classified students’ ELA and ELP performance. The goal is not to
identify “good” or “bad” teachers, nor say that some teachers matter and others do not. Rather, this
study is designed to add to the discussion around the interrelated nature of language and content learning
for EL-classified students and explore the role that teachers across classrooms play in shaping students’
outcomes. While there are many policies that shape how EL education is structured, individual teachers
are those in the classroom with El-classified students. Understanding the implications of variation in
teacher effectiveness for student outcomes may be an important way to identify entry points into
strengthening services and outcomes for El-classified students.

Findings from Chapter IV suggest that variation in ELA teachers’ instructional effectiveness
does contribute to meaningful differences in El-classified students’” ELA performance. Variation in
ELD teachers’ instructional effectiveness also had implications for El-classified students’ ELA
performance, although the magnitude of the variability was smaller and sensitive to model specification.
Similarly, variation in both ELD and ELA teachers’ instructional effectiveness did contribute to
meaningful differences in El-classified students’ ELP performance, both overall and for specific
domains. However, the variation was of greater magnitude for ELD teachers, while ELA contributions
did not always predict meaningful differences across specifications. These findings suggest that
strengthening EILA and ELD teachers’ instructional effectiveness may be a viable and important policy
lever for supporting stronger ElL-classified student outcomes. Additionally, contributions from ELA
and ELD teachers across subjects, while tentative, highlight the interrelated nature of core content and

ELD learning. The study provides preliminary evidence into the importance of aligning and
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strengthening instruction across language and content classrooms to support content and ELD teachers
in their ability to support content and English language proficiency development among EL-classified
students.

These studies, while spanning a range of issues within EL education, all focus on understanding
different policy entry points in education systems for strengthening services and opportunities for EL-
classified students. These studies also all focus on how evidence on these different entry points can

inform policy decisions across state and local levels to strengthen EL education and supports.
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CHAPTER II. WHERE TO START? SECONDARY-AGE IMMIGRANT EL-CLASSIFIED
STUDENTS COURSE ACCESS AND THE ROLE OF NEWCOMER PROGRAMS

Immigrant students who arrive in secondary grades (grades 6-12) are diverse, enrolling in U.S.
schools from all over the globe with varying educational experiences, assets, and needs (Carhill et al.,
2008; Ruiz-de-Velasco & Fix, 2000; Thompson et al., 2020). The majority of these students are
classified as English learners (EL) upon enrollment (Umansky et al., 2018). EL classification is
intended to identify students who would benefit from additional linguistic supports due to being
assessed to have English proficiency levels below what is necessary to fully participate in their
educational opportunities without accommodations (Hakuta, 2020). As secondary-age immigrant EL-
classified students arrive, districts and schools have the opportunity to adapt their programs in
linguistically and culturally responsive ways to support students’ academic, social, and linguistic needs.

However, districts and schools often struggle to provide appropriate supports and
instructional opportunities for these students (Ruiz-de-Velasco & Fix, 2000; Short & Boyson, 2012;
Short & Fitzsimmons, 2007). Within the broad challenges that local education agencies face,
policymakers and practitioners have expressed concern about appropriate coursework placement for
secondary-age immigrant EL-classified students. Students are on tight timelines to graduation and
have fewer years in the school system to acquire English while also accessing complex content (Short
& Boyson, 2007). Schools face challenges in providing instruction in response to the diversity of
students’ prior experiences with varying local resources, also while navigating policy pressures
(Hopkins et al., 2022; Sugarman, 2019; Umansky et al., 2018). There is limited evidence on how these
challenges may translate into constricted course-taking opportunities for immigrant EL-classified
students who arrive in secondary grades and what policy levers may support course access.

Understanding course access predictors, levers, and outcomes for secondary-age immigrant

EL-classified students is of critical importance given the challenging academic circumstances faced by
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many students who arrive as immigrants in later grades. Immigrant students who arrive in later grades
face tighter timelines to graduation than earlier arriving peers, more advanced core content with
increased English language demands, and a higher likelihood of entering with limited or interrupted
formal education (Hopkins et al., 2013; Menken, 2013; Potochnick, 2018; Sugarman, 2017; Walqui,
2000). Students’ rich experiences and linguistic assets may not be acknowledged and leveraged in their
schooling experiences, as administrators may “rush” students through high school (Sugarman, 2019,
p. 25), potentially overlooking students’ needs or postsecondary goals (Ruiz-de-Velasco & Fix, 2000).
There are also tensions between providing access to core content and ensuring students have access
to sufficient English language development instruction (Hopkins et al., 2022). Immigrant students
who arrive in later grades face a higher drop-out rate than U.S.-born students or those who immigrated
in earlier grades (Fry, 2005). These challenges point to a critical need for more evidence on how access
to core content differs among immigrant EL students who arrive in secondary grades, both by student
characteristics and educational interventions.

This study comes amidst a growing focus on highlighting inequities in course access among
EL-classified students (Vazquez Cano et al., 2021). Federal guidance states that, regardless of a
student’s English proficiency, “...from enrollment to graduation, EL students are entitled to
instruction in the school district’s core curriculum” (Dear Colleague Letter: English Learner Students
and Limited English Proficient Parents, 2015, p. 18). However, EL-classified students have been
found to experience exclusion from core content areas in comparison with non-EL peers (Callahan et
al., 2010; Callahan, 2005; Harklau, 1994; Johnson, 2019; Mosqueda, 2010; Umansky, 2016a). Patterns
of exclusion from coursework may be evidence of barriers to equity in education systems encountered
by EL-classified students (Callahan & Shifrer, 2016). While course placement policies and practices
vary across districts and schools, evidence suggests that English instruction for EL-classified students

is prioritized over core content (Estrada, 2014). A large body of work also identifies ways in which
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students who are low-income and racial/ethnic minorities are often tracked into less rigorous
coursework through course placement policies and practices (Attewell & Domina, 2008; Harklau,
1994; Oakes & Guiton, 1995; Yonezawa & Jones, 2006). Such barriers not only exclude students from
opportunities to learn, but also have implications for academic growth, secondary school completion,
postsecondary eligibility, and even labor market outcomes (Attewell & Domina, 2008; Gamoran &
Hannigan, 2000; Giersch, 2018; Joensen & Nielsen, 2009; Long et al., 2012). While immigrant EL-
classified students are diverse, many are students of color and face socioeconomic challenges (Portes
& Rumbaut, 2014). An examination of course access among immigrant El-classified students can
bring to light issues of access for the population as a whole as well as identify further inequities
experienced by historically marginalized and underserved student groups within the diverse immigrant
EL-classified student population.

One intervention that may relate to course access for immigrant El-classified students is
recommending placement in a newcomer program. Newcomer programs, while diverse in structures
and implementation, are designed to support immigrant El.-classified students during the transition
to the new country and schooling environment. Newcomer programs do so by providing targeted
instruction to address gaps in formal education, support English language development (ELD), and
provide socioemotional services and cultural orientation (Mid-Atlantic Equity Consortium [MAEC],
2019). Typically, newcomer programs are temporary in nature, intended to support students’ acute
needs upon arrival until it is decided they would be better served with mainstream EL services (Short
& Boyson, 2007). While newcomer programs are advocated for as a support (Faltis & Coulter, 2008;
Short, 2002; Short & Boyson, 2012), there is little evidence on how they relate to student opportunities
and outcomes. This study provides preliminary evidence on whether placement in a newcomer
program leads to fuller or more constricted core content access in secondary school.

In this study, through interviews with Oregon administrators and educators as well as
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quantitative analyses using data from a statewide sample of immigrant EL-classified students who
arrived in Oregon in grades 6-12, I answer the following four research questions:

1. How does core content access for immigrant El-classified students who arrive in
secondary grades compare to access among ElL-classified, non-immigrant students and
non-EL classified students?

2. How does core content access differ by student characteristics among immigrant EL-
classified students who arrive in secondary grades?

3. According to administrators and educators, what policies and practices shape course
placement for immigrant EL-classified students who arrive in secondary grades?

4. Among immigrant El.-classified students who arrive in secondary grades, what is the
estimated effect of newcomer program participation on the likelihood of being enrolled
in an English language arts, math, science, or social studies course?

In the next section I provide an overview of literature on EL-classified students and course
access broadly, then focus on recently arrived immigrant El-classified students more acutely. I also
outline the theoretical framework that guides this study. I then provide an overview of the data and
methods before presenting findings and ending with a discussion and conclusion.

Literature Review
EL-Classified Students and Course Access

Opportunity to learn, one element of which is operationalized in this study as enrollment in
core content coursework, is a critical equity indicator in EL education (Callahan & Shifrer, 2016). It is
a core legal right that El-classified students have access to equitable grade-level core content
(Castareda v. Pickard, 1981; Lan v. Nichols, 1974). However, there is variation in how this is defined. As
outlined in the Dear Colleague letter (2015), to meet this core right districts can “...provide full access

to the grade-appropriate core curriculum from the start of the EL program while using appropriate
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language assistance strategies in the core instruction so that EL students can participate meaningfully
as they acquire English” (p. 18). Alternatively, “...districts may use a curriculum that temporarily
emphasizes English language acquisition over other subjects, provided that any interim academic
deficits in other subjects are remedied within a reasonable length of time...” (p. 19). As written, schools
and districts must ensure that, from the time students enroll, students have equitable core content
access, or structure EL instruction and services such that there are compensatory opportunities
provided after an initial period where English language services displace core content. It is worth
noting that research finds El-classified students’ English language development is supported through
core content enrollment, with authentic, embedded language development opportunities (Bunch,
2013), while research on intensive ELD finds that such programs can create segregated environments
(Lillie et al., 2010).

Opverall, there is evidence that EL-classified students are structurally excluded from core
content coursework and rigorous instruction (Callahan, 2005; Callahan & Shifrer, 2016; Dabach, 2014,
Gandara et al., 2003; Umansky, 2016a). Several studies use national and state datasets as well as
longitudinal and causal methods to document El.-classified students’ inequitable access to core
academic content and rigorous coursework in comparison with peers who are not EL-classified
(Callahan, 2005; Callahan & Shifrer, 2016; Estrada, 2014; Mosqueda, 2010; Johnson, 2019; Thompson,
2022; Umansky, 2016a). For example, Umansky (2016a) documents how EL classification negatively
impacted access to ELA and a full courseload among middle school students. Additionally, Callahan
and Shifrer (2016) find that EL-classified students complete coursework required for high school
graduation at lower rates than non-EL peers. Many of these students were not recent arrivals,
suggesting that exclusion happens beyond an EL-classified student’s initial years in school. Research
has also found that EL-classified students are tracked into lower lever courses, even when accounting

for prior measured academic achievement (Callahan, 2005; Callahan & Shifrer, 2016; Mosqueda, 2010).
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Disparities in course access are evidence that EL-classified students, despite the design of EL
classification as a support for students (Hakuta, 2020), are often not provided with equitable or
sufficient opportunities to learn, with a host of potential mechanisms that may explain why. Lower
enrollment rates in core content may be evidence of course placement policies and practices that are
shaped by bias, as practitioners conflate English proficiency with readiness to learn (Harklau, 1994).
Exclusion may also be evidence that El-classified students are perceived to be less academically
prepared for grade-level or advanced coursework (Estrada, 2014; Harklau, 1994; Umansky, 2016b).
As other potential mechanisms, ELL-classified students’ exclusion from core content classes may result
from the belief that those working in schools are not able to provide the necessary supports for
students to succeed in core content classrooms (Harklau, 1994). Further, course placement decisions
may reflect school or district prioritization of English language acquisition over core content access
(Estrada, 2014; Harklau, 1994; Lowenhaupt et al., 2020; Umansky, 2016a). These inequities in access
to learning opportunities have the potential to impact EL-classified students’ sense of academic self-
efficacy (Kanno & Kangas, 2014; Lee & Soland, 2022), graduation timelines (Sugarman, 2017) and
future postsecondary opportunities (Callahan & Shifrer, 2010).

Immigrant EL-Classified Students and Access to Learning Opportunities

While EL-classified students broadly face constricted access to core content courses, course
access may be a pressing issue among one group within ElL-classified students—those who are
secondary-age arriving immigrant students. As districts and schools enroll arriving immigrant EL-
classified students in secondary school, they face the question of how to structure student schedules
in line with the legal parameters of EL education, as well as in response to students’ diverse linguistic
and academic backgrounds and their tighter timelines to graduation and postsecondary opportunities
(Johnson, 2019; Sugarman, 2019). Immigrant students arriving in secondary grades face a complex set

of challenges, with ELD often a key priority for supporting access to the community and educational
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opportunities (Hopkins et al., 2022; Umansky et al., 2018). There are limited curricula available that
focus explicitly on serving immigrant students with interrupted or limited formal education, and
systems and structures can make it difficult to ensure that students’ access to core content is provided
in a rigorous, accessible format (Hos, 2016). Teachers may feel that immigrant students are not ready
to be integrated into mainstream core content classrooms or that it is not their role to adapt instruction
to meet the diversity of immigrant student needs (Penn, 2021).

In the face of these challenges and decisions, there is a limited body of research that suggests
recently arrived immigrant students have constricted core content access. In research conducted in
California, recently arrived immigrant EL-classified students were found to be enrolled in fewer credits
than both non-El-classified students and earlier-arriving or U.S. born EL-classified students in high
school (Callahan, 2005; Johnson, 2019). Immigrant students in secondary school also reported that
they experience foreclosure from accessing certain core content coursework in their initial arrival years
(Hopkins et al., 2013).

There has been very little work to explore what predicts differences in course access among
immigrant ElL-classified students, but there is a rich body of work that identifies pre-migration,
migration, and post-migration factors that impact immigrant student learning experiences and
outcomes overall (McBrian, 2005; Suarez-Orozco et al., 2010). Key among them are premigration
educational experiences, English proficiency upon artival, race/ethnicity, and the district and school
contexts they encounter upon arrival.

Premigration Educational Experiences

One factor that impacts learning experiences and outcomes for arriving immigrant students is
their educational histories. For example, Johnson (2019) finds that differences in course-taking
between recent immigrants and never-EL students are largely predicted by differences in eighth grade

math and ELA academic performance, which is indicative of educational preparation prior to
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migration. Additionally, Callahan (2005) finds that immigrant EL.-classified students with higher prior
schooling levels are, on average, placed on a higher track than those with lower prior schooling levels.
This aligns with qualitative work that documents educators’ concerns that later-arriving immigrant
EL-classified students who have experienced academic disruptions do not have the foundation to be
successful in core content options offered at the school (Ruiz-de-Velasco & Fix, 2000). Case study
work by Suarez-Orozco et al. (2010) highlights how immigrant students’ academic trajectories were
differentiated by those who had strong prior schooling experiences and those with weaker or more
limited schooling opportunities prior to migration.

In understanding the role that prior education plays in shaping arriving immigrant students’
academic opportunities, research has focused on challenges experienced by students who are identified
as having limited or interrupted formal education. Students with limited or interrupted formal
education (SLIFE or SIFE?) are those who arrive with significant gaps in their education or having
not received an education prior to migration (Potochnick, 2018). Educational gaps, limitations, and
disruptions may reflect the conditions in their primary country or countries of residence (Browder,
2014; Custodio & O'Loughlin, 2011) or a protracted migration expetience (Dryden-Peterson, 2017).
SIFE may face challenges in accessing grade-level content if they do not have the expected
foundational skills and knowledge (Browder, 2014). Other challenges may include adapting to a formal
education environment and navigating new social structures, often with the added challenge of having
experienced traumatic or difficult migration experiences (Custodio & O'Loughlin, 2017; Suarez-
Orozco et al., 2010).

Initial English Language Proficiency
Another factor that has been found to impact immigrant students’ educational opportunities

and outcomes is their initial English language proficiency (ELP). In a latent class analysis of arriving

21 use SIFE in alignment with the state data used for the study.
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immigrant students’ academic trajectories, students with higher initial ELP were consistently on more
rigorous educational trajectories than those with lower ELP levels (Suarez-Orozco et al., 2010).
Research on curricular tracks in middle school revealed that EL-classified students with lower ELP
levels were on tracks that included less core content than students with higher ELP levels (Estrada,
2014). Qualitative work has highlighted immigrant EL-classified students’ perceptions that they were
excluded from certain courses until they had reached certain ELP levels (Hopkins et al., 2013).
Student Race/Ethnicity

Immigrant students are diverse, arriving with different racial/ethnic identities that may,
through racialized policies and structures, impact their educational experiences. Incorporating an
examination of race within immigration and language studies is critical for understanding how the
racialized policies, pratices, and institutions may result in differential experiences across different
racial/ethnic immigrant identities (Sienz & Douglas, 2015). Schools are “central sites of racialization”
(Lee et al., 2017; p. 1), as immigrant students encounter persistent and powerful messaging around
their racial/ethnic identity through policies, curricula, perspectives, and attitudes (Lee et al., 2017;
Rodriguez, 2020). This racialization may translate into students having differential educational
experiences as they navigate the different assumptions, attitudes, and biases that can directly impact
students’ opportunities in school (Rodriguez, 2020), as well as shape students’ sense of well-being and
belonging (Brown & Chu, 2012; Rodriguez et al., 2022). Race is a consistent predictor of access to
higher-track coursework among all students, as Black and Hispanic/Latinx students are
disproportionately enrolled in lowet-track courses as compared to students with other racial/ethnic
identities (Asim et al., 2019; Kelly, 2009; Tyson, 2011).
District and School Context

Postmigration factors are also linked to immigrant student outcomes. Communities with a

long history of serving immigrant students may have infrastructure to provide robust services and
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supports for immigrant students, translating into stronger student outcomes (Hopkins et al., 2021;
Lowenhaupt & Scanlan, 2020). Students arriving in newer destinations or areas with fewer immigrant-
origin residents may encounter districts and schools in the process of building their capacity to serve
students, many facing scarcity of resources (Lowenhaupt, 2016; Lowenhaupt & Reeves, 2015).
Depending on the community, students may also face discrimination and xenophobic attitudes and
policies, which can powerfully impact student sense of well-being, safety, and belonging in school
(Brown & Chu, 2012; Ee & Gandara, 2020; Gonzales et al., 2013). Instructional programs, such as
those used to provide ELD as well as support core content access, are also district and school-level
factors that shape student experiences and outcomes. These instructional programs influence student
integration, as well as access to rigorous instruction (Dabach, 2014; Hopkins et al., 2015; Hopkins et
al., 2013). One such program that may shape student experiences is newcomer programs.
Newcomer Programs. Newcomer programs are an instructional model that can be used to
deliver either or both ELD and core content while also providing larger supports and services for
arriving immigrant students (MAEC, 2019; Short, 2002; Short & Boyson, 2012). While programs are
diverse in design and implementation, the overarching goal is to support arriving immigrant students
as they transition to the new school system by providing socioemotional supports, targeted academic
instruction, cultural orientation, and instruction on the English language (MAEC, 2019; Short &
Boyson, 2012). The Center for Applied Linguistics conducted a national survey and ten case studies
on newcomer programs (Short & Boyson, 2012). The study found that programs focused primarily
on basic English and academic literacy skills, cultural orientation, and fundamental core content
knowledge. Further, the authors found that strong program models included flexible schedules,
specialized staff and professional development, academic instruction addressing gaps in content
knowledge and basic literacy interventions, engaging families and community organizations, and

strategic transition supports (Short & Boyson, 2012).
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While newcomer programs are not prevalent nationally, there are common trends in structures
and goals across programs. A national survey focused on programs and services for high school EL-
classified students found that 16% of districts that served high-school grades with EL-classified
students reported having a newcomer program (Lewis & Gray, 2016). Within these districts that
provided newcomer programs, 52% of those that had a newcomer program said that it was specifically
designed to support El.-classified students with interrupted formal education. Over half of districts
reported that students typically spent one year or less in the program, and over 80% reported less than
two years. Twenty-two percent of districts that offered newcomer programs reported that the program
was a full-day model, ten percent reported a half-day program, and over sixty percent reported that
the program was less than half the day (Lewis & Gray, 2016).

There is limited research on the impacts of newcomer program participation on student
opportunities and outcomes. Qualitative work has largely focused on the positive pedagogical
elements of newcomer programs, emphasizing the importance of providing trauma-informed,
culturally responsive language and academic instruction, as well as cultural orientation (Hersi &
Watkinson, 2012; Hos, 2016; Jaffe-Walter & Miranda, 2020). Quantitative research has been hindered
by limited data, as EL program models are not always included in administrative datasets. Additionally,
newcomer programs typically serve small groups of students, yielding small samples that are not always
conducive to quantitative analyses. Houston Independent School District, where several newcomer
programs are offered, provides annual, public evaluations of their newcomer programs, comparing
average outcomes of immigrant students in grades 6-12 enrolled in newcomer programs as compared
to immigrant students in grades 6-12 not in newcomer programs. Consistently, evaluations find that
students in newcomer programs had, on average, slightly lower English language proficiency and
reading score gains than immigrant students who did not participate, although estimates are not

adjusted for student-level covariates (Houston Independent School District, 2017; 2018). In contrast,
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there is descriptive evidence that comprehensive newcomer schools can support graduation rates and
postsecondary outcomes. New York City’s Internationals Network for Public Schools, which focuses
on recently arrived immigrant students, was found to have higher graduation rates for immigrant EL-
classified students than other New York City public schools, as well as a higher proportion of
graduating students who planned to pursue a formal postsecondary education (Fine et al., 2005). This
current study, using statewide data over multiple years, adds to this emergent evidence by providing
key evidence on how newcomer programs shape course access while attempting to address issues of
selection through a matching approach.
Theoretical Framework

This research is situated within multiple intersecting theoretical frameworks. These framings
include theories of education stratification and structure-agent theory, as well as research on immigrant
education and newcomer programs.

I draw on educational stratification literature to frame my first two research questions, which
examine course access outcomes for immigrant El-classified students. Theories of educational
stratification and tracking suggest certain course placement policies and practices can be a mechanism
for creating or maintaining differential access to learning opportunities in ways that are inequitable
(Oakes, 1986). In this study, I first examine how secondary-age arriving immigrant EL-classified
students’ core content course-taking compares to their peers. Specifically, I look at patterns of
exclusionary tracking, which describes instances where students are excluded from enrollment in core
content courses (Umansky, 2016a). Exclusionary tracking, if observed, may represent ways in which
policies and those working within schools and districts may be enacting or reifying patterns of
educational stratification in response to students’ experiences or characteristics (Oakes, 1986). The
results will shed light on how districts and schools in Oregon are choosing to address the issue of

equitable access to learning opportunities for this group of students. If lower enrollment levels are
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observed upon arrival in line with what may be expected if schools and districts are choosing to focus
intensively on ELD at the expense of core content, then it would be expected that enrollment levels
would rise and perhaps even surpass non-immigrant EL-classified students over time in evidence of
compensatory core content learning. Evidence on the contrary, of gaps that do not close, can be
interpreted as evidence of both educational stratification and potentially constriction of students’ right
to equitable core content access. If lower enrollment levels are not observed upon arrival overall, that
may be evidence that districts and schools are providing simultaneous language and content access,
with limited evidence of overall educational stratification for immigrant El.-classified students.

However, comparisons with other, non-immigrant El-classified peers may mask important
patterns in access within the diverse group of arriving immigrant ElL-classified students. In answering
research question two, I position differences in access to core content among immigrant EL-classified
students as potential evidence of ways in which educational opportunities may be stratified to constrict
opportunities among certain student groups. Tracking research has found that students’
race/ethnicity, socioeconomic status, educational interests, ptrior educational achievement, and
parental preference all predict or contribute to decisions around which courses a student will be
enrolled in (Attewell & Domina, 2008; Conger et al., 2009; Harklau, 1994; Oakes & Guiton, 1995;
Umansky, 2016a; Yonezawa & Jones, 2006). My analyses are guided by this work, and my
interpretation of the observed patterns is contextualized within rich theory that has highlighted how
students from historically marginalized communities, particularly those who are Black or
Hispanic/Latinx and those who ate low-income, often experience biased education practices (Hatklau,
1994; Rosa & Flores, 2017; Valenzuela, 1999).

My third research question is also situated within educational stratification and tracking theory,
while integrating theory around the role of policy structures and individual agents within schools

(Rigby et al., 2016). As with research questions one and two, my focus on course placement is driven
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by educational stratification work, with course placement decisions as potential drivers of educational
stratification. Within this, my analysis of interviews with those who are involved in course placement
decisions for immigrant EL-classified students is framed through theories on the interplay between
individuals who implement policy decisions (agents), and the structures that govern their work. Agents
working within public agencies hold a great deal of discretion in their role of interpreting and
implementing public policy (Rigby et al., 2016). While some research finds that educators implement
policy systematically with little variation across individuals (Bray & Russell, 2016), in other contexts
individuals’ interpretations and enactment of policies may result in varying student experiences
(Mavrogordato & White, 2017; White & Mavrogordato, 2019). Individual agents can be strictly
confined within structures, or agents can hold autonomy and create their own practices through policy
implementation (Rigby et al., 2016). My interview questions and coding analyses focus on
understanding the intersection of policy and individuals’ actions within course placement processes. I
focus on ways in which policy is described to formally shape course placement decisions, while also
identifying ways in which agents within the process are exercising their discretion to implement
policies through practices that may vary across students or contexts.

The fourth research question is focused on newcomer programs and their role in shaping
course access. Research on the design of newcomer programs can be used to support the theory either
that newcomer programs would support or constrict course access.

There are reasons to believe that the design of newcomer programs, informed by research on
the unique needs of arriving immigrant EL-classified students, would lead to fuller course access for
those who are placed in them upon arrival. Both teachers and counselors are driving agents in
determining course placement (Harklau, 1994). Participation in newcomer programs, which are
typically characterized by strong teacher support and individual attention (Hos, 2016), may allow

students to connect more closely with teachers and administrators. Authentically caring teachers are
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critical resources for immigrant students and may be more experienced in leveraging students’ assets
to ensure they have access to core coursework (Hopkins et al., 2013). Having a specialized
environment to support immigrant students may foster a stronger sense of shared responsibility
among staff to support student needs (Hersi & Watkinson, 2012; Hos, 2016; Jatfe-Walter & Miranda,
2020). This may lead to fuller enrollment if teachers and educators provide individualized oversight
of student scheduling and make it a priority to monitor if students are on track for graduation. In
other instructional settings, EL-classified students may be viewed by their teachers as the responsibility
of others (Lowenhaupt et al., 2020; Walker et al., 2004), and deficit-oriented perceptions may lead to
exclusion from core coursework (Harklau, 1994).

There are also potentially supportive mechanisms related to academic preparation. Newcomer
programs are designed to provide targeted educational supports to address prior education gaps
(MAEC, 2019; Short, 2002). Pedagogically, the focus on individualized instruction, language and
content supports, and socioemotional services aligns with the field’s understanding of the different
challenges immigrant students face (Faltis & Coulter, 2008; Short, 2002; Short & Boyson, 2012). The
attention towards culturally responsive instruction and specific strategies to support immigrant or
refugee students can create an environment in which students feel more comfortable participating in
their coursework and activities and find support from peers in navigating the transition process (Hos,
2010; Jatfe-Walter & Miranda, 2020). Thus, participation may support academic readiness, and in turn,
course access. Additionally, students who are provided with additional academic and linguistic
resources in newcomer programs may be more likely to be perceived as “ready” for core content
coursework, either while in newcomer programs due to the concurrent additional supports, or after
transitioning out due to the impact of targeted supports. In contrast, students not in newcomer
programs may be excluded from core content enrollment if educators enact restrictive course

placement policies based on perceived academic deficits.
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Conversely, there are reasons to believe participation in a newcomer program may constrict
core content access. Newcomer programs may restrict access to a range of credit-bearing courses
because they are not prioritized in the program model. It may be that, given the focus on intensive
educational supports to address prior educational gaps, ELD, native language instruction, and
transition services (MAEC, 2019), students are not placed in certain core content areas given time
constraints. Especially if students are not transitioning out of programs, core content access may be
limited in comparison with students not participating in newcomer programs even over time.
Newcomer programs may also isolate students. Separate programs can limit access to the broader
community of teachers and peers as well as cluster students in an under-resourced schooling
environment (Chu, 2009; Feinberg, 2000; Garver & Hopkins, 2020). This may inhibit academic growth
or access to opportunities to develop English proficiencies, which may be positioned as a gatekeeper
to core content coursework. Additionally, EL classification, which is a deficit-oriented label, has been
found to negatively impact teachers’ perceptions of student ability (Umansky & Dumont, 2021). While
all students in the sample for newcomer program estimates are EL-classified, it may be that an
additional designation of being in a newcomer program may further negatively impact educators’
perceptions of student ability, leading to constricted opportunity to learn.

Data
Quantitative Data

I leverage information on student characteristics, services, and course-taking outcomes from
Oregon’s longitudinal, student-level dataset from 2013/14 to 2018/19 to answer the quantitative
research questions. The main population of interest is immigrant students who arrived in the U.S. in
grades 6-12 and were EL-classified during that time frame, although I also draw on the full statewide
population of students in grades 6-12 for comparisons in research question one. The state uses a flag

to identify students who arrive as immigrants from outside the country. I used this flag, as well as
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students’ recorded date of entry, to identify the year in which students arrived in the Oregon data
system. I dropped any student who had an earlier arrival year, but no data for that year in the system.

I use multiple student-level variables as covariates in this study. This includes eligibility for
free/reduced price lunch and whether a student was ever identified for special education. Additionally,
I include whether a student was identified as SIFE, defined as having at least two years less schooling
than their same-grade peers, scoring two or more years below expected grade level in reading and in
math, and may be pre-literate in their native language. For free/reduced price lunch eligibility and
SIFE identification I impute missing values with a students’ most frequently reported value. I also use
data from students’ initial ELP screener results. Across the years of data, districts could use one of
five approved initial ELP screeners, the English Language Proficiency Assessment (ELPA) screener,
the Woodcock-Mufoz, the Language Assessment Screener, the Individual Proficiency Test (IPT), and
the Stanford initial English proficiency screener. The data are not converted to comparable proficiency
levels in the raw data. To create a variable that was more comparable, I normalized the data using min-
max normalization, which re-scales the values within each screener to be between zero and one
(Wickham & Seidel, 2019).

Across analyses, I dropped any student-year record that was missing course enrollment data,
as well as data on free/reduced price lunch eligibility, gender, race/ethnicity, and home language. For
analyses that relied on SIFE data, I dropped any student missing data on whether they were ever
identified as SIFE in the data. For analyses that relied on students’ initial ELP, I also dropped any
record that was missing initial ELP screener results. As seen in the results section, this means that
sample sizes shift across research questions and sub-analyses. For example, analyses that look at raw
differences by race/ethnicity have a much larger sample size than the analyses that model course
enrollment as a function of the host of covariates of interest. This is because data on SIFE, a key

covariate of interest, is unavailable before 2015/16 and initial ELP data, another key covariate of
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interest, has a high missingness rate (38.36% of the full sample).
Table 1.1 contains summary statistics for the full sample of immigrant EL-classified students
in their year of arrival, as well as the subset of students with non-missing SIFE and initial ELP data.

Table 1.1 Student Descriptive Statistics, Year of Arrival

All Secondary Age ISeco'ndary étfecz?rrin{n%
Arriving Immigrant EL- S énmlgrap kt1 I - asscll IIC ial
Classified Students tudents with SIFE and Initia
(N=4,645) EL_P Data
’ (N=2,398)

Student demographics
Grade of Arrival

6 0.14 0.12

7 0.14 0.14

8 0.13 0.12

9 0.25 0.24

10 0.16 0.15

11 0.11 0.13

12 0.08 0.10
Female 0.47 0.47
Race/Ethnicity

Multi-Ethnic & AIAN 0.01 0.01

Asian/Pacific Islander 0.29 0.27

Black 0.09 0.08

Hispanic/Latinx 0.45 0.47

White 0.16 0.16
Language

Spanish 0.43 0.45

Arabic 0.06 0.06

Chinese 0.07 0.06

Vietnamese 0.06 0.05

Somali 0.04 0.03

Other 0.35 0.36
Identified for special education 0.01 0.01
Eligible for FRPL 0.69 0.72
SIFE -- 0.14
Lowest initial ELP level -- 0.70
School/district chars. (in year of arrival) Mean Mean

School % EL 0.09 0.10

School % Ever-EL 0.15 0.18

School % Recent Immigrant 0.02 0.02

School % FRPL 0.56 0.59

District % EL 0.14 0.15

District % Ever-EL 0.18 0.20

District % Recent Immigrant 0.01 0.01

District % FRPL 0.57 0.58

Note. EL=English learner. FRPL=Free/reduced price lunch. ELP = English language proficiency. Recent immigrants
are students who’ve been in the country three years or fewer.
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Across the sample, the largest proportion of students atrived in 9™ grade, about 25%.” The most
prevalent racial/ethnic group was students identified as Hispanic/Latinx, just below half, while the
second most prevalent was Asian/Pacific Islander students. Very few students were identified for
special education at any point in the data. The majority of students were eligible for free/reduced price
lunch. Overall, the districts and schools that students arrived in had, on average, over fifty percent of
their student population eligible for free/reduced price lunch. The proportion of students who were
recent immigrants was low both at the district and school level, while on average about 15% of
students were ever El-classified in the schools students arrived in, and 18% in the districts.

There is a second column in Table 1.1 which presents the same information, but only for
students who have complete SIFE and initial ELP data. The SIFE variable was only collected by the
state from 2015/16 onwatd, so for research question two I am restricted to those four years of data.
Among the students in the reduced sample, 14% were SIFE. Thirty-four percent of students’ initial
ELP levels were above the minimum level on the re-scaled assessment scores, meaning that the
majority of incoming students’ initial assessed ELP was the minimum screener level.* Other data
patterns were similar to those of the full analytic sample, with slight differences.

Research question four focuses on newcomer programs. The newcomer program variable
provided in the data comes from state-level requirements that, for each EL-classified student, schools
report the language instruction program and content instruction program used to support ELD and
core content access. Language instruction program options for ELD include ELD push-in, ELD pull-
out, ELD class period, and newcomer program-ELD. Content instructional programs include two-

way immersion, transitional bilingual, developmental bilingual, other bilingual, sheltered instruction,

3 This may be indicative of districts and schools sorting students into 9t grade upon arrival or of strategic migration timing on the
part of families.

4 The average, rescaled screener score was 0.13 on a scale of 0 to 1.
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and newcomer program-core content. I define treatment as having either or both codes be reported
as newcomer program in the year of arrival; in almost all cases if one was coded for newcomer
program, so was the other. I drop any student whose code was newcomer program, but the school
had fewer than five students in a newcomer program in that year.” Because program model data
changed prior to 2015/16, I only use data from 2015/16 onward. I code treatment as binary, based
on placement in the year of arrival regardless of time in program. I drop any student who was not in
a newcomer program in the year of arrival but was in a newcomer program in later years. Thus, the
treatment captures the effects of being placed in the program upon arrival, regardless of how long
students were in the programs, excluding students who were placed in newcomer programs in years
after their arrival.

In Figure Al, I plot the proportion of arriving immigrant EL-classified students by their year
in school and language instruction program combination. The language instruction program variable
was created by combining both the program used to receive ELD services and support core content
learning. There were only six combinations of programs in the analytic sample, although an additional
two variable values included non-participation and being in former/monitored status. As seen in
Figure A1, the majority of students received ELD through a class period and core content instruction
through sheltered instruction. Newcomer programs were the second most prevalent program model
upon arrival. In the year of arrival, 14% of students were in newcomer programs. The following year
this percentage dropped to 10%, 7% in year three, and 4% in year four. Table 1.2 contains summary
statistics for the students in the research question four analytic sample in their first year in U.S. schools

(n=2,370°, by whether a student was placed in a newcomer program upon attival.

® This likely represents a conceptualization of newcomer programs that differs from that of interest in this study or a data reporting
errof.

6This sample is slightly smaller than the right column of Table 1 due to missing language instruction program data, exclusion of students
who were in newcomer programs with fewer than five students in a year, or exclusion of students who were in not in newcomer
programs in their first year but were in newcomer programs in later years.
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Table 1.2 Research Question Four Descriptive Statistics, Y ear One

Not in Newcomer In a Newcomer
Program Program p-value
(N=2,036) (N=334)
Student demographics
Grade of arrival 0.4
6 0.13 0.09
7 0.15 0.13
8 0.11 0.12
9 0.24 0.24
10 0.16 0.15
11 0.13 0.14
12 0.09 0.12
Female 0.47 0.47 0.8
Race/Ethnicity <0.001
Multi-Ethnic & ATAN 0.01 0.00
Asian/Pacific Islander 0.28 0.19
Black 0.08 0.12
Hispanic/Latinx 0.45 0.60
White 0.18 0.09
Language <0.001
Spanish 0.43 0.56
Arabic 0.06 0.02
Chinese 0.06 0.04
Vietnhamese 0.05 0.04
Somali 0.02 0.05
Other 0.37 0.28
Special education 0.01 0.00 0.5
SIFE 0.14 0.14 >0.9
Initial ELP, lowest level 0.67 0.91
Eligible for FRPL 0.69 0.92 <0.001
Average # years in Newcomer Program - 1.65
School anq district characteristics (in M M
year of arrival)
School % EL 0.09 0.15 <0.001
School % Ever-EL 0.16 0.28 <0.001
School % Recent Immigrant 0.02 0.02 <0.001
School % FRPL 0.56 0.77 <0.001
District % EL 0.14 0.16 <0.001
District % Ever-EL 0.20 0.23 <0.001
District % Recent Immigrant 0.01 0.01 <0.001
District % FRPL 0.57 0.66 <0.001

Note. EL=English learner. FRPL=Free/reduced ptice lunch. SIFE= Student with interrupted formal education.
ELP=English language proficiency. Recent immigrants are students who’ve been in the country three years or
fewer.

A minority of arriving students were placed in a newcomer program upon arrival, 14% (#=334)
of immigrant El-classified students who arrived in grades 6-12, statewide. There were differences in
the student populations placed in newcomer programs and those who were not. A larger proportion

of students in newcomer programs were Hispanic/Latinx and Black than students not in newcomer
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programs, where a larger proportion of students were Asian/Pacific Islander and White. A larger
proportion of students in newcomer programs were eligible for free/reduced price lunch (92%
compared to 69%), although the same percentage were SIFE and there were no differences by gender.
Students in newcomer programs were in districts and schools that, on average, had higher proportions
of EL- and ever-EL-classified students, as well as higher proportions of students eligible for
free/reduced price lunch.

Tables Al and A2 in the Appendix also present descriptive statistics by newcomer program
participation, but in Table A1 the sample is reduced to students who arrived in the 15 districts that
offered newcomer programs (#=1,394), and in Table A2 to students who were enrolled upon arrival
in the 28 schools that offered newcomer programs (#»=647). Within districts that offered newcomer
programs, 24% of students in the sample were placed in a newcomer program, while 52% of students
who arrived in schools that offered newcomer programs were placed in newcomer programs. As with
the full sample, in both reduced samples a higher percentage of students in newcomer programs were
eligible for free/reduced price lunch and identified as Hispanic/Latinx and Black than students not in
newcomer programs. In contrast with the full sample, a lower percentage of students in newcomer
programs were identified as SIFE. Students in newcomer programs, on average, attended schools with
higher proportions of ElL-classified students, ever-EL classified students, and students eligible for
free/reduced price lunch.

The key outcomes of interest in this study were course enrollment variables, part of a data file
which collects a student level observation for each course enrolled in over the academic year. I merged
course-taking data with the main student file, dropping any course enrollment observation where the

student missed more than two thirds of the course enrollment period and the course end date was
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different from the students’ end date in the course.” I then created multiple binary indicators capturing
if a student was enrolled (1) or not (0) in a given year in each of the following four content areas: ELA,
math, science, and social studies. I used National Center for Education Statistics (2021) subject area
classifications to determine if an enrollment record counted as an ELLA, math, science, social studies,
or other course, then created a dichotomous variable for each student-year record to capture if they
had an enrollment record within that subject area in a given academic year, taking the maximum value
in a given year across multiple enrollment records.”
Qualitative Data

I conducted interviews with eleven staff from six districts across the state of Oregon focused
on enrollment processes for arriving secondary age immigrant El-classified students. In total, of
fifteen districts selected for geographic variation and variation in the proportion of their school that
was El-classified, six districts were willing and able to participate. District personnel identified key
administrators or educators involved in immigrant EL-classified student policy or course placement
policy. I contacted those personnel for interviews, also asking them to recommend additional
personnel to interview. In three districts I spoke to only one person, in two districts I spoke to two,
and in one district I spoke to four.

Interviews, some in-person and some over the phone, ranged in length from twenty minutes
to an hour and covered several topics on enrollment policies and practices for registering and creating

schedules for secondary age immigrant EL-classified students. Interviewees held a range of positions,

7 This was meant to exclude observations that captured initial, short-term enrollment petiods where students bounced between coutses,
as is common in secondary school, but to retain enrollment records where students arrived partway through a term or year but were
enrolled through the end of the term or year.

8 This approach is blunt. One analytic risk is that comes with this approach is overestimating course enrollment, given that I may be
capturing instances where a student is enrolled for a short amount of time. Additionally, schools and districts used varying reporting
methods, with some reporting in year-long course records, while others reported enrollment by semesters, trimesters, or quarters, with
inconsistencies in reporting length within schools as well. The binary indicators desctibed then have the potential to overestimate
enrollment for schools and districts that report classes on a quarter or trimester schedule, given that there are more opportunities for a
student to be enrolled, even if it does not translate into as much time accessing the subject matter.
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including overseeing various federal programs, teachers, counselors, and an EL program coordinator,
with some holding roles at the district central office and others on school campuses. The six districts,
which will remain anonymous, represented varying locales in Oregon, including districts classified as
rural, town, suburban, and urban. Additionally, while some served large immigrant populations, others
served smaller populations. Interviews were transcribed and transcripts uploaded to Dedoose.
Analytic Approach

I utilized a concurrent, mixed-methods research design to answer the four research questions
(Creswell & Clark, 2007). For research questions one and two, I quantitatively examined differences
in course enrollment to identify key patterns in differences in course access. For research question
three, I analyzed interviews for information about the policies and practices that shaped course access.
This analysis provided context for, and information on, the patterns observed in research questions
one and two. For research question four, I used quantitative data to examine how newcomer programs
impacted course access.
Research Question 1: Descriptive Comparisons of Course Access

For research question one I relied on descriptive statistics to describe course access patterns.
I first compared enrollment levels of immigrant El-classified students who arrived in secondary
grades as students progressed through school in comparison with their peers, broken out by grade of
arrival. For each grade of arrival (i.e., 9" grade), I calculated the proportion of arriving immigrant EL-
classified students enrolled in a given core content area in the year of arrival and subsequent grades,
in comparison with students who were EL-classified in that same grade but not recently arrived
immigrant students, as well as students in the same grade who were not EL-classified. I then plotted
results. As an example, I calculated the ELA enrollment rate for immigrant EL-classified students who
arrived in 6™ grade in their year of artival, as well as for each subsequent grade they were observed in

over the data. I compared this enrollment rate over time with the ELA enrollment rate for all students
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who were, in 6" grade, El.-classified but not recent immigrants (regardless of if they were reclassified
to fluent English proficient over the next six years), as well as all students who were not EL-classified
in 6" grade (including both students who had never been ElL-classified and those who had been EL-
classified but who had reclassified out of EL status at some point ptior to 6™ grade).
Research Question 2: Differences in Course Access Among Secondary-Age Arriving
Immigrant EL-Classified Students

It is also valuable to also understand differences in rates of course access within the population
of secondary-age arriving immigrant El-classified students. This can help to illuminate the diversity
within the student group and probe for potential inequities. I first ran simple descriptive statistics and
created data visualizations to highlight raw differences by student characteristics. While raw
comparisons do not account for the intersection of multiple factors that may drive differences in
course access, they do provide important insights into inequities as observed, which sometimes are
“control[ed] away” (Castillo & Gillborn, 2022, p. 7) through modeling decisions. Decisions to simply
control for student characteristics or contextual characteristics can obscure or overlook important
sources of inequity that are often tied to racism and racialized policies (Castillo & Gillborn, 2022).

To complement raw descriptive statistics, I ran a set of linear probability models to predict
course enrollment by student characteristics (#=2,398 students, 5,156 student-year observations). I fit
separate models predicting enrollment in the four primary content areas (ELA, math, science, social
studies) from a host of student covariates, including race/ethnicity, SIFE, eligibility for free/reduced
price lunch, initial ELP, ever-identification for special education services, and gender. I included fixed
effects for grade of arrival, time, and district.” This allowed me to focus on the predictive role of

student-level characteristics while controlling for variation attributable to what were likely differential

% also run all the above specified models as logit models. Results were substantively similar in almost all instances, although for select
outcomes in select years statistical precision varied. I report linear probability results for ease of interpretation, but logit results are
available upon request.
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course placement practices by grade as well as differences attributable to time-invariant district
characteristics and time. I clustered standard errors at the district level.

As a further way to explore heterogeneity in course access among immigrant EL-classified
students, I also ran a series of hierarchical linear models predicting the likelihood of being enrolled in
each course area for secondary-age arriving immigrant EL-classified students. The first model included
student characteristics (the same that were in the fixed effect specification) and fixed effects for time,
grade, and cohort. The second added in a random intercept for the school attended, and the third
included both a school and district random intercept. These multilevel models are similar to the fixed
effect approach described above, but the inclusion of school and district random intercepts allowed
me to estimate the variation in course access attributable to the school and district levels, rather than
explaining away this variation. This compliments the fixed effects approach which may more
conservatively identify the role of student-level characteristics while explaining away the variance
attributable to the nested nature of the data by identifying variation attributable to nesting within
schools and districts in a meaningful way (Gibbons et al., 2019). Thus, I discuss results from the fixed
effect models when focused on variation by student characteristics but discuss the level of variation
attributable to the school and district as modeled in the hierarchical linear models, focusing primarily
on the intraclass correlation coefficient (ICC) as the parameter of interest.

Research Question 3: Course Placement Policies and Practices

The third research question builds from the first two by moving from descriptive course access
analyses to documenting the policies and practices used that might help to explain course access
patterns observed. Drawing on the interview transcripts, I conducted two rounds of qualitative coding
using Dedoose, Version 8. The first round I applied a single parent code “course placement”. This
code was applied to all excerpts that mentioned ways in which it was determined or decided what

courses an arriving secondary-age immigrant El-classified student would be placed in.
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I then conducted a secondary round of coding that was more inductive in nature, reviewing
the coded excerpts while allowing themes to emerge as eventual child codes (Miles et al., 2018). These
child codes included: formal policy, practice, factors informing placement decisions, core content,
English language development, challenges, and strong practices or successes. Two important code
definitions to highlight are formal policy and practice. While this is not a perfect dichotomy, the code
conceptualizations were informed, in part, by the work of scholars who have examined education
policy implementation and attempted to distinguish between formal policies and practices that reflect agents’
policy interpretation (Bray & Russell, 2016; Lipsky, 2007; Mavrogordato & White, 2017; Rigby etal., 2016;
White & Mavrogordato, 2019). I code excerpts as formal policy if the interviewee is describing a
standardized step in course placement that has been developed at the district or school level and is
generally perceived as being applied across arriving immigrant students. One example, which is
described in the findings section, is a policy that determines what proportion of a student’s day will
be spent in an ELD class period. Typically, the formal policy code was applied when an interviewee
explicitly used the word “policy” to describe a step, or used terms such as rules or guidelines. In
contrast, the practice code was applied when interviewees described the course placement process in
ways that referenced individual processes, choices, and adaptations of policies. Typically, this code
was applied when interviewees described steps they or their colleagues took in ways that conveyed a
sense of individual interpretation of what was appropriate.

Research Question 4: Newcomer Programs and Course Access

For the fourth research question, I estimated the impact of participating in a newcomer
program on the likelihood that a student was enrolled in an ELLA, math, science, or social studies
course. I used coarsened exact matching (CEM) as a preprocessing step, matching the two groups
(students in newcomer programs in their first year and those not) on observable district- and student-

level variables, as measured in students’ year of arrival. Matching relies on the researcher to match
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treatment and control groups such that they are reduced to more comparable groups, based on
observable characteristics (Iacus et al., 2012).

I chose matching variables that I theorize are predictive of being in the treatment group
(enrolled in a newcomer program) and correlated with the outcome (course access). For student-level
variables, I required exact matches on grade of arrival, race/ethnicity, SIFE, and eligibility for
free/reduced price lunch. I also matched on initial ELP, coarsened into bins of the minimum screener
value (0) or above (>0)." T also matched on district percent of students who were eligible for
free/reduced price lunch and district percent of students identified as recent immigrants, the first
coarsened into quartiles and the second into below the median (<.01) or above the median (>=0.01).
As discussed in the Literature Review section, students’ socioeconomic status, race/ethnicity,
academic histories and exposure to the English language are linked to differential educational pathways
and outcomes, and thus are critical matching variables. Grade of arrival is also important, given that
enrollment patterns may vary based on when students arrive in relation to their expected graduation
year. District context also likely matters, as districts with larger immigrant populations may have
stronger support systems, while districts with larger low-income student populations may face
compounding challenges in offering educational opportunities due to constricted resources and
competing needs.

I specified matching of many to one. Matching was done using the Matchit package in R (Ho
et al., 2011). The sample size was very small in the fourth year observed (with fewer than 20 students
who participated in newcomer programs) so I only conducted analyses for students’ first three years
in U.S. schools. Once the CEM weights were generated, any unmatched student was dropped from
the dataset. As seen in Table A5, which presents the weighted average covariate values for the year

one, two, and three samples by treatment and control, there is tight alighment across control and

% Dye to both sample sizes and the range of screener types, I could not match more precisely with confidence.
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treatment groups on matched variables, although small, sometimes statistically significant differences
remain in district and school-level covariates. This sample includes all districts that enrolled arriving
immigrant El-classified students, regardless of whether they offered a newcomer program.

Using the matched sample, 1 fit a series of linear probability models regressing course
enrollment indicators on newcomer program participation for each of the three years observed in the
data. I fit and present three model specifications for each subject area and year. The first specification
includes student-level covariates of whether a student was identified for free/reduced price lunch, ever
identified for special education, race/ethnicity, SIFE, initial ELP, and grade of arrival, as well as
district- and school-level proportions of free/reduced price lunch, immigrant, and ever-EL students.
The second includes the same covariates but adds in cohort fixed effects. The third model, which is
my preferred model, adds in district fixed effects. The district fixed-effects model specification is:

Yi = Bo + BL(NP)+X; + Vi + T+ Ay + &
where Y is a binary indicator, for student 7 in school s and cohort ¢in district 4 in year 4 for whether a
student is enrolled in a given core content area, and f; is the estimated relationship between newcomer
program participation and the likelihood of core content enrollment. Covariates include the vector of
student covariates (X;) outlined above, as well as school covariates (V) and cohort (I';) and district
(Ay) fixed effects. In all models I cluster standard errors at the district level. All models were estimated
using the fixest packages in R (Bergé, 2018).

I focus my discussion on results from two models—the cohort fixed effects model and the
cohort and district fixed effects model. The two approaches answer slightly different questions, given
that the inclusion of fixed effects changes the variation of interest to within fixed effect units (Gibbons
et al., 2019). The model that includes cohort fixed effects but not district fixed effects allows me to
estimate the impact of newcomer program participation on the probability of course enrollment
comparing matched students across districts that both offer and do not offer newcomer programs.
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The inclusion of district fixed effects changes this comparison to estimating the impact of newcomer
program participation only within districts that offer newcomer programs where some arriving
students are placed in these programs and others are not. The benefit of including district fixed effects
is accounting for district characteristics that may impact students’ probability of course enrollment.
However, the limitation that comes with including district fixed effects is that I am only identifying
the effect of newcomer program participation on course access off of variation within districts that
offer newcomer programs, a limited sample from an already relatively small sample of students.

As with the inclusion of different fixed effects, matching also comes with benefits and
limitations. CEM is an approach that reduces the treatment and control groups to be more comparable
on observables prior to intervention (Iacus et al., 2012). A key limitation, though, is that regardless of
the matching specification, there is no way to account for unobserved variables or factors that may be
impacting selection into treatment or the outcome of interest. As is discussed further in the Limitations
section, newcomer programs are largely designed to support students with gaps in their educational
history and with low initial ELP (MAEC, 2019). Thus, it is tenable that a student’s educational history
(as proxied by the SIFE indicator) and initial ELP would be the most salient predictors of newcomer
program participation. I include both as matching variables. Other included matching variables such
race/ethnicity and eligibility for free/reduced price lunch attempt to account for other ways in which
local actors may be making decisions about newcomer program placement or course placement. The
decision to include these variables is grounded in theory and prior research identifying those as
important factors in shaping students’ educational opportunities and outcomes (Kelly, 2009; Suarez-
Orozco et al., 2010; Tyson, 2011). While I am confident that the matching approach is creating more
comparable groups and I am including the best set of covariates given data limitations, I cannot fully
rule out the threat of omitted variable bias. As such, I am cautious in the interpretation of the estimated

effect of newcomer programs. I frame these as tenative estimates—a first approach at answering an
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important question while limited in the ability to firmly isolate the causal effect.

I suspect that bias, if present, comes as students who are placed in newcomer programs are
those who would have been less likely to be enrolled in the courses examined. Given that newcomer
programs are intensive interventions typically framed as only appropriate for students who it is
thought are not “ready” for traditional educational services, I’d anticipate these students are likely
those who would be less likely to be placed in core content. In this way, selection issues may arise
from school administrators’ decisions to recommend newcomer program placement to students based
on unobservable characteristics that also lead to lower core content enrollment levels. Selection issues
may also arise from students who themselves are more interested (or disinterested) in the newcomer
program strcuture or family preference about whether their student should particpate. If biased, the
estimates in this paper are likely overstating negative effects or masking positive effects through a
downward bias.

Newcomer Program Robustness Checks

To strengthen my conclusion about newcomer program effects, I conducted four robustness
checks. The first two were more restrictive matching approaches. I first re-ran the models with a
sample that required an exact match on district, as well as the other student-level covariates specified
above. I then required binned matches on school-level proportions of recent immigrant students and
students eligible for free/reduced price lunch, rather than district-level. The third was less restrictive
than the main approach, only requiring matches on student-level covariates. The fourth was the least
restrictive, as I ran the same models, but with the full, unmatched sample. Less restrictive matching
specifications are more generalizable and draw on more variation, while more restrictive approaches
potentially account for more bias, but restrict the sample. For each of these robustness checks, I only

present the two main specifications (cohort fixed effects and then cohort and district fixed effects).
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Findings
Research Question 1: Descriptive Comparisons of Course Access

Overall, immigrant EL-classified students who arrived in grades 6-12 had lower enrollment
rates in ELLA, science, and social studies than their EL and non-EL peers in the year they arrived. Gaps
tended to narrow over the following two years, although in many cases enrollment remained lower
through the third year after arrival. Arriving immigrant ElL-classified students were also enrolled in
math at lower rates, but the gaps were smaller and closed in most instances the following year. Across
subjects there was heterogeneity in enrollment rates by grade of arrival. In Figures 1.1 and 1.2 I present
ELA and math enrollment rates over time for immigrant El-classified students by their grade of
arrival, in comparison with trajectories for students who were ELL-classified in that grade but not recent
immigrant arrivals and students who were not EL-classified in that grade. Math and science results are
presented in Figures A2 and A3.

As seen in Figure 1.1, regardless of grade of arrival, immigrant EL-classified students were
enrolled in ELA coursework at substantially lower rates in the year they arrived than both students
who were EL-classified in that year and those who were not. With the exception of 12* grade atrivals
(Panel VII), there was also a large gap in the following year as students progressed through grades.
For students who arrived in 6™-8" grades (Panels I, IT and III) the gaps persisted through middle
school and into high school, narrowing or closing around 10" grade. For students who artived in 9,
10", and 11™ grade (Panels IV, V and VI) the ELA enrollment gap was present for two years before
narrowing or closing. It is not uncommon for later arriving immigrant EL-classified students to stay
beyond their 12" grade year. For these students, we see that immigrant El-classified students were
enrolled in ELA at the same or higher rates than students who were EL-classified in their same grade

of arrival as well as students who were not.
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Figure 1.1 ELA Course Access for Arriving Immigrant E1 -Classified Students, E1-Classified Students, and Students who are neither E1-Classified, nor
Arriving Immigrant Students
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Of the four subjects examined, math was the core content area where there were the smallest
differences in enrollment rates for immigrant El-classified students and their peers. As plotted in
Figure 1.2, Panel I, 6" grade arrivals had the lowest rate of enrollment in math across grades of arrival,
about 75% in comparison with almost 100% of students who were EL-classified in 6 grade and
students who were not EL-classified in 6™ grade. Students who arrived in 7"-12" grade all had similar
enrollment rates upon arrival, around 85%, which was slightly lower than their peers for all arrival
grades other than 12" grade atrivals, who actually had higher enrollment rates than students who were
not El.-classified in 12" grade and comparable rates to EL-classified students. By the second year after
arrival, for almost all immigrant EL-classified students the gaps between their enrollment levels and
the two comparison groups had either shrunk to a few percentage points or closed. In later
observations, students who had arrived in 10%-12" grade had, in many instances, higher enrollment
rates than students who were not EL-classified in the same grade they had arrived in.

Immigrant EL-classified students were uniformly less likely to be enrolled in science upon
arrival, across grades of atrival (Figure A2). Gaps were most striking for 6™, 9*, 10®, and 11™ grade
arrivals. For example, only about half of arriving 9" grade students were enrolled in science upon
atrival, in comparison with about 85% of students who were EL-classified in 9" grade and almost
100% of students who were not El.-classified. For 6" and 7" grade arrivals, enrollment gaps narrowed
as they progressed through grades, but did not close until 10" grade, while for 8" and 9" grade artivals
enrollment levels converged at 11" grade. Unlike ELA, there is no evidence that immigrant EL-
classified students who stayed beyond their 12" grade year were more likely to take a science course

than other non-immigrant students who also continued past their 12" grade year.
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Figure 1.2 Math Course Access for Arriving Immigrant E1_-Classified Students, EI-Classified Students, and Students who are neither E1.-Classified, nor
Arriving Immigrant Students
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As with the other subjects examined, social studies enrollment upon arrival was substantially
lower among arriving immigrant EL-classified students than students who were EL-classified in the
same grade, with gaps ranging from about 20 percentage points (6™ grade arrivals; Figure A3) to about
eight percentage points (12" grade arrivals; Figure A3). The gaps were larger in comparison with non-
EL students. For all grades other than 12" grade arrivals the gaps in enrollment rates shrunk, but
persisted the following year, and into a third year for 6™ and 9 grade artivals. In almost all instances
immigrant EL-classified students had closer enrollment levels to students who were EL-classified in
the same grade as the immigrant students arrived, while students who were not EL-classified had
continuously higher enrollment levels, although rates became more similar over time.

Research Question 2: Differences in Course Access Among Secondary Age Arriving
Immigrant EL-Classified Students

While comparisons to students who were not arriving immigrant El-classified students
provide important context for how enrollment patterns for arriving immigrant EL-classified students
differ in comparison with their peers, there is incredible diversity among immigrant students. It is
critical, in the interest of probing potential inequities, to examine how access differed among
immigrant El-classified students. I examined the relationship between student characteristics,
including race/ethnicity, SIFE, initial ELP, and eligibility for free/reduced price lunch, and course
enrollment. I first look at raw differences, then use a regression framework to identify the degree to
which student characteristics predict differences in access when accounting for differences attributable
to grade of arrival, district, school, and time.

In examining raw differences in the proportion of students enrolled in core content areas, I
found gaps in average enrollment rates by student socioeconomic status, race/ethnicity, academic
history, and initial ELP. Figures A4 and A5 plot the raw differences in course enrollment between

students who wete eligible for free/reduced price lunch and those who were not (Figure A4, Panel I),
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by race/ethnicity (Figure A4, Panel II), by SIFE identification (Figure A5, Panel I), and whether
students’ initial ELP was the minimum screener level or above (Figure A5, Panel II).

Overall, students eligible for free/reduced price lunch were enrolled in core subjects at lower
rates in their arrival year and the following year than students not eligible for free/reduced price lunch
(Figure A4, Panel I). These gaps persisted in ELA enrollment over the time students were enrolled,
although shrunk in later years, while gaps in science and social studies persisted in all years except the
fourth year after arrival in science and the fifth year after arrival in social studies. Course enrollment
gaps were smaller in math. From arrival through the third year after arrival, Black and Hispanic/Latinx
students were enrolled in ELA, science, and social studies at lower rates than students from other
racial/ethnic groups (Figure A4, Panel II). Black and Hispanic/Latinx students were also less likely to
be enrolled in math classes upon arrival and in the following year, although, as with gaps by
free/reduced price lunch eligibility, differences were smaller. SIFE were less likely to be enrolled in
the subjects examined for the first three years of enrollment, while in the final year observed
differences were much smaller and even reversed in ELA (Figure A5, Panel I). Finally, differences
were also observed by initial ELP, as students whose ELP was lowest upon arrival were less
consistently likely to be enrolled across subjects than students assessed above the lowest level (Figure
A5, Panel II).

While raw differences are important on their own, it is important to understand how course
access varies by these characteristics once holding other characteristics constant. For students who
arrived from 2015/16 onward, I fit linear probability models estimating the relationship of the above
characteristics with the probability of enrollment in ELLA, science, and social studies classes, including
fixed effects for grade of arrival, district, and year in school in the first four years of arrival. Point
estimates with corresponding 95% confidence intervals are plotted in Figure 1.3 and presented in

Table 1.3. While some raw differences held, others were not significant predictors of course access.
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Figure 1.3 Relationship between Secondary-Age Immigrant EIl -classified Students’ Characteristics and Course
Enrollment, 2015/ 16-2018/19
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Note. Figure represents the average relationship between the listed characteristics and the probability of enrollment in a given core
content area from linear probability models that predict course access from the listed characteristics as well as fixed effects for grade of
arrival, district, and year in school for 2,298 students who arrived in grades 6-12 from 2015/16-2018/19 with complete data (5,156
student-year observations). ID for FRPL=Eligible for free/reduced price lunch, SIFE=Student with interrupted formal education,
AIAN=American Indian/Alaska Native. Screener level=Initial ELP level is above the minimum.

Opverall, SIFE identification and initial ELP (“Screener Level”) were the only significant
predictors of the probability of being enrolled in a given core content course, and the significance

level was not constant across core content subjects. Holding constant other student characteristics,
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SIFE identification was associated with a lower probability of enrollment in a math and social studies
course, with an estimated 5.74 percentage point decrease in the probability of being in a math class,
and an 8.25 percentage point decrease in the likelihood of being in a social studies class. Students
whose ELP scores were above the lowest screener level were significantly more likely to be enrolled
in all core content areas other than math, with the largest magnitude reaching a 15.18 percentage point
increase in the probability of being in an ELLA course, while there was an estimated 14.4 percentage
point increase in the probability of being in a social studies course and 12.8 percentage point increase
in the probability of being in a science course.

Table 1.3. Relationship between Student Characteristics and the Probability of Enrollment across the First Four
Years of Enrollment, 2015/16-2018/19

ELA Math Science Social Studies
SIFE -0.004 -0.057+* -0.052 -0.083**
[95% CI] [-0.108; 0.100] [-0.095; -0.020] [-0.116; 0.013] [-0.131; -0.034]
Initial ELP 0.152% 0.021. 0.128** 0.144%*
[95% CI] [0.033; 0.270] [0.001; 0.041] [0.043; 0.213] [0.051; 0.237]
Multi-
Ethnic/AIAN [-0 1(2).4?'008 139] [-0 8623(())51 27] [-0 1‘(())i(')(())6089] [-0 1?5‘%2 123]
[95% CI] .124; 0. .066; 0. .101; 0. .118; 0.
Asian/PI 0.005 0.017 0.042 0.027
[95% CI] [-0.044; 0.054] [-0.003; 0.037] [-0.011; 0.095] [-0.038; 0.092]
Black -0.045. 0.001 -0.012 -0.007
[95% CI] [-0.095; 0.005] [-0.049; 0.049] [-0.119; 0.095] [-0.094; 0.080]
Hispanic/Latinx -0.009 -0.031 -0.019 0.015
[95% CI] [-0.055; 0.036] [-0.068; 0.007] [-0.082; 0.044] [-0.050; 0.080]
FRPL Eligible -0.024 0.023 -0.012 -0.032
[95% CI] [-0.106; 0.059] [-0.013; 0.059] [-0.074; 0.051] [-0.117; 0.053]

Identified for
Special education

-0.038
[-0.136; 0.059]

-0.016
[-0.074; 0.041]

-0.026
[-0.172; 0.121]

-0.048
[-0.179; 0.082]

[95% CI]

Non-Male 0.005 -0.013 -0.008 -0.002
[95% CI] [-0.020; 0.029] [-0.033; 0.007] [-0.031; 0.014] [-0.023; 0.018]
Grade FE X X X X

Yr. in Sch FE X X X X
District FE X X X X

N 5,156 5,156 5,156 5,156

Note. *p<.05, *<.01, ***»<.001. N represents the total student-year observations in the model. Estimates are
accompanied by 95% confidence intervals. EL=English learner. FRPL=Free/reduced price lunch. SIFE=
Student with interrupted formal education. ELP=English language proficiency, ATAN=American Indian/Alaska

Native.
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T also regressed the probability of course enrollment on student characteristics while including
random effects for both the school and district students attended. Tables A3 and A4 present
coefficients from the mixed effects models predicting course access. Both tables present coefficients
from a series of models, including a specification that does not account for students’ school or district
(Model I), a specification with a school-specific intercept (Model 1I), and a specification that has both
a school- and a district-specific intercept (Model III), Table A3 presents coefficients from models
predicting the probability of ELLA and math enrollment, and Table 4, science and social studies
enrollment. As evidenced by the ICCs calculated from models that include both school and district
random intercepts (Model III), the school a student attended consistently explained more variance in
the probability of being in a given core content course than the district a student was in. For example,
for ELA enrollment the school intercept ICC was 0.27. This suggests that, as modeled, the school
level accounted for about 27% of the variation in probability of ELA enrollment. This jumps to 30%
for math, then declines to 17% for science and 22% for social studies. In contrast, district-level ICCs
ranged from 2% to 11%. This suggests that there was a large degree of variability between schools in
immigrant El-classified students’ course access, while districts played less of an explanatory role.

In sum, raw differences highlight how students’ course access differed by student
characteristics such as race/ethnicity, SIFE, socioeconomic status, and initial ELP. Modeled
differences in course access further details how access to core content coursework was largely
predicted by SIFE and initial ELP once accounting for other factors, while other raw differences by
student characteristics were not significant when modeled. The school a student attended plays a large
role in explaining variation in the probability of course enrollment, while the district a student attended
holds less of an explanatory role. Importantly, these descriptive results are not estimates of the “effect”

of student characteristics on enrollment, but rather patterns that likely capture some way in which
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districts and schools, and those working within them, are responding to these characteristics that
results in constricted course access. The next section explores the role of school and district policies,
as well as individuals’ practices, in shaping course access for secondary age immigrant EL-classified
students.
Research Question 3: Course Placement Policies and Practices

Drawing on interviews with 11 staff from six school districts in Oregon, I analyzed how those
working closely with course placement decisions for immigrant EL-classified students in middle and
high school settings described the policies and practices that shape course placement for secondary-
age immigrant El-classified students. Overall, responses suggested that there were some formal
policies in place that shaped the placement process, but that course placement was predominantly a
process governed by individuals’ practices. This resulted in an approach that one federal programs
coordinator described as “different students having different experiences depending on what school
they go to”. Even in a district context where responses suggested there was a higher degree of policy
formalization, the EL program director described how “We have policy, we have guidelines, we have
steps we take...then, in the end, it's really up those of us who wotrk most closely with the students...”

In this section, I synthesize themes that emerged, focusing first on themes that emerged when
interviewees were discussing the limited formal policies that shaped course placement for arriving
immigrant El-classified students. I then describe the practices discussed.
Formal Policy: Prioritizing ELD and Math Classes in Schedule-Building

There was a clear policy focus on creating schedules that prioritized ELD and math content access
for arriving immigrant ElL-classified students. For example, interviewees from five of the six districts
described formal policies around how much of an arriving immigrant EL-classified students’ day
would be comprised of ELD classes. In two districts, interviewees described a half-day of ELD as the

standard approach for arriving immigrant EL-classified students. In contrast, interviewees from three
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districts described a standard policy of enrolling students in one ELD course, although an interviewee
from one of those districts did describe how they would try to “get students extra courses of ELD if
possible” as part of their approach. Another interviewee described how students arriving in grades 9-
12 were placed in a double block of ELD in their school, while students arriving in grades 6-8 were
placed in a mixed-age ELD block from morning till lunch as part of the newcomer program.

When describing policies, interviewees from three districts also discussed how math was the one
core class prioritized in the development of schedules. For example, one EL program coordinator
described the policy of placing all arriving students in a math class and explained, “They will be in a
math class. There's just no way around it, you will be in a math class. Because we would be doing you
a disservice if we didn't put you in a math class”. An additional two interviewees referred to math as
a “universal language” when describing how it was often the core class that students were placed in
upon arrival, regardless of English language proficiency.

Formal Policy: Collecting Information on Academic Histories to Inform Course Placement

There were also policies focused on gathering information about students’ academic histories to
determine the level of coursework a student would be placed in. Interviewees from all districts
described policies in place that required students’ transcripts be evaluated to determine what credits
could be awarded and, in turn, what courses to place students in. However, while this was described
as a formal overarching policy, it varied across districts how strictly the approach to transcript
translation and evaluation was guided by policy and how much instead was guided by individual
decisions and available resources. For example, one interviewee described how the district contracted
the work out to an outside organization to translate transcripts and determine credit equivalencies. In
contrast, another described how their district relied on other staff who spoke the language to try to
translate the transcripts and determine equivalencies. Transcript evaluation policies that didn’t include

formal policy guidelines and supports were often seen as creating challenging circumstances, as there
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was confusion about which classes could be counted towards graduation requirements, what the
equivalencies were between classes taken and U.S. classes, and overall translation difficulties. This
resulted in variability in course placement, as confusion around what courses could be counted toward
graduation informed what courses students were placed in.

Not all policies focused on gathering information on prior academic experiences were focused on
transcript evaluation. Outside of transcript translation and evaluation, interviewees from two districts
described how their district policy was to use short math assessments to determine which math course
students would be placed in, while another described how their intake process included questions
about students’ academic histories. Together, policies focused on gathering information on students’
academic histories guided course placement, as decisions were made in response to prior learning, as
well as what courses counted towards those necessary for graduation.

Practices: Course Placement Decisions in Response to Perceptions of Students’ Needs and
Readiness

One practice that shaped course placement was making decisions in response to perceptions of
students’ needs and readiness. Many interviewees expressed that they often felt students would be
overwhelmed in core content coursework. They cited a lack of academic skills as well as English
proficiency as reasons they would not place students in certain core content courses. As an example
of this, the Homeless/Migrant Education Coordinator in one district described how their team
approached placement:

We know that their language is low, so we try to put them in classes where they will
interact and just have...that experience with the language...And so putting that
student directly into, say a 7" grade social studies class when they won’t understand a
word of what the teacher is saying is not ideal. That’s not going to actually help that
student.

Similarly, another interviewee described how many staff in their district had “the perspective of, we

just get them immersed in language that first year, we don’t worry about core classes”, while another
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described how they “didn’t want to lie”, but arriving immigrant EL-classified students would not be
enrolled in core content classes until it was determined they could be “released out” from a schedule
that was comprised of ELD classes, physical education, and electives when they had developed
sufficient English proficiency to participate. Another interviewee described how they recognized
students needed core content coursework to graduate, yet they didn’t want to push core content too
hard, stating, “We don't want to lose these students either. We want to be able to support them in a
way where they do graduate, but which path makes the most sense?”
Practices: Course Placement Decisions in Response to Student and Family Input

Another practice focused on making course placement decisions in response to student and
family input. While no interviewees described a formal way in which student and family input on
course placement was integrated into the course placement process, there were examples of practices
that were discussed. The most common was informal conversations during intake. For example, one
counselor described how their approach to course placement was shaped in response to students’
stated postsecondary goals, sharing,

If they really are pushing for four-year university or even community college, I'm

always telling them they're more than eligible and we have all these resources to help

them get there. So, then I'm wanting to make sure they're taking the right classes to be

on track to be able to do that.
This was the only interviewee who brought up students’ postsecondary goals as informing the course
placement process, as others shared that they asked students about their interests to determine elective
placement. Of note, this quote captures how integrating student goals into course placement relies on
students’ expressing an interest in this path—with no mention of systematically or structurally working
this exchange of information into the course placement process. Similarly, family input was talked
about sparingly, and often was more to ascertain students’ academic histories, rather than ask for input

into how schedules could be developed to meet student or familial goals around educational

opportunities. However, in select interviews, it was talked about how families brought up educational
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goals during the enrollment process. One interviewee’s description highlights how this varied by
student and family background, saying “...the education level of the parent and their own exposure
to educational opportunities, I think, drives that conversation...it just really does depend on sort of
where that family was educationally when they were in their home country”.
Practices: Course Placement Decisions in Response to Local Capacity

Finally, course placement decisions were shaped in response to perceived local resources
available to support students in core content coursework. It was often described that those working
in placement felt many core content teachers did not have the training to support the diversity of
linguistic backgrounds or socioemotional needs, therefore students were not placed in those classes.
This highlights how limited capacity constricted placement options. As another way in which capacity
shaped course placement, in one district that had limited EL support staff one interviewee described
how they would “clump” EL-classified students into certain core classes so that they could direct EL
support staff to target those classes. This also limited which courses they would put students in.

Opverall, course placement was discussed as a challenging process for interviewees and their
districts and schools. A complex set of factors informed both policy and practice, but ultimately there
was a large degree of individual discretion. The resulting process was described as varying widely
across students. In discussing the different factors that went into the individual decisions, one
interviewee described it as “a balancing act. And we don’t always get it right”.
Research Question 4: Newcomer Programs and Course Access

I estimated the impact of participating in a newcomer program on ELA, math, science, and
social studies enrollment outcomes for students arriving in 2015/16 or later. I focus on results from
the analyses that use a smaller subset of students who make up more comparable treatment and control
groups for the first three years of enrollment, as determined through the CEM pre-processing

approach. I discuss the cohort-adjusted specification (Figure 1.4, Panel I and Table 1.4, Model IT) and
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the district- and cohort-adjusted specification (Figure 1.4, Panel II and Table 1.4, Model I1I). I also
highlight results from robustness checks, which include the full, unmatched sample, as well as samples
that came from different matching setups.

Table 1.4. Newcomer Program Participation and Conrse Enrollment, Matched Sample

Model II: Cov. Adj. w/Chrt

Model III: Cov. Adj. w/Chrt

Model I: Cov. Adj

FE & Dist. FE
Year 1 Year 2 Year 3 Year 1 Year 2 Year 3 Year 1 Year 2 Year 3
ELA
Newcomer -0.303** -0.107 -0.060 -0.274%* -0.084 -0.053 -0.175* -0.014 -0.045
Program [-0.490; [-0.2406; [-0.207; [-0.458; [-0.218; [-0.199; [-0.340; [-0.083; [-0.154;
[95 % CI -0.110] 0.031] 0.087] -0.089] 0.051] 0.093] -0.011] 0.054] 0.064]
Math
Newcomer -0.024 0.017 -0.022 -0.033 0.016 -0.020 -0.025 0.009 -0.075%*
Program [-0.126; [-0.034;  [-0.064; [-0.140; [-0.040; [-0.0061; [-0.111; [-0.024; [-0.126;
195 % CIJ 0.078] 0.068] 0.020] 0.074] 0.071] 0.020] 0.061] 0.042] -0.023]
Science
Newcomer -0.149 -0.083 -0.005 -0.148 -0.084 0.009 -0.043 -0.101 -0.013
Program [-0.385; [-0.224; [-0.140; [-0.389; [-0.229;  [-0.121; [-0.248; [-0.273; [-0.179;
[95 % CIJ 0.087] 0.058] 0.137] 0.093] 0.062] 0.138] 0.161] 0.071] 0.152]
Social
Studies
Newcomer -0.211. -0.097. -0.125* -0.194. -0.090. -0.121* -0.134 -0.080 -0.218*
Program [-0.435; [-0.198;  [-0.238; [-0.418; [-0.180; [-0.232; [-0.368; [-0.180; [-0.380;
[95 % CIj 0.013] 0.004] -0.011] 0.031] -0.0005] -0.010] 0.101] 0.020] -0.050]
Cov. X X X X X X X X X
Chrt. FE X X X X X X
Dist. FE X X X
N 956 527 289 956 527 289 956 527 289

Note. p<.01, ¥<.05, *#p<.01, ***»<.001. N represents the total student observations in the model. Estimates are accompanied by
95% confidence intervals. Results are presented for three model specifications, each estimated for each separate subject and year in
the data. Cov.= model that includes student, school, and district-level covariates. Chrt FE=Cohort fixed effects, Dist. FE=District

fixed effects.

Among students in the matched sample, the estimated impact of newcomer program
participation on ELA enrollment was consistently negative in the year of arrival across specifications.
In the specification that draws on variation across districts while accounting for cohort-specific effects
(Model II), the likelihood of ELLA enrollment dropped by 27.4 percentage points in the year of arrival,
although confidence intervals span moderate to large effects. In the cohort and district-adjusted

specification (Model I1I), newcomer program participation had an estimated effect of -0.175 [95% CI:
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-0.340; -0.011] on the likelihood of ELLA enrollment in the year of arrival. This translates into an
estimated decline in the probability of enrollment in an ELA course of 17.5 percentage points within
districts that offer newcomer programs, although the confidence interval spans small negative
estimates to much larger negative estimates. Estimates of the relationship between newcomer program
participation and ELA course enrollment among the matched samples were also negative in years two
and three across specifications, although coefficients were much smaller and not statistically
distinguishable from zero.

There was no consistent, significant effect of newcomer program participation on the
probability of enrolling in a math course. Coefficients on newcomer program participation were
consistently small in magnitude, with confidence intervals that spanned small to modest negative or
positive estimates. The exception, however, was the within-district (Model I1I) year three estimate,
where there was a significant decrease in the probability of math enrollment, -0.075 [-0.126; 0.023].
While the cohort-adjusted specification that drew on cross-district variation was also negative, it was
smaller in magnitude and not statistically significant.

There was no significant impact of newcomer program participation on the probability of
being enrolled in a science class. Estimates were negative and imprecise in all years and specifications,
with confidence intervals that spanned large negative estimated effects to small or moderate positive
estimated effects. There was also no significant estimated impact of newcomer program participation
on social studies enrollment in the first two years observed. However, there was a significant negative
estimated effect in year three across all three model specifications. The estimated effect was largest in
the within-district specification (Model III), an estimated decline of 21.8 percentage points in the
likelihood of science enrollment in year three, -0.218 [-0.380; -0.056], while the estimated decline in

the cohort-adjusted specification (Model II) was about 12 percentage points, -0.121 [-0.232; -0.010].
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Figure 1.4 Newcomer Program Participation and Conrse Access, Matched Sample
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Note. Each figutre represents the outcomes for students who arrived in grades 6-12 from 2015/16-2018/19 matched on observables.
The year one sample includes 956 students, year two 527 students, and year three 289 students. Estimates are from models that include
student and school covariates, as well as cohort fixed effects.

Robustess Checks

Estimates largely aligned across the three alternative matching approaches and the estimates
generated using the unmatched sample, although the statistical significance was sensitive to the
specification in select instances.

Figure A6 presents estimates from the within-district estimates from samples that followed
three different matching specifications, one that required an exact match on district (Panel I), one that

matched on school-level covariates (Panel II), and one that matched only on the student-level
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covariates (Panel III). Estimates from the exact-match sample differed in that both the year one and
year two ELA estimate were similar in magnitude to the main estimate, but both were significantly
different from zero. Additionally, the third-year estimate on the probability of math enrollment was
not statistically distinguishable from zero. Estimates from the school-level covariate matching
specification were very similar to the main estimates, but the negative association between newcomer
program participation and social studies enrollment in year three was similar in magnitude, but no
longer significant. Matching just on student-level covariates results in estimates that were similar in
magnitude, but the negative relationship between newcomer program participation and ELA
enrollment was not significant in the first year, and neither was the math estimate in the third year. I
also ran the same models, but for unmatched estimates (Panel IV), which drew on the full sample.
Unmatched estimates largely aligned, with coefficients aligning with the main estimates as having
similar direction and magnitude. However, the negative coefficients on ELA enrollment were not
statistically significant in this specification.

Figure A7 presents the same set of robustness checks but drawing on variation across districts
that both do and do not have newcomer programs. These estimates also largely align with the main
estimates in terms of direction and magnitude, although in more instances estimated coefficients are
significantly different from zero. Across all alternative specifications the first-year estimate on ELA
enrollment was negative and statistically significant, while in the exact district match there was also an
estimated negative effect in years two and three, and in the unmatched estimates there was a negative
estimated effect in year three. Math estimates were not significant across specifications, while there
was a significant negative estimate on the probability of science enrollment in the second year from
the exact district match specification. There was also an estimated negative effect on social studies
enrollment in the third year using the exact district match specification, as in the main specification,

although the estimate was null for all other specifications.
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Limitations

There are key limitations of this work. I did not have access to information on all the student
characteristics and experiences that may drive course access and placement in newcomer programs.
For analyses focused on differences within the group of immigrant EL-classified students there may
be unobserved covariates that were correlated with the outcome and other predictors in ways that
resulted in biased estimates. For example, the significant differences attributable to initial ELP and
SIFE identification may have been driven by unobserved covariates. However, given the important
role of these characteristics identified in prior literature, as well as the steps taken to account for other
factors, I argue that these estimates are important and yield critical information on how observed
differences in access can be explained by student characteristics.

For research question four, data limitations introduce bias concerns. The validity of the matching
design rests on the assumption that the matching approach accounts for issues of selection into
treatment. Program designs and descriptions of who programs are for support the idea that students’
academic history (as proxied through SIFE) and initial ELP are the two key drivers behind
recommendations for placement in a newcomer program within districts that have newcomer
programs (MAEC, 2019). However, these blunt measures may not capture important nuances that
impact selection into treatment and the probability of course enrollment. For example, SIFE has a
standard statewide definition, but the identification process may vary across districts and schools,
resulting in imperfect quantifications of students’ prior exposure to academic instruction and settings.
Further, the use of varying screeners and dichotomization of ELP levels into the minimum and above
the minimum in the matching approach may mask important differences in initial ELP. As a result,
just relying on these two variables may not have fully captured drivers of selection into treatment.

Beyond blunt measures, there were also other factors I did not have data on. I did not have access

o course-taking data from students’ previous country of residence, which may have impacted course
t taking data f; tudents’ try of residence, which may h pacted
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access outcomes and newcomer program placement. Additionally, students and parents may have had
preferences about newcomer program placement that were correlated with the outcomes. If the
estimates were biased, it was likely a negative bias, as other factors that predicted selection into
newcomer programs were likely negatively associated with course access. While I still believe the
approach has reasonably addressed issues of selection and bias, these concerns lead me to frame these
estimates as initial causal estimates of the impact of newcomer program enrollment.

As a further limitation, the sample was relatively small, with a small subset of students served by
newcomer programs. Program model data only extended back to 2015/16 in the cutrent categories,
and samples were too small to use the matching approach to estimate the effect of newcomer program
participation on course enrollment in year four. This made it impossible to see whether newcomer
program effects differed when looking over a longer time horizon. The shortened panel also limited
the number of students included in the analyses. Combined with high levels of data missingness for
students’ initial ELP, this mean the sample was relatively small, which can impact the ability to detect
statistical significance. Quantitative research on small, structurally vulnerable populations can be
challenging, given that many statistical properties and assumptions require large samples. However,
this type of research is critically important to conduct (Etz & Arroyo, 2015). In the face of these
challenges, I drew on multiple strategies suggested for working with small samples, such as including
rich descriptive statistics and visualizations to complement predictive and causal models and use of
numerous covariates to reduce variation in the outcome when concerned with a treatment effect
(Hopkin et al., 2015).

Discussion
This study examined access to core coursework for immigrant EL-classified students who
arrived in Oregon secondary schools. I descriptively explored how access differed in comparison with

other EL and non-EL students, as well as how access differed among immigrant EL-classified students

78



who arrived in secondary grades. I documented administrator and educator perceptions of policies
and practices that shaped access for this population and estimated the effect of newcomer programs
on course access. The findings bring to light potentially concerning issues regarding access to core
content. Enrollment levels in core courses were low in comparison with peers. This suggests that
districts and schools failed to structure educational pathways for immigrant EL-classified students that
included full access to core content upon arrival. Enrollment levels were disproportionately low for
Black and Hispanic/Latinx immigrant EL-classified students, as well as students eligible for
free/reduced price lunch, those with low ELP levels, and SIFE. Once modeled, differences in access
was consistently predicted by both initial ELP and SIFE identification.

Interview responses suggested that course placement was primarily shaped by individual
discretion and decision-making within policy frameworks that prioritized ELD and math access. Many
expressed that course placement was done in reaction to perceptions of students’ lack of academic
readiness and ELP, seeing students as likely to not be successful in the classroom until they were more
adjusted and had developed stronger English proficiency. Newcomer programs, while designed as a
support, did not lead to fuller course enrollment in any year observed. In contrast, coefficients were
consistently negative, with estimates suggesting negative estimated effects on ELA enrollment in the
year of arrival, and social studies and math in the third year after arrival. While initial exclusion from
ELA may not be as surprising, given that schools may be prioritizing ELLD and orientation supports
through newcomer programs, exclusion later is more surprising. While I do not observe the exact
mechanisms for this observed pattern, it may be that students are not transitioning out of newcomer
programs and over time there is more displacement of core content, or it could be that newcomer
programs may be leading to students being tracked away from these courses.

Access to core content is a critical measure of equitable access to learning (Callahan & Shrifer,

2016). Further, access to rich instructional settings where students are exposed to academic English

79



language is a key support for developing language proficiency (Alvarez et al., 2022; Bunch, 2013). In
this discussion section, I situate my findings within the broader research and policy space, exploring
how my work aligns with other research to contextualize the patterns and impacts observed while also
emphasizing how this work extends our knowledge and signals important areas for intervention.
Constricted Access to Core Content

While there were numerous descriptive findings, a key insight from this work is that enrollment
levels were much lower for secondary-age arriving immigrant EL-classified students in their year of
arrival compared to their peers for all core content subjects other than math. These findings align with
prior research. Johnson (2019) finds that recently arrived immigrant EL-classified students were
enrolled, on average, in fewer credits in high school than other EL-classified students. Estrada (2014)
documents how middle school curricular streams developed for EL-classified students with lower
measured ELP consisted of very little core content coursework. Additionally, low levels of enrollment
in courses other than math enrollment align with work that finds middle school EL-classified students
are more likely to experience exclusionary tracking in ELA than math (Umansky, 2016a).

Exclusion from core content is likely driven by a constellation of factors. However, prior work
suggests that exclusion is driven, in part, by the belief or assumption that students cannot meaningfully
participate in core content learning until they are proficient, or at least ‘more proficient’, in English
(Estrada, 2014; Hopkins et al., 2013; Valdés, 2001). This aligns with the qualitative findings from this
study. Some interviewees described not wanting to place students in core classes because they felt
students would not be successful because of low assessed ELP. Additionally, course placement policies
focused on ensuring ELD enrollment, with a limited focus on core content other than math. These
findings also align with models predicting access by student characteristics, which found that students
above the minimum ELP level were more likely to be enrolled in all core content areas other than

math. The privileging of ELD over content for EL-classified students has been codified through
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policy in other contexts—such as Arizona’s now-overturned policy that required EL-classified
students be in four hours of ELD a day (Rios-Aguilar et al., 2012) as well as other EL tracking policies
(Estrada, 2014). The exception of math enrollment may be explained by the belief that math is the
most accessible core subject for EL-classified students (Hansen-Thomas & Cavagnetto, 2010). This
was echoed by interviewees who used the common phrasing of math as a universal language. This
belief, however, fails to account for the complex language demands of math (Barrow, 2014; Lee &
Lee, 2017).

Constricted enrollment upon arrival is not strictly at odds with EL policy, which can be interpreted
such that constricted access to core content is as an allowable practice if sufficient compensatory
services and supports are provided to address earlier under-enrollment. However, troubling gaps
persist beyond the year of arrival for some students. Any exclusion at all, regardless of whether
allowable through policy, is a lost opportunity for students to engage in rich learning opportunities,
both for their English language proficiency development and their core content learning (Bunch,
2013). Exclusion is also a mechanism for potential segregation. Ensuring access to core content is a
critical issue in EL education broadly (Callahan, 2005; Johnson, 2019, Umansky, 2016). However,
short timelines to graduation and age-out policies make identifying pathways to graduation that include
ELD access as well as rich content learning an important step towards more equitable schooling for
immigrant students (Umansky et al., 2018).

Interviewees also linked course exclusion among immigrant EL-classified students to a lack of
capacity to meet students’ linguistic needs in the core content classroom. This goes hand-in-hand with
the belief that students will not be successful in core content classes until their English proficiency is
stronger. Together, these insights speak to an overall sense that, at the secondary level, core content
classes are being designed and delivered by educators who are comfortable with supporting EIL-

classified students with a wide range of linguistic proficiencies in the classroom. This characterization

81



is supported by research, both in teachers’ own perceptions of their ability to support El-classified
students in the classroom (Penfield, 1987; Reeves, 2006) and observed professional development
content and teachers’ abilities (de Jong & Harper, 2007; Harper & de Jong, 2009). Teacher survey
results have also revealed that the most desired source of support for working with EL-classified
students is content instruction support (Hansen-Thomas & Cavagnetto, 2010).
Understanding Differences in Course Access by Student Characteristics

Another key insight is that there were descriptive differences in course enrollment by student
race/ethnicity and socioeconomic status. Raw differences were striking, and often consistent across
subject areas and over time. In particular, Black and Hispanic/Latinx students were, with few
exceptions, enrolled in core content coursework at lower rates, as were students who were eligible for
free/reduced price lunch. These findings, while specific to artiving immigrant EL-classified students,
align with other research that finds students from historically marginalized communities are often
enrolled in core courses at lower rates than students from other racial/ethnic groups (Asim et al.,
2019; Tyson et al, 2007; Yoon & Strobel, 2017). This also aligns with work on how students
experiencing economic disadvantage are tracked into less demanding coursework (Ansalone, 2003;
Moller & Stearns, 2012).

Differences in enrollment by race/ethnicity or socioeconomic status were not significant once
modeled in a regression framework, however this does not mean that we can fully discount the raw
differences observed. Descriptively disaggregating outcomes within small subgroups is a critical way
to move forward our foundational understanding of differential experiences among underserved,
often structurally vulnerable populations (Etz & Arroyo, 2015). Additionally, “controlling away”
variation attributable to students’ characteristics, schools, or districts can be a form of discounting the
racialized systems that contribute to inequities (Castillo & Gillborn, 2022). For example, students from

certain racial/ethnic groups may be concentrated in undet-resourced districts as a tesult of
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discriminatory, racialized policies or practices (Castillo & Gillborn, 2022). Including fixed effects that
account for district-level variation may explain away this variation, while the reason students from
certain racial/ethnic groups are in those districts itself may still be very much so tied to racism. As
such the raw differences are important to recognize as inequitable and tied to structural racism
alongside non-significant estimates on student race/ethnicity as modeled (Castillo & Gillborn, 2022).
These descriptive findings point to a need for more action around addressing inequities in access to
learning opportunities, especially as experienced by Black, Hispanic/Latinx, and socioeconomically
disadvantaged immigrant students. This also highlights a need for deeper work on the intersection of
race, class, immigrant status, and opportunity to learn among EL-classified students.

Modeled differences reveal that SIFE students were significantly less likely to be enrolled in math
and social studies, as compared with other immigrant EL-classified students. This also aligns with
prior work that finds lower prior schooling levels can negatively impact course access and academic
performance (Callahan, 2005; Suarez-Orozco et al., 2010). Similar to how teachers often report they
feel unprepared to support an array of linguistic backgrounds (Reeves, 2000), there are also reports
that teachers feel that they are unable to provide the appropriate levels of support to address significant
gaps in students’ academic knowledge and skills (Ruiz-de-Velasco & Fix, 2001). This can create tension
within districts and schools as teachers and administrators navigate course placement decisions in
recognition that students should be in core content coursework, but also with a sense of uncertainty
around how well students will be supported in grade-level core content classes (Hopkins et al., 2022;
Sugarman, 2017; Umansky et al., 2018).

Newcomer Programs and Course Access

Newcomer programs were the second most common language instruction program used to

support secondary-age immigrant EL-classified students in Oregon from 2015/16 to 2018/19. I found

no evidence that newcomer programs supported fuller course access, with some estimates of
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constricted access. I interpret these findings as cautious estimates, yet there are important takeaways
even if not definitive causal findings.

Newcomer programs are likely providing important supplemental services not captured in this
study. Socioemotional supports, cultural orientation, targeted academic instruction, and instruction on
the English language are all common features of newcomer programs that are important and may
support students’ well-being in ways that other instructional models do not (Hos, 2016; MAEC, 2019;
Short & Boyson, 2012). It may also be that newcomer programs are including primary language
supports or instruction, which could be important supports for students. However, it is important
these supports be provided alongside core content access, not at the expense of it. Again, shortened
timelines underscore a need for thoughtful schedule-building, with critical attention towards what
supports are provided and how, if provided, a constellation of supports are functioning together to
ensure students have access to core content learning, viable pathways to graduation, instruction on
the English language, and culturally-responsive supports (Umansky et al., 2018)

Implications

There are numerous implications for policy and practice that come from this work. In this section,
I discuss a need for guidance, both on course placement and instruction. I also advocate for supports
for local data use to support action to address constricted course access.

The first implication is that there is room for thoughtful guidance on course placement to be
developed by policymakers, practitioners, and other key stakeholders. Such guidance focused on
course access can help practitioners as they integrate their perceptions of student readiness with the
understanding that students’ ELP and prior academic preparedness should not exclude them from the
opportunity to engage in core content learning. Those making placement decisions should be provided
with information on students’ right to access core content, as well as potential flow charts or other

aids that outline steps to take to make informed course placement decisions. One potential way to
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support more comprehensive course placement in secondary school may be implementing a policy of
developing, in partnership with arriving students, individualized graduation plans. These plans can
outline proposed trajectories through secondary school while also allowing for individualization
depending on students’ incoming academic needs, school resources, and student preference. In
addition to outlining the trajectory, this would be an opportunity to explicitly identify supports that
will be provided, especially in early years. This may be critical to avoid continuous gaps in enrollment
observed over time. Some states and agencies have developed templates that can be adapted for local
education agencies (Greenberg Motamedi et al., 2021; Rumpf, 2019).

Another area where guidance is critical is supporting teachers in integrating students from diverse
linguistic and academic backgrounds into core content classrooms. Once placement decisions are
made, it is critical that students and teachers alike do not find themselves in classrooms where they
cannot be successful. There is evidence that universal enrollment policies may do harm, rather than
good, if they are not delivered in ways that support student success (Domina et al., 2015). Thus, there
is a need for more attention towards professional development and supports for core content teachers
on how to support a range of student linguistic and academic profiles in the classroom. Professional
development and supports can focus on leveraging the assets of arriving students and encouraging
student participation (Pacheco & Brown, 2022), as well as developing teachers’ understanding of
pedagogical language and how to support students’ authentic, embedded language development
(Bunch, 2013). It may also be a space where co-teaching is prioritized.

Findings on newcomer programs also highlight a need for state and local education agency leaders
to provide guidance on how different instructional programs, including newcomer programs, can be
delivered so thatall the rich supports that come with them are leveraged alongside core content access.

This work speaks to an opportunity to re-examine policies around course placement within newcomer

85



programs to ensure that program timing or structures are not mechanically crowding out core content,
as well as identify opportunities to provide core content access in students’ home language.

Many important patterns and inequities can be revealed through descriptive data analysis. Districts
and schools should be encouraged and supported to analyze their own course enrollment data to
reveal inequities in access. Doing so may be an important way to highlight patterns in access among
immigrant El.-classified students within schools or districts, as well as encourage action. Descriptive
statistics and regression analyses can reveal important patterns and encourage conversations among
those who are embedded in the important work of designing course placement policies, implementing
course placement policies, and supporting students in the classroom. The descriptive analyses and
visualizations in this study are examples of ways in which simple data analysis can reveal important
differences in access. This may entail investing in data infrastructure, providing analytic support, and
providing the resources to ensure there is time allocated to such tasks. States can also work with local
education agencies to consider whether introducing accountability indicators around access to learning
opportunities may complement indicators such standardized assessment performance.

There are also implications for research. A deeper mixed-method inquiry could include student
voice through qualitative data collection, providing invaluable insights into how students themselves
experience the course placement process as well as newcomer programs. Future work can integrate
information both on secondary school completion and postsecondary outcomes to better understand
the implications of exclusion from coursework, as well as the role of newcomer programs. This study
represents just one context, the state of Oregon, which has a smaller immigrant and EL-classified
student population than many other states. Future work could look towards other contexts.

Conclusion
I found evidence that secondary age-arriving immigrant El.-classified students in Oregon had

limited access to core coursework upon arrival, especially in subjects other than math. Differences in
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access was primarily driven by initial ELP and identification as SIFE, although raw differences
highlight key inequities by race/ethnicity and socioeconomic status. Course placement practices were
largely described as a function of individual discretion, with limited policy frameworks that focused
on ELD and math access. Newcomer programs were not related to fuller course access.

These findings have implications outlined above—chief among them being a need for more
guidance and resources for developing student schedules and supporting students in the classroom.
Schools and districts have the responsibility to ensure that students’ socioemotional needs are met,
they are provided with English language supports as needed, that they have access to meaningful
learning opportunities, and that they are on track to pursue their preferred postsecondary goals.
Focusing on core content access and viable pathways to graduation may help educators to better
acknowledge and leverage the assets that immigrant students EL-classified students arrive with. This,
in turn, may support the creation of educational environments that support students’ opportunities to

learn and thrive from the start.
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APPENDIX

Table A1. Within Districts that Offer Newcomer Programs (N=15), Students Characteristics by Whether in a

Newcomer Program

Not in Newcomer Program  In a Newcomer Program

(N=1,060) (N=334) prvalue
Student demographics (%) (%)
Grade of arrival 0.2
6 0.12 0.09
7 0.14 0.13
8 0.12 0.12
9 0.25 0.24
10 0.16 0.15
1 0.13 0.14
12 0.08 0.12
Female 0.47 0.47 >0.9
Race/Ethnicity <0.001
Multi-Ethnic & ATAN 0.01 0.00
Asian/Pacific Islander 0.27 0.19
Black 0.10 0.12
Hispanic/Latinx 0.42 0.60
White 0.20 0.09
Language <0.001
Spanish 0.38 0.56
Arabic 0.08 0.02
Chinese 0.06 0.04
Vietnamese 0.05 0.04
Somali 0.03 0.05
Other 0.41 0.28
Special education 0.01 0.00 0.3
SIFE 0.19 0.14 0.049
Initial ELP, lowest level 0.65 0.91 <0.001
FRPL 0.614 0.92 <0.001
3:21;)2; Z?r(ilvji;trwt characteristics (in M M
School % EL 0.11 0.15 <0.001
School % Ever-EL 0.18 0.28 <0.001
School % Recent Immig. 0.03 0.02 0.20
School % FRPL 0.58 0.77 <0.001
District % EL 0.15 0.16 <0.001
District % Ever-EL 0.21 0.23 <0.001
District % Recent Immig 0.01 0.01
District % FRPL. 0.57 0.66 <0.001

Note. EL=English learner. FRPL=Free/teduced price lunch. SIFE= Student with interrupted formal education.
ELP=English language proficiency. Recent immigrants are students who’ve been in the country three years or fewer.
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Table A2. Within Schools that Offer Newcomer Programs (N=28), Students Characteristics by Whether in a

Newcomer Program
Not in Newc_orner Program Ina Newco_mer Program pvalue
(N=313) (N=334)
Student demographics (7o) (7o)
Grade of arrival <0.001
6 0.06 0.09
7 0.06 0.13
8 0.09 0.12
9 0.38 0.24
10 0.18 0.15
11 0.15 0.14
12 0.09 0.12
Female 0.41 0.47 0.12
Race/Ethnicity 0.012
Multi-Ethnic & ATAN 0.02 0.00
Asian/Pacific Islander 0.24 0.19
Black 0.10 0.12
Hispanic/Latinx 0.50 0.60
White 0.14 0.09
Language <0.001
Spanish 0.43 0.56
Arabic 0.08 0.02
Chinese 0.04 0.04
Vietnamese 0.03 0.04
Somali 0.02 0.05
Other 0.39 0.28
Special education 0.02 0.00 0.11
SIFE 0.22 0.14 0.011
Initial ELP, lowest 0.73 0.91 <0.001
FRPL 0.72 0.92 <0.001
3:::2} er(iivcii;tnct characteristics (in M M
School % EL 0.11 0.15 <0.001
School % Ever-EL 0.20 0.28 <0.001
School % Recent Immig,. 0.01 0.02 <0.001
School % FRPL 0.67 0.77 <0.001
District % EL 0.19 0.16 0.008
District % Ever-EL 0.26 0.23 0.002
District % Recent Immig 0.01 0.01 <0.001
District % FRPL 0.67 0.66 0.007

Note. EL=English learner. FRPL=Free/reduced price lunch. SIFE= Student with interrupted formal education.

ELP=English language proficiency. Recent immigrants are students who’ve been in the country three years or fewer.
g guage p y g y y
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Table A3. Relationship between Student Characteristics and Probability of ELA and Math Course Enrollment, Multilevel Models

ELA Math

1 1T 111 1 11 111
Predictors 95% C1 Estimates 95% CI Estimates 95% CI Estimates 95% CI Estimates 95% CI Estimates 95% CI
Year in school (0.095; 0.123)  0.093***  (0.081; 0.104)  0.092*%**  (0.081; 0.104)  0.027*%* 0.018;0.036  0.021*** (0.013; 0.029 0.021*** 0.013; 0.029
SIFE (-0.064; 0.002)  -0.039*¢ (-0.072; -0.005) -0.041** (-0.074; -0.008) -0.062*** -0.084;-0.039 -0.055*** -0.080; -0.031 -0.055*** -0.080;-0.031
%illlqlrtlii_c/AIAN (-0.071; 0.135) 0 (-0.090; 0.089) 0 (-0.090; 0.089) 0.016  -0.054;0.085  0.012  -0.055;0.079  0.013  -0.054; 0.080
Asian/PI (-0.016; 0.055)  0.016  -(0.013;0.046)  0.017  (-0.013; 0.046) 0.014  -0.010;0.038  0.013  -0.009;0.035  0.013  -0.009; 0.035
Hispanic/Latinx -(0.052; 0.042)  -0.043*+ (-0.082;-0.004) -0.041* -(0.080; -0.001) -0.016  -0.047;0.016  -0.003  -0.033;0.026  -0.003  -0.032; 0.027
Black (-0.043; 0.024)  -0.005  (-0.035;0.025)  -0.006  (-0.036; 0.023)  -0.047** -0.069;-0.024  -0.02  -0.042;0.002 -0.022  -0.044; 0.001
Tnitial EL.P (0.104; 0.158)  0.138**  (0.115;0.161) 0.138*+*  (0.114; 0.161) 0.026**  0.008; 0.044 0.02* 0.003; 0.038 0.02% 0.003; 0.038
FRPL eligible (-0.090; -0.034)  -0.03**  (-0.056; -0.004) -0.032  (-0.058;-0.006)  0.029**  0.010;0.048  0.021*  0.002; 0.041 0.02%* 0.001; 0.040
Iden'tiﬁed for' (-0.153; 0.074)  -0.048  (-0.142; 0.046)  -0.046  (-0.140; 0.048) -0.019  -0.095;0.058  0.015  -0.055;0.085  0.016  -0.054; 0.087
special education
Non-male (-0.016; 0.029)  0.009  (-0.009; 0.028) 0.01 (-0.009; 0.028) -0.01 -0.025; 0.005 -0.015* -0.029;-0.001 -0.015* -0.029; -0.001
Random Effects
o2 0.1 0.1 0.06 0.06
School 00 0.05 0.06 0.03 0.03
District T00 0.02 0.01
School ICC 0.37 0.27 0.36 0.30
District ICC 0.11 0.07
Observations 5156 5156 5156 5156 5156
R2 / R2adjusted 0085 / 0.081 0.075 / 0.426 0.076 / 0.419 0.058 / 0.054 0.032 / 0.389 0.034 / 0.380
AIC 3541.626 3571.27 1345.145 556.651 569.847

Note. Models also include fixed effects for grade of arrival. There were 98 districts and 349 schools represented in the sample.

Islander, ELP=English language proficiency, FRPL=Free/reduced price lunch
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Table A4. Relationship between Student Characteristics and Probability of Science and Social Studies Course Enrollment, Multilevel Models

Science Social Studies

1 1T 111 1 11 111
Predictors Estimates  95% CI ~ Estimates  95% CI ~ Estimates  95% CI Estimates  95% CI  Estimates  95% CI  Estimates  95% CI
Year in school 0.124*%F (0.110;0.138 0.114* 0.101; 0.127 0.114* 0.101;0.127  0.099*** 0.084; 0.114 0.084*** (0.071; 0.097 0.084*+* 0.071; 0.098
SIFE -0.03  -0.064; 0.004 -0.085%*F -0.123; -0.047 -0.084*** -0.122;-0.047  -0.015 -0.051; 0.022 -0.095%F* -0.134; -0.057 -0.094*** -0.133; -0.056
Multi-Ethnic/ATAN 0.035 -0.070;0.140 -0.032 -0.134;0.070  -0.03  -0.132;0.071 0.024  -0.089;0.137 0 -0.104; 0.104  0.005  -0.099; 0.109
Asian/PI 0.03  -0.006; 0.066  0.028 -0.006;0.062 0.028 -0.006;0.062  0.019  -0.020; 0.057 0.025 -0.009; 0.060  0.025 -0.010; 0.059
Hispanic/Latinx -0.038  -0.085;0.010 -0.039  -0.084;0.007 -0.039 -0.084;0.007  -0.037 -0.089;0.014 -0.017 -0.063;0.029 -0.017 -0.063; 0.030
Black -0.012  -0.046;0.022  -0.025 -0.059;0.009 -0.028 -0.062;0.006  -0.008 -0.045;0.029 0.014 -0.021;0.048 0.009 -0.025; 0.044
Initial ELP 0.139%%F 0.112;0.167  0.12%*  0.093; 0.146  0.12%*  0.093; 0.147  0.14*%  0.110;0.169 0.119%%* 0.092; 0.146 0.119**¢ 0.092; 0.147
FRPL eligible -0.04*¢  -0.069;-0.011  0.001  -0.028; 0.031 0 -0.029; 0.030 -0.092*** -0.123;-0.061 -0.012 -0.043;0.018 -0.015 -0.045;0.015
Identified for special education -0.008  -0.123;0.108 -0.032  -0.140;0.076 -0.029 -0.138;0.079  -0.019 -0.143;0.106 -0.051 -0.161;0.059 -0.047 -0.157;0.063
Non-male -0.005 -0.028;0.018  -0.02  -0.041;0.001 -0.02  -0.041;0.002  0.011 -0.014;0.035 0.001 -0.021;0.023 0.002  -0.020; 0.024
Random Effects
o2 0.14 0.14 0.14 0.14
School 00 0.03 0.03 0.04 0.06
District 100 0.004 0.01
School ICC 0.19 0.17 0.28 0.22
District ICC 0.02 0.07
Observations 5156 5156 5156 5156 5156 5156
R2 / R2 adjusted 0.128 / 0.125 0.100 / 0.276 0.102 / 0.274 0.104 / 0.101 0.089 / 0.353 0.091 / 0.348
AIC 5669.936 4938.236 4941.059 6400.872 5137.423 5155.26

Note. Models also include fixed effects for grade of arrival. There were 98 districts and 349 schools represented in the sample.
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Table A5. Summary Statistics for Research Question 2 Analytic Sample, Matched

Year 1 Year 2 Year 3
Not in Not in Not in
Newcomer N;z;;rr;ler Newcomer N;;Z;(r);i:r Newcomer NPer \Z;);:r
Program Program Program
N = 682 N =274  pvalue N = 369 N=158  pvalue N =270 N=106  p-value

Arrival Grade >0.9 >0.9 >0.9

6 0.08 0.08 0.07 0.07 0.11 0.11

7 0.13 0.13 0.12 0.12 0.17 0.17

8 0.11 0.11 0.09 0.09 0.12 0.12

9 0.27 0.27 0.32 0.32 0.34 0.34

10 0.15 0.15 0.15 0.15 0.17 0.17

11 0.13 0.13 0.13 0.13 0.06 0.06

12 0.14 0.14 0.11 0.11 0.03 0.03
Female 0.42 0.48 0.43 0.46 0.9 0.41 0.52 0.9
Race/Ethnicity >0.9 >0.9 >0.9

%I“/it;Ethmc & 0.00 0.00 0.00 0.00 0.00 0.00

Asian/Pacific

Islander 0.18 0.18 0.20 0.20 0.17 0.17

Black 0.09 0.09 0.08 0.08 0.13 0.13

Hispanic/Latinx 0.64 0.64 0.60 0.60 0.58 0.58

White 0.08 0.08 0.11 0.11 0.11 0.11
Language >0.9 >0.9 0.8

Spanish 0.66 0.66 0.65 0.63 0.51 0.53

Arabic 0.02 0.02 0.02 0.02 0.06 0.03

Chinese 0.03 0.03 0.02 0.02 0.03 0.02

Vietnamese 0.03 0.03 0.04 0.03 0.06 0.06

Somali 0.02 0.03 0.02 0.03 0.08 0.05

Other 0.24 0.24 0.26 0.27 0.27 0.32
Special Education 0.01 0.00 0.2 0.01 0.01 0.5 0.01 0.01 0.8
SIFE 0.09 0.09 >0.9 0.07 0.07 >0.9 0.08 0.08 >0.9
Initial ELP > 0 0.08 0.07 0.08 0.08 0.08 0.08
FRPL Eligible 0.92 0.92 >0.9 0.95 0.94 0.70 0.92 0.92 0.6
School & district
chars (yr. arrival)
School % EL 0.08 0.14 <0.001 0.08 0.12 <0.001 0.11 0.11 0.30
School % Fver-EL 0.16 0.26 <0.001 0.15 0.25 <0.001 0.24 0.26 0.20
School % Immig. 0.01 0.02 <0.001 0.01 0.01 0.40 0.01 0.01 <0.001
School % FRPL 0.68 0.76 <0.001 0.67 0.74 0.20 0.66 0.72 0.40
District % EL 0.12 0.16 <0.001 0.11 0.15 <0.001 0.16 0.14 0.08
District % Ever-EL 0.18 023 <0.001 0.17 0.23 <0.001 0.26 0.23 0.02
District % Immig. 0.01 0.01 0.13 0.01 0.01 0.60 0.01 0.01 <0.001
District % FRPL 0.65 0.66 0.20 0.65 0.64 0.70 0.64 0.62 0.20

Note. EL=English learner. FRPL=Free/reduced price lunch. Immig.=Immigrant students who’ve been in the country three years or fewer.

92



Table A6. Estimated Relationship between Newcomer Program Participation and Conrse Enrollment, Unmatched Sample

Model I: Cov. Adj Model IT: Cov. Adj. w/Chrt FE Model II: Cov. Adj. w/Chrt & Dist. FE
Year 1 Year 2 Year 3 Year 4 Year 1 Year 2 Year 3 Year 4 Year 1 Year 2 Year 3 Year 4
ELA
Newcomer -0.284* [- -0.148. - -0.124* [- -0.019 -0.274% - -0.153. [ -0.124* |- -0.019 |- -0.227. |- -0.082 |- -0.071 -0.031 [-
Program [95 0.515; - 0.3006; 0.225; - [-0.108; 0.502; - 0.312; 0.225; - 0.108; 0.482; 0.195; [-0.163; 0.103;
% CI]J 0.053] 0.011] 0.023] 0.070] 0.045] 0.006] 0.023] 0.070] 0.027] 0.030] 0.021] 0.041]
Math
Newcomer 0.045 0.027 0.015 0.002 0.046 0.025 0.015 0.002 0.061. -0.003 [- -0.032* [- 0.008
Program [95 [-0.063; [-0.019; [-0.023; [-0.084; [-0.063; [-0.020; [-0.024; [-0.084; [-0.009; 0.038; 0.060; - [-0.101;
% CI] 0.154] 0.073] 0.053] 0.088] 0.155] 0.070] 0.053] 0.088] 0.131] 0.032] 0.004] 0.117]
Science
Newcomer -0.123 -0.105 [- -0.042 [- 0.115* -0.120 [- -0.107 [- -0.042 [- 0.115* -0.110 [- -0.094 [- -0.075. [- -0.014 [-
Program [95 [-0.337; 0.263; 0.114; [0.021; 0.333; 0.267; 0.114; [0.021; 0.361; 0.277; 0.154; 0.138;
% CI] 0.090] 0.052] 0.029] 0.208] 0.094] 0.052] 0.030] 0.208] 0.142] 0.090] 0.004] 0.110]
Social
Studies
-0.180 -0.111. -0.065 |- 0.108. -0.178 |- -0.109. |- -0.065 [- 0.108. -0.173 |- -0.083 |- -0.171%* 0.150.
Newcomer [-0.405; [-0.227; 0.154; [-0.012; 0.400; 0.221; 0.155; [-0.012; 0.487; 0.188; [-0.279; - [-0.019;
Er(glf]am [95 0.045] 0.004] 0.024] 0.227] 0.044] 0.003] 0.025] 0.227] 0.141] 0.022] 0.003] 0.318]
0
Cov. X X X X X X X X X X X X
Chrt. FE X X X X X X X X
Dist. FE X X X X
N 2,370 1,446 943 303 2,370 1,446 943 303 2,370 1,446 943 303

Note. p<.01, #<.05, ¥p<.01, *#»<.001. N represents the total student observations in the model. Estimates are accompanied by 95% confidence intervals. Results are presented for three
model specifications, each estimated for each separate subject and year in the data. Cov.= mode that includes student, school, and district-level covariates. Chrt FE=Cohort fixed effects, Dist.
FE=District fixed effects.
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Figure A1. Percent of Students in a Given Language Instruction Program Combination Over Time, 2015/16-

2018/19
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Note. Figure represents the combined language instruction programs used to provide English language development (ELD) and
support cote content access for immigrant EL-classified students who atrived in grades 6-12 from 2015/16-2018/19. While the initial
year (0) reports data for 2,370 students, this number shrinks over time due to the combination of cohorts into one sample and students
exiting the data set.
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Figure A2. Science Course Access for Arriving Immigrant EL-Classified Students, EL-Classified Students, and Students who are neither EL-Classified, nor
Arriving Immigrant Students
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Figure A3. Social Studies Course Access for Arriving Immigrant EL-Classified Students, EL-Classified Students, and Students who are neither EL-Classified,
nor Arriving Immigrant Students
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Figure A4. Percent of Secondary-Age Arriving Immigrant E1-Classified Students Enrolled in a Given Subject Area by Whether or Not they are Eligible for
Free/ Reduced Price Iunch (Panel 1) and Race/ Ethnicity (Panel 11)
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Note. AIAN=American Indian/Alaska Native, FRPL=Free/reduced price lunch. Figures in Panel 1 and 2 represents the proportion of students enrolled in a given core content
area over time, for 4,645 students who artived in grades 6-12 from 2013/14-2018/19.
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Figure A5. Percent of Secondary-Age Arriving Immigrant EI-Classified Students Enrolled in a Given Subject Area by Whether or Not they are ldentified as
Having Interrupted Formal Education (Panel 1), or Initial ELP 1 evel (Panel 11)
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Note. ELP=English language proficiency, SIFE=Student with interrupted formal education. Panel 1 represents the proportion of students enrolled in a given core content area over
time, by whether they were identified as having interrupted formal education, for 3,185 students who arrived in grades 6-12 from 2015/16-2018/19. Panel 2 represents the proportion of
students enrolled in a given core content area over time, by whether their initial English proficiency was assessed at the lowest level, or above the lowest level, for 2,398 students who
arrived in grades 6-12 from 2015/16-2018/19
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Figure A6. Relationship between Newcomer Program Participation and Conrse Access, Alternative Matching Specifications and Unmatched Sample, District
Fixed Effects Specification
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Figure A7. Relationship between Newcomer Program Participation and Course Access, Alternative Specifications, Cobort Fixed Effects Specification
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CHAPTER III: THE ESTIMATED IMPACT OF A STATE ENGLISH LEARNER
ACCOUNTABILITY AND SUPPORT POLICY ON DISTRICT AND STUDENT
OUTCOMES IN OREGON

Across education agencies there is a shared responsibility to ensure that students classified as
English learners (EL) have equitable access to meaningful learning opportunities (Equal Educational
Opportunities Act, 1974). Towards this responsibility, federal, state, and local education agencies all
shape EL education through policy development and implementation. The state holds a large role in
this process (Mitra, 2017). There are many pathways through which the state can shape EL education
at the local level (Umansky & Porter, 2020). This includes setting accountability metrics, providing
professional development, allocating funds, and developing supports and laws (Martinez & Spikes,
2020; Mitra, 2017; Tanenbaum et al., 2012; Umansky & Porter, 2020). However, we have limited
evidence on the impacts of many of these policy levers—with a need for stronger evidence on ways
state education agencies can provide effective, efficient supports that result in meaningful changes for
EL-classified students. The ElL-classified student population is growing and inequities in both access
to opportunities and outcomes persist. Additionally, districts and schools continue to report that they
teel under-supported in much of their EL work, with limited resources and guidance (Gandara et al.,
2005; Sugarman, 2016; Tanenbaum et al., 2012). While state education agencies are positioned to play
a large role in addressing inequities through EL policy decisions, they also operate within a resource-
constrained environment (Tannenbaum, et al., 2012). Thus, research on effective, efficient state
polices to support districts and schools in their EL work is a critical area for study.

In Oregon, the passage of a state-level policy, House Bill (HB) 3499, created the conditions to
study how a state support and accountability policy impacted the outcomes of EL-classified students
in struggling, high-need districts. As HB 3499 was signed into law in 2015, Oregon governor Kate

Brown (2015) described the policy as
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...alaw that I anticipate will be seen as a watershed moment for education in our state;

one where we gave new focus to the needs of Oregon students who are becoming

bilingual...demonstrating how cooperation can provide the opportunity for each

student to reach her or his full potential.

The policy had multiple elements, including the development of a statewide strategic plan. However,
a key element of the policy was focused on identifying and supporting districts struggling to meet their
EL-classified students’ needs. Through HB 3499, 40 districts were identified as both struggling to
meet their EL-classified students’ needs and facing high levels of need given their EL-classified student
population. These 40 districts received a multi-pronged intervention from 2016/17 to 2019/20. The
intervention consisted of additional funding and technical assistance, as well as increased
accountability (Oregon Revised Statutes [ORS] § 604). Within the intervention, 25 districts were
designated Target districts, a lower-intensity intervention, and 15 districts were designated
Transformation districts, a higher-intensity intervention. At the end of the four-year cycle, the Oregon
Department of Education (ODE) evaluated whether each district had met a series of state-established
accountability indicators, with districts either exiting out of the intervention, entering monitored
status, or entering a stage of directed funding, depending on their outcomes on the indicators. For
districts under directed funding, ODE assumed control of their EL-specific expenditures for up to
three years, or until the district met their accountability indicators.

ElL-classified students have incredible assets and strengths too often constricted by structural
and social barriers in U.S. schools (Valenzuela & Rubio, 2018). It is critical that education policy,
including state education policy, move towards a better understanding of how to support local
education agencies in appropriately serving EL-classified students. In this study, I examine the impact
of HB 3499 on a set of proximal and distal outcomes—with the goal of capturing a range of ways in
which the policy may have translated into change within identified districts in the first three years
following policy implementation. By looking at proximal outcomes, such as EL expenditures per EL-

classified student and the ratio of teachers who are ESOL-endorsed to EL-classified students, I aim
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to capture effects that may not immediately present themselves as changes in student outcomes but
represent shifts that may eventually impact EL-classified student outcomes. I also look at distal
outcomes, including the likelihood that an EL-classified student receives bilingual education services
and students’ English language arts (ELLA) and math outcomes. These outcomes are potential evidence
the policy impacted instructional environments and learning outcomes of ElL-classified students.

An analysis of HB 3499 can yield important information for state agencies nationwide
interested in policy approaches to strengthen EL services and outcomes. These analyses will also
provide important information for Oregon policymakers interested in understanding the policy
impacts of HB 3499, both to evaluate the policy implementation as well as inform work with future
HB 3499 cohorts. Additionally, HB 3499 was not a uniform intervention—some districts received
more funding and technical assistance than others. As such, it may be of interest to see whether effects
descriptively differed by whether they were estimated for districts that received a higher-intensity
treatment or a lower-intensity treatment. In this study, I ask the following research questions regarding
policy effects in the first three years of the policy:

1. What is the estimated effect of HB 3499 identification on:
a. district EL expenditures per EL-classified student?
b. the ratio of teachers who hold an ESOL endorsement to EL-classified students?
c. the probability that an El-classified student receives bilingual services?
d. EL-classified students’ ELA and math standardized assessment scores?
2. Do estimated effects of HB 3499 identification differ across Transformation and Target
districts?

In the following section, I provide a brief overview of research on EL funding, technical

assistance, and accountability—the three intervention elements of HB 3499. I also highlight research

on a policy of similar design but focused on whole-school performance—School Improvement
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Grants (SIG). I then describe the HB 3499 policy in more detail before outlining a theoretical framing
for why it is expected that the policy would impact the outcomes studied. I move to a description of
the data and analytic approach before presenting results and concluding with a discussion.
Background on State English Learner Policy

There are many ways in which state governments shape EL education (Umansky & Porter, 2020).
HB 3499 integrates three types of policies into one overarching intervention—the provision of
additional funding specific for EL expenses, the provision of technical assistance focused on EL
education, and the increased accountability regarding El.-classified students. In this section, I outline
research on each of these policy levers in EL. education, contextualized within the current policy
landscape. I close the section with a brief review of research on whole-school improvement grants, an
intervention model with important parallels to HB 3499.
Funding

Funding is an important policy lever that facilitates the legally obligated supports and services

that come with EL classification (Jimenez-Castellanos & Topper, 2012; Sugarman, 2016). There is
strong evidence that funding impacts outcomes for all students, with additional funding linked to
improved academic and labor market outcomes for students (Jackson, 2020). While there is no causal
study of the impact of additional funds for EL-classified students specifically, there are multiple studies
that examine the impact of additional targeted funds for students facing challenges such as poverty or
educational disadvantage. For example, evidence from North Carolina’s Disadvantaged Student
Supplemental Fund suggests that additional targeted funds for districts facing high need regarding
student poverty, low academic achievement, and challenges in retaining teachers resulted in academic
improvement for all students, including those who had entered high school not proficient in math or
ELA (Henry et al., 2010). Similar work has examined the impact of Title I eligibility, where funds are

allocated to districts serving large populations of economically disadvantaged students and families
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(Jackson, 2020). There is mixed evidence of the impact of Title I, as the impact of being eligible for
these additional funds did not lead to improvements for low-income districts in New York (van der
Klaauw, 2008), but there is suggestive evidence in other states that the funds resulted in improved
educational outcomes (Jackson, 2020).

There is reason to believe that additional funds may be particularly critical for schools facing
high-need regarding their EL.-classified student population. With educational goals and rights that, at
a minimum, encompass both grade-level content standards and the development of the English
language, there is consensus that additional funds are required above and beyond those allocated per
pupil to provide the level of supports and services necessary for EL-classified students’ core rights to
be met (Jimenez-Castellanos & Topper, 2012; Sugarman, 2016). Key services that have been linked to
beneficial outcomes for EL-classified students and require additional funds include bilingual services
(Steele et al., 2018), effective teachers and teacher professional development (Sugarman, 2016), co-
teaching models (Chitiyo, 2017), and specialized curricula (Okhremtchouk, 2017). As research finds
positive impacts of additional funding for students facing economic or education disadvantage (Henry
et al., 2010), such benefits may extend to EL-classified students who also often are experiencing
overlapping challenges.

Both the federal and state government play a role in providing additional funds for EL
expenditures. The majority of federal funds specific to EL-classified students come through Title I1I
(Sugarman, 2016). Title III funds are allocated to each state based on their demographics; states then
distribute funds to local education agencies based on their EL-classified student and immigrant
student (arrived within the last three years) populations (Sugarman, 2016). Title III funds must be used
for a set of allowable expenses, and “recipients may not use those [Title I1I] funds to pay for services
that, in the absence of Title III funds, would be necessary to be provided by other Federal, or State,

ot local funds” (U.S. Department of Education, 2016, p. 2). Despite growing EL-classified student
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populations, Title III funds have largely remained flat over the last years (Williams, 2020). Specifically,
Williams (2020) reportts that Title I1I was appropriated 737.4 million dollars in 2016, roughly $150 per
EL-classified student, down from the estimated $175 per EL-classified student in the early 2000s.

State policies also influence the amount of EL-specific funds that districts receive. The three
most common state-level approaches for determining the amount of funding to provide per EL-
classified student include: a) a weighted funding formula that provides additional funds weighted by
the number of EL-classified students, b) allocating additional categorical funds; and c) reimbursement
methods (Education Commission of the States [ECS], 2021; Sugarman, 2016). Weighted formulas are
the most common, with varied weights (Sugarman, 2016). Some weights are the same for all EL-
classified students. In Oregon, for example, EL-classified students are counted at an additional 0.5
weight in the state funding formula (ORS § 327.013). In Florida the weight is 0.199, in Rhode Island
0.1, and in Maryland 1.0 (ECS, 2021). Weights may vary by students’ English proficiency level, as in
Hawaii, or by the number of EL-classified students in each school, as in Maine (ECS, 2021). Other
states, such as West Virginia, use a categorical grant or resource allocation approach, while states such
as Wyoming and Virginia use a model where funds are allocated for EL teachers following a
determined EL-classified student/teacher ratio (ECS, 2021).

Variation in state EL funding allocation is further compounded by differences in overall state
and local funding levels (Sugarman, 2017). There are also other sources of funding that may support
programs and services that EL-classified students participate in or benefit from, such as state-provided
bilingual education grants or Refugee School Impact Grants (Office of Refugee Resettlement, 2017),
although these are not tied to EL-classification specifically. Across this variation in funding sources
and approaches, many argue that EL-specific funds are typically lower than what is necessary to

provide the necessary services and supports (Jimenez-Castellanos & Topper, 2012; Okhremtchouk,
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2017). Additional funds, especially if targeting high-need districts, may be a critical source of supports
for districts serving EL-classified students.
Technical Assistance

Another important state-provided intervention to support EL education is technical
assistance. Technical assistance in education broadly refers to capacity-building efforts provided to
districts and schools (Strunk & McEachin, 2014; Strunk et al., 2014). States are often the primary
source for district and school technical assistance, either through directly providing assistance or
contracting external providers to provide the support (Strunk & McEachin, 2014). EL-focused
technical assistance is an important source of support for districts and schools (Linquanti, 2014). A
Title III evaluation from the early 2000s found that 45 states reported that they provide technical
assistance focused on EL-classified students (Taylor et al., 2010), while an updated version reported
all fifty states and Washington DC provided technical assistance (Tanenbaum et al. 2012). Common
topics included standards and assessments, testing accommodations, instruction, finances, data use,
and professional development. While important, there are gaps between the amount of technical
assistance schools report they need and what is provided (Tanenbaum et al., 2012; Taylor et al., 2010).

There is limited research on the impacts of technical assistance. As an exception, state-
provided intensive technical assistance in California positively impacted students’ math scores as well
as closed select achievement gaps between marginalized students and their peers (Strunk et al., 2014,
Strunk & McEachin, 2014). Districts and schools report that they need more support and guidance in
order to provide the necessary services for EL-classified students (Gandara et al., 2005), with the state

well-positioned to fill this role through the provision of technical assistance (Linquanti, 2014).

115



Accountability

A third policy lever in EL education is accountability. In education, accountability systems
broadly encompass a set of policy parameters that identify a set of educational objectives and put into
place either rewards or sanctions for performance on these objectives (Levin, 1974). The study of
accountability policy impacts on student outcomes has yielded mixed findings, with effects that range
from negative, to null, to positive. (Chiang, 2009; Figlio & Ladd, 2008; Holbein & I.add, 2017). In EL
education specifically, accountability policy research has focused largely on the potential for negative
effects of whole-school accountability measures on El.-classified students’ learning opportunities and
outcomes (Menken & Solorza, 2014; Palmer & Snodgrass Rangel, 2011). In particular, the introduction
of high stakes testing and accountability policies may lead to a focus on test preparation, crowding out
opportunities for rich instruction on the English language or bilingual instruction focused on the target
language (Palmer & Snodgrass Rangel, 2011). In New York, for example, testing and accountability
pressures led to movement away from bilingual programs to English-only programs amidst test score
concerns (Menken & Solorza, 2014). However, these described accountability systems have focused
on whole-school performance, not EL-classified students’ performance, specifically. Additionally, the
inclusion of EL-classified students in accountability systems, either through required benchmarks for
English language proficiency development or disaggregated reporting for other measures, brings
important institutional attention towards an underserved population (Morita-Mullaney & Singh, 2021).

EL-classified students are present in federal accountability policy in important ways. Under
the most recent Elementary and Secondary Education Act (1965), the Every Student Succeeds Act
([ESSAJ; 2016), federal accountability for El-classified students’ linguistic growth shifted from Title
III to Title I, meaning that the accountability parameters no longer just apply to districts receiving
Title III funds, but would fall under the same accountability process as Title I districts (Goldschmidt

& Hakuta, 2017). The accountability parameters that apply to EL-classified students focus primarily
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on English language proficiency growth and status (ESSA, 2016). As an additional accountability
parameter, however, states must include in their statewide accountability systems performance
outcomes for different student groups, including ElL-classified students. These outcomes include
academic performance, high school completion, and school quality or student success (Sugarman,
2020).

While ESSA (2016) outlines the broad strokes of accountability for El-classified students,
many specifics are determined at the state level (Goldschmidt & Hakuta, 2017). The accountability
framework decisions held at the state level include the type of model used to quantify English language
proficiency growth, how to incorporate recently arrived immigrant students, the minimum sample size
at which reporting is required, and the goals for student progress (Goldschmidt & Hakuta, 2017).
Additionally, states may contribute to accountability frameworks outside of ESSA, such as school
turnaround efforts (Morando Rhim & Redding, 2014). State accountability policies can shape the
narrative around what is important in schools, as well as introduce strong incentives to shape local
behavior (Morando Rhim & Redding, 2014).

School Improvement Grants

The integration of these three policy levers described above—funding, technical assistance,
and increased accountability—is similar in design and approach to policies implemented through the
School Improvement Grant (SIG) program (U.S. Department of Education, 2016). The SIG program
is a federal program aimed at identifying the lowest performing schools in the country for
intervention—including funding, technical assistance, and increased accountability pressures
(Morando Rhim & Redding, 2014). Importantly, while the intervention components are similar, HB
3499 is focused on EL-classified students specifically, while SIG is focused on whole-school
improvement efforts (Title 1 § 1003(g)). Additionally, the SIG interventions are much larger in scope

(Morando Rhim & Redding, 2014). Despite these ditferences, understanding the research on the
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impacts of SIG identification can help to contextualize the study of HB 3499 as a policy of similar
design, but narrower focus and smaller scope.

Research on the impact of being identified for the SIG program yields mixed findings. Positive
effects of SIG identification were found in California (Dee, 2012; Sun et al., 2017), Kentucky (Bonilla
& Dee, 2020), and Ohio (Carlson & Lavertu, 2018), and either null, negative, or mixed effects in Texas
(Dickey-Griffith, 2013), Louisiana (Dee & Dizon-Ross, 2019), Rhode Island (Dougherty & Weiner,
2019), and North Carolina (Heissel & Ladd, 2016; Henry et al., 2015). Improvement efforts may not
be observed in student outcomes until multiple years after identification (Sun etal., 2017), and positive
impacts were concentrated among the districts that implemented the most intensive school
turnaround models (Dee, 2012). Key takeaways from this work are that school context likely plays a
role in determining whether or not the intervention yields meaningful change, and that impacts may
not show up until years after intervention.

House Bill 3499

Oregon has experienced a significant demographic shift, seeing increased racial, ethnic, and
linguistic diversity. This includes an increase in the proportion of students who are current and former
EL-classified students (ODE, 2019). While noting academic gains over the past years, EL-classified
students in Oregon face disparities in academic outcomes in comparison to never El-classified
students (ODE, 2019). In response to a growing El-classified student population and persistent
disparities in outcomes, HB 3499 was passed in 2015. A policy component required that 12.5 million
dollars be allocated to the Statewide English Language Learner Program Account each biennium.
Funds from this account would then be allocated to cohorts of districts identified as HB 3499 districts.
Some districts would be Transformation districts, set to receive a more intensive intervention, and

some would be Target districts, set to receive a lighter touch intervention.
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HB 3499 Identification

With guidance from an external stakeholder group, ODE constructed and applied a needs
index and outcomes index using data from 2013/14 and 2014/15 to identify the first cohort of
districts. The needs index was an unweighted combination'' of districts’ percent of ever EL-classified
students, the percentages of ever El-classified students who were economically disadvantaged,
homeless, migrant, recent arrivers (arrived within the last three years), and mobile (attended more than
one school within the school year, exited without earning a diploma, or had a significant enrollment
gap), and the district small area income and poverty estimate (a measure that combines total
population, number of children ages 5 to 17, and number of related children ages 5 to 17 in families
in poverty into a singular value). The outcomes index was a weighted combination'” of cutrrent EL-
classified students’ English language proficiency growth (excluding kindergarten; weighted 0.45), the
five-year ever-EL adjusted cohort graduation rate (weighted 0.35), growth on the standardized math
assessment for ever-El-classified students in grades 6-8" (weighted 0.15), and post-secondary ever-
EL enrollment (weighted 0.05). Both indices were scaled 0 to 100, with 0 as low and 100 as high.

These indices guided identification. All districts that had fewer than 20 EL-classified students
were not eligible for identification, regardless of their combined needs/outcomes index. Of the
districts that did have 20 or more EL-classified students and were eligible for identification (#=97),
those above the 47th percentile in need and below the 53rd percentile in outcomes were all identified
as the first cohort of HB 3499 districts, although ODE was able to adjust selection beyond the

intersection of the two indices (ORS § 339.079). The end result was that the threshold guided

1 To create a single value, a district’s value for each of the above elements was transformed into a percentile rank in relation to other
districts; these percentile rank values were then summed, then again converted into a percentile rank value, creating a score on a scale
of 0-100, with higher values indicating higher need (Personal Communication, 2020).

12'To calculate a single measure for each district, each variable was multiplied by its respective weight, those values were summed, then
divided by the total possible points to produce the percentage of points earned. This value was then converted into a percentile.

13 Excluding current EL-classified students whose EL start date occurred on or after July 1, 2013 or whose current English language
proficiency performance levels were ‘1” or “2” and did not use specific accommodations on the mathematics assessment
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identification, but identification was not perfectly aligned with these two criteria. Figure 2.1 maps out
identification by the needs and outcomes indices, with the shaded grey area denoting the area where
treatment was intended. All districts that were above the 47th percentile in need and below the 53rd
in outcome were identified; 12 were Target districts and 15 were Transformation districts. There is no
clear threshold used to distinguish whether a district would be Target or Transformation, although it
the policy states, “The Department may use the demonstrated commitment level of a district's
superintendent and board as a factor in determining whether the district is an ELL transformation or
ELL target district” (OAR § 581-020-0613). Additionally, 13 districts that were below the outcomes
threshold (53" percentile) and below the needs index threshold (not above the 47" percentile) were
identified as Target districts, while 12 other districts in the same quadrant were not.

Figure 2.1 District Needs and Outcomes Indices with Intended Treatment Area Shaded, Weighted by Number of EI -
classified Students in Analytic Sample
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HB 3499 Intervention

In total, 40 districts were identified as the first cohort in the 2016/17 academic year, with
treatment continuing through the 2019/2020 academic year. Fifteen were Transformation districts,
set to receive $180,000 per year and 25 were Target districts, set to receive up to $90,000 per year
(Carnock, 2017). HB 3499 required that districts clearly track their expenditures (ORS § 39.079).
Broadly, HB 3499 funds were intended to support professional development, increasing the number
of ESOL or bilingual endorsed teachers, monitoring, instructional resources, hiring of additional staff,
and extended learning time opportunities, although there were not specific requirements other than
on EL-classified student expenditures (Jimenez-Castellano et al., 2020).

As funds were awarded, ODE was positioned to provide on-going technical assistance for the
years of identification, including support in identifying and evaluating district needs, providing further
individualized support, and overseeing annual professional development (ORS § 39.079). Specifically,
for Transformation districts this included an evidence-based needs assessment, identifying relevant
interventions, guiding implementation and monitoring efforts, and reflecting on the intervention,
while engaging with administrators, staff, families, and community interest holders (OAR § 581-020-
0613). Target districts were also tasked with evaluating their EL programs through a needs assessment
process with support from ODE, although the policy outlined that individual technical assistance
would be provided to Target districts only if resources were available after providing technical
assistance to Transformation districts (OAR § 581-020-0615).

HB 3499 also included an accountability element. Based on districts’ progress on a set of
indicators (described below), after four years districts would fall into one of three categorizations—
directed funding, monitored, or reclassified (ODE, 2021a). Directed funding entailed a process by
which ODE assumed control of funds received under ORS 327.013(1)(c)(A)(ii), which allocates an

additional 0.5 per pupil funding allocation for each current EL-classified student. This spending
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control would last up to three years if districts continued to not meet their expected targets (ORS §
39.079). Monitored status also would last up to three years—districts could be transitioned into
reclassification status if the district demonstrated significant progress or could be transitioned into
directed funding status if they do not demonstrate significant progress (ODE, 2021b). Reclassified
status entails having completed the intervention.

The process by which a district’s final status at the end of four years was determined shifted
during the intervention period in response to community and district feedback (ODE, 2021b). In the
final model, ODE put into place a set of indicators that districts would be evaluated on regarding EL-
classified student outcomes, English language proficiency growth, regular attendance, exclusionary
discipline, ELA achievement, ELLA growth, math achievement, and math growth. Districts received
points for their values on each of these indicators at both the secondary and elementary level in relation
to a set threshold, and these points were then multiplied by weights. Districts could also earn an
additional bonus point if ever-EL outcomes were equal to or better than never EL outcomes on that
indicator, where applicable. Districts then were rated as either making nofable progress if their point value
was 75% or more of the weighted points available, somze progress if their point value was 50-74.9% of
available points, or /Jmited progress if their point value was less than 50%. Districts received a combined
point value for their elementary indicators as well as their secondary indicators and an overall rating
for both. If districts were rated as limited progress on both, they were to be placed in the directed
funding category. If districts meet one of the two, they were to be placed in monitored status. If they
met both, they were reclassified (ODE, 2021b).

A preliminary summary of areas in which districts concentrated their efforts revealed that the
most prevalent focus area was professional development (83% of HB 3499 districts), followed by
patrent/family engagement (75%), student supports (55%), and instructional staff (33%), while other

areas included extended learning, teacher certifications, school climate, and immersion programs
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(ODE, 2020). One in-depth report focused on a Target district found that the district primarily
focused on professional development, hiring consultants to work with teachers on instructional
strategies for academic language development (Pacific Research and Evaluation, 2020).

As of May 2022, three districts were in the directed funding category, 15 in monitored status,
and 22 reclassified (ODE, 2022). By these measures, the majority of HB 3499 districts met many
important goals for their ELL-classified students and were successful in improving their practices and
outcomes. This current study is not meant to take away from this evaluation, but rather add another
lens through which to evaluate the impact of HB 3499 on outcomes, while accounting for other trends
in the state by using non-identified districts as the counterfactual. This study also includes outcomes
outside those considered in the evaluation—specifically including three process-based measures
(expenditures, proportion of teachers who are EOSL endorsed, and likelihood of receiving bilingual
services) that may include important insights into changes among HB 3499 districts.

Theoretical Framework

There are numerous pathways through which HB 3499 identification could be theorized to
impact the outcomes studied. Here I outline how theory suggests each HB 3499 policy lever may
impact the outcomes examined in the study.

Funding

The provision of additional funding specifically earmarked for EL services with required
budgeting stipulations may lead to changes in EL spending and the instructional environment, as well
as academic outcomes. The link between additional funds and EL expenditures is clear, with the
expected outcome that El.-specific expenditures increase. However, given that the amount is not as
large as other targeted funding interventions such as SIG or Title I (Yatsko et al., 2012), it remains to
be seen if the additional funds will result in a significant increase in EL. expenditures. For example,

schools identified for SIG in 2010 through 2012 often saw their budgets double, receiving between
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$50,000 and $2,000,000 per year (Sun et al., 2021), while Title I funds allocate around an additional
$1,000 per student (U.S. Department of Education, 2019). As further context, the additional 0.5
funding weight for EL-classified students translates to roughly an additional $4,200 per EL-classified
student per year. (Jimenez-Castellanos et al., 2020). In comparison, $180,000 or $90,000 per district
may not be enough to see significant spending shifts, especially in districts facing resource constraints.
Additionally, if districts use funds in a manner where they are supplanting, rather than supplementing,
EL expenditures, there may not be a significant increase in EL expenditures per EL-classified student.

I also examine an outcome related to teacher training and certification—the ratio of teachers
who hold ESOL endorsements to EL-classified students. Given that professional development and
teacher certifications were named as potential areas for investment through HB 3499 (Jimenez-
Castellanos et al., 2020; ODE, 2021a), it could be expected that additional funds were directed in ways
to support teachers in accessing ESOL endorsements, or to hire more endorsed teachers. A third
outcome that I examine is the probability that an EL-classified student receives bilingual services. As
bilingual programs benefit EL-classified students’ academic and linguistic outcomes but require funds
above and beyond other program models to implement (Steele et al., 2018), HB 3499 identification
may be an important source of funding to support the expansion of current bilingual programs or
provision of new programs. However, in relation to other funding sources for bilingual expansion,
such as Oregon’s dual language/two-way bilingual grant program (OAR § 581-018-0215), HB 3499
may not have represented an intensive enough intervention to see meaningful shifts in bilingual service
provision once changes are differenced out from non-identified districts.

There are also reasons to believe additional funds may impact El-classified students’ academic
outcomes. Additional funding broadly has been linked to improved student academic outcomes
(Jackson, 2020) and targeted funding for underserved students has been found to positively impact

student academic outcomes (Henry et al., 2010). Additional funds allocated through HB 3499 may
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provide districts with the funds to invest in resources such as hiring of staff focused on EL services
ot instruction, multilingual resources, afterschool tutoring for EL-classified students, and materials for
engagement with families of EL-classified students. If such expenses are spent on evidence-based
costs (Zarate & Gandara, 2019) and sufficient to support EL-classified students across the district,
they are likely to support improved instruction and outcomes, potentially evidenced through improved
performance on standardized ELA and math assessments.
Technical Assistance

In addition to funding, HB 3499 identification includes state-provided technical assistance,
which theory suggests could strengthen both instruction and outcomes. Technical assistance is an
important pathway through which state education agencies support local EL work (Linquanti, 2014;
Tannenbaum et al., 2012; Taylor et al., 2010). As described above, the state worked with districts to
conduct needs assessments, develop strategic plans, and set goals for improvement, while also
providing annual supports and building relationships focused on supporting local EL work. If such
technical assistance is focused on identifying opportunities to implement evidence-based supports,
such as training educators, there may be an increase in the personnel who are endorsed in important
areas, such as ESOL education, given the wide body of evidence on the importance of effective
teachers (Chetty et al., 2014). If technical assistance is focused on supporting local contexts to provide
evidence-based language instruction programs, we may see that bilingual education, a program model
with some of the most consistent, robust evidence on the positive effects for EL-classified students
(Porter et al., in preparation), becomes more widely implemented. We also might expect that state-
provided technical assistance leads to improved academic outcomes due to improvements in
instruction and overall services. This would complement work on the impact of state-provided,

intensive technical assistance in California, which had positive impacts on student outcomes (Strunk

et al., 2014; Strunk & McEachin, 2014).
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Accountability

Beyond funding and technical assistance, the additional level of accountability that comes with
HB 3499 identification may impact instructional environments and student outcomes. In response to
the threat of losing discretion of their EL funding, districts may use expenditures in ways they feel can
support student outcomes, such as investing in ESOL-endorsed teachers, professional development,
and instructional services such as bilingual education to support student outcomes.

Many federal and state education policies have high-stakes accountability elements, with mixed
results as to the impacts of accountability on school-level performance (Chiang, 2009; Figlio & LLadd,
2008; Holbein & Ladd, 2017). Qualitative work has highlighted that accountability pressures can alter
teaching practices (Hamilton et al., 2008; Louis et al., 2005); in the context of HB 3499 accountability
pressures may drive improvement in outcomes for EL-classified students if districts and schools adapt
or change their practices in ways that support El-classified students’ academic outcomes, such as
broader access to bilingual education and improved instructional approaches and materials.
Conversely, accountability pressures could lead to a constriction of bilingual education opportunities
and a loss of authentic English language development opportunities in exchange for “teaching to the
test” if administrators perceive bilingual programs to be inhibiting early academic or English
proficiency development (Menken & Solorza, 2014; Pandya, 2011).

Hypotheses
I hypothesize that HB 3499 identification will result in a small, but significant increase in the ratio
of district EL expenditures to EL-classified students. While the funding amount is relatively low, it
still represents an additional boost to a limited pool of funds. Districts are required to clearly track
expenditures, which would limit, in theory, the risk that districts are redistributing other, non-HB 3499

funds used for ELL expenses towards non-EL costs with the influx of HB 3499 funds.
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I also hypothesize that HB 3499 districts will see, by the third year of identification, an increase in
the ratio of ESOL-endorsed teachers to EL-classified students. Given that this was a focus area of the
policy (Jimenez-Castellanos et al., 2020), increasing the number of ESOL-endorsed teachers seems
like a malleable instructional policy lever that HB 3499 could address. However, earning an
endorsement takes time, and I anticipate effects will not be observable until later year estimates.

I anticipate a small increase in the probability that an El-classified student receives bilingual
services, although given the scope of the intervention is relatively small, and there is likely
heterogeneity across treated districts in how they chose to invest in EL services, I am not confident it
will be statistically distinguishable from zero. Implementing new programs represents a significant
undertaking for districts without existing programs. It is more likely that, if programs are already in
place prior to identification, HB 3499 identification may be better positioned to support the expansion
of existing programs, rather than the implementation of new programs. Only eight HB 3499 districts
had any EL-classified students receiving bilingual services prior to identification, thus it may be
difficult to identify a significant increase in enrollment if the majority of identified districts are facing
the task of developing and implementing full new programs within a three year timeframe.

I anticipate null effects of HB 3499 identification on EL-classified students’ academic outcomes
in the first two years, but, as with ESOL teacher endorsements, by the third year I hypothesize that
the event study will show positive effects. I anticipate that results using ever-EL students will show
positive effects in earlier years. Improvements in teachers’ instruction may take multiple years to result
in improved academic outcomes, especially for currently EL-classified students. Given the nature of
the EL student categorization, positive effects may be more likely to be observed if former EL-
classified students are included in the analysis, as in a sensitivity analysis I conduct.

Finally, while an intervention larger in scope should, in theory, see more precise or larger effects

of HB 3499 across the outcomes examined, I theotize that there will be no evidence that effects differ
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across Target and Transformation districts. The key differences between the two treatments are the
amount of funding and the prioritization of technical assistance. Given that funding amounts are
relatively small in relation to the scale of education funding, I theorize that technical assistance and
accountability will play a larger role in shaping district improvement than funding. I anticipate that
ODE will have provided technical assistance in a way that did not vary widely by whether a district
was a Target or Transformation district. If this is the case, then I anticipate Target or Transformation
designation will not be associated with differential effects.
Data

I draw on a set of Oregon statewide records to conduct this study. For expenditure, teacher
endorsement, and bilingual program outcomes, I use ODE student and district-level data from
2013/14 to 2018/19, with years 2013/14-2015/16 establishing pretreatment trends and years
2016/17-2018/19 establishing post-treatment trends. I only use data from Oregon student-level
records from 2014/15 to 2018/19 for academic outcomes because of a shift in the test from the
Oregon Assessment of Knowledge and Skills (which had different testing requirements) to the
Smarter Balanced Assessment. While the intervention runs through 2019/20 for the cohort, I did not
have access to 2019/20 data because of pandemic related distuptions. I only include data from districts
that had 20 or more EL students, a baseline criterion for eligibility for HB 3499 identification, a total
of 97 school districts.

For student-level data I dropped all observations that were missing data on eligibility for
free/reduced price lunch, race/ethnicity, gender, or language for EL-classified students after imputing
for missing values using modal values from students’ full available data in the dataset. I also drop

observations that are missing data on whether a student was identified for special education services
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or EL-classified. I drop any student who, by way of transferring districts within the state, moved from
treatment to control, or control to treatment post-identification."*

Table 2.1 reports descriptive statistics from the year prior to identification at the district level
by whether districts were non-HB 3499 districts, Target districts, or Transformation districts. On
average, non-HB 3499 districts had larger EL-classified student populations. Target districts tended
to have smaller EL-classified student populations, as well as smaller student populations overall, while
Transformation districts, on average, had a higher proportion of their students who were EL-
classified, as well as larger EL populations than Target districts.

Table 2.1 District-Level Descriptive Statistics by Identification Type, 2015/ 16

Not HB 3499 Target Transformation

M M M
EL expenditures $2,007,932.42 $1,032,511.40 $1,536,099.54
EL exp/EL $3,041.13 $3,213.91 $3,087.16
EL exp/Total expenditures 0.02 0.01 0.03
Total EL 637.75 323.52 567.07
District % EL 0.09 0.06 0.13
District % Ever-EL 0.18 0.13 0.24
District % special education 0.14 0.14 0.14
District % nonwhite 0.35 0.28 0.44
District Size 5,802.86 433416 5,313.40
ESOL endorsed teachers 0.14 0.19 0.10
Needs index 48.10 40.26 76.47
Outcomes index 69.55 22.33 26.36
N 57 25 15

Note. All school districts in Oregon were eligible for potential HB 3499 identification if they enrolled 20 or
more EL students in the 2014/15 school yeat, a total of 97 school districts. EL=English learner. HB=House
bill. FRPL=Ftee/teduced price lunch. Statistics repott the average value of student or district-level
characteristics in the year prior to HB 3499 identification by whether the district was identified in the
following year.

District EL Expenditures

14 In total, 4,013 EL-classified student-year observations (1,207 EL-classified students) were dropped due to transferring in the data.
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A primary outcome in this study is district EL expenditures per EL-classified student. Districts
provide expenditure data to the state, detailing expenditures by function, which identifies the overall
spending category, and object, which captures the service or commodity bought. I used the ODE
(2019) public budgeting manual to identify, by a combination of function and object codes,
expenditures specific to EL education. This was primarily denoted through the overall function code
being 1291" or 1295'° although other special cases outlined in the manual identified further EL-
specific expenditures, typically those in translation and interpretation services." The HB 3499 policy
states that Transformation districts were set to receive $180,000 per year, and Target districts $90,000.
When dividing the projected amount by the total EL-classified students in a given year for post-
treatment district/year observations across years, the average additional per-EL funding amount for
Transformation districts is about $880/EL-classified student a year. For Target districts the amount
is higher, about $2,000/EL-classified student a year.

I summed EL-specific expenditures within district and year, then divided the total by the
number of EL-classified students for each district-year observation. After dropping five district/year
observations due to missing data, the main analytic sample includes 577 district/year observations
from 97 unique districts. Trends over time in EL-expenditures per El-classified student are plotted
in Figure A1, Panel I, by HB 3499 districts and non-HB 3499 districts. Overall, EL expenditures per
EL-classified student increased over time across districts. HB 3499 districts spent more on EL
expenditures per EL-classified students across the time series, although the difference visibly increases
after identification. On average, HB 3499 districts spent between $2,678.53 and $4,832.32 a year on

EL expenditures per EL-classified student, while non-HB 3499 districts spent between $2,431.14 and

15 As per ORS 336.079, refers to instructional activities for EL students used in acquisition of the English language.
16 Instructional Activities not related to ORS 336.079 for EL students used in acquisition of the English language.

17 This included expenditures with function codes other than 1291 and 1295, but an area of responsibility code of 280, or a function
code of 2680 with an object code of 319 or 389 and no area of responsibility code.
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$3,802.660. In the year prior to identification, HB 3499 districts spent roughly $125 more in EL
expenditures per EL-classified student. For reference, the overall national average K-12 per-pupil
expenditure rate was $13,187 in 2018/19, while in Oregon the average was $12,450 per pupil (U.S.
Census, 2021). When HB 3499 districts are broken down into Target and Transformation districts
(Figure A1, Panel II) there is a larger increase in spending among Target districts.

Looking just at HB 3499 districts, descriptive information on EL expenditures across the panel
years is displayed in Figure A2, Panel 1. In this figure, I plot average district EL. expenditures by the
expenditure object. Importantly, the plotted average expenditures represent all EL expenditures, not
those exclusive to HB 3499 funds. As seen, EL expenditures are predominantly salary and payroll
costs, with costs in this category increasing over time. A distant second is retirement, benefits, and
social security-related expenditures, followed by administrator costs. In Panel II I remove salary and
retirement expenditures to allow for a more detailed look at other EL-specific expenditures. Among
these lower-expenditure categories, the highest average expenditures were concentrated among
professional, instruction, and technical setrvices, temporary staff/substitutes, classified managerial
expenses, and supplies and technology. On average, after identification HB 3499 districts spent more
on EL-specific professional, instructional, and technical services, supplies and technology, classified
positions, textbooks, and other expenditures than in the years prior to identification.

Teacher Endorsement

I also examined the district ratio of teachers who held an ESOL endorsement to EL-classified
students. In ODE data, teachers are flagged as holding an active ESOL endorsement, which is focused
on providing teachers with instruction on how to support students’ English language development
(ORS § 584-420-0360). I summed the number of teachers holding these endorsements at the district
level in a given year, then divided the total by the number of El.-classified students in the district in

that year. The total sample is 582 district/year obsetvations and 97 unique districts, with no missing
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data points. Trends in the ratio are plotted in Figure A3. As with expenditures, the first panel
represents the main sample, while the second breaks out treated districts into Target and
Transformation districts. Overall, there is an increase in the ratio prior to identification among both
HB 3499 districts and non-HB 3499 districts, increasing from below one endorsed teacher per ten
EL-classified students in 2014 to up to around one endorsed teacher per seven or so EL-classified
students in 2019. As seen in Panel I, HB 3499 and non-HB 3499 districts were on different trajectories
ptior to identification. The increase in endorsed teachers/EL-classified students was steepet among
HB 3499 districts than non-HB 3499 districts. As seen in Panel 11, the steeper increase is concentrated
among Target districts, which had the highest ratio among the three groups of districts, while
Transformation districts and non-HB 3499 districts were on parallel trends prior to identification.
Bilingual Services

Another set of analyses focus on the probability that an El-classified student received
bilingual education services to support core content access. Districts report the language instruction
programs used to support core content access—with options that include different bilingual program
models. I collapse the different types of bilingual education (transitional, developmental, two-way
immersion, maintenance, and other) into an overall bilingual services code, coded 1 for students who
received bilingual services to support core content access, and 0 for those who did not. In total, the
main sample includes 291,860 student/year obsetvations, 94,950 EL-classified students. Table 2.2
reports descriptive statistics for the different student samples represented in the study, providing
average characteristics for the EL-classified student population observed the year prior to
identification, by whether they were in an HB 3499 district or a non-HB 3499 district. On average,
across the bilingual services sample, a higher proportion of EL-classified students in HB 3499 districts
were eligible for free/reduced price lunch, while a lower proportion were Latinx/Hispanic and White

and a higher proportion Black and American Indian/Alaska Native. EL-classified students in HB 3499
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districts tended to be in districts where the overall student population was comprised of a slightly
lower proportion of ever-EL students and slightly higher proportion of students FRPL eligible.

Trends in the proportion of EL-classified students in bilingual services over time are plotted
in Figure A4. Overall, a higher proportion of EL-classified students in non-HB 3499 districts received
bilingual services across the years examined. From 2013/14 to 2018/19, more than 20 percent of EL-
classified students in non-HB 3499 districts received bilingual services, compared to less than ten
petcent in HB 3499 districts. From 2013/14 to 2015/16, there appear to be slightly different pre-
identification trends by HB 3499 identification, with a small average increase observed among HB
3499 districts and a small average decrease among non-HB 3499 districts. On average, in both HB
3499 and non-HB 3499 districts there was a drop in the proportion of students receiving bilingual
services in 2016/17, the first year of identification. This is followed by modest increases over the next
two years, although the raw gap between HB 3499 and non-HB 3499 districts remains roughly
constant. As seen in Panel II, Target and Transformation districts were on different trends prior to
identification. There was a decline in the proportion of ElL-classified students receiving bilingual
services among Transformation districts, while there was an increase among Target districts.
Additionally, while there was an observed drop in both non-HB 3499 districts and Transformation
districts in the first year of identification, there was no drop among Target districts.
Academic Outcomes

The academic outcomes analytic sample is constructed of EL-classified students in grades 3-
8'" who took the spring-administered standardized academic assessment. For the years of data
examined, Oregon administered the Smarter Balance Assessment Consortium (SBAC) assessment; I
use math and ELA scale scores to measure impacts on students’ academic achievement. Results are

vertically scaled, with possible scores that range from 2000 to 3000. I drop any student in grades 3-8

181 excluded 11t grade test scores due to high levels of missingness and students who took an alternate assessment.
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who is missing a test score in a given year. Scores are standardized using the full population of students
in the state with assessment data within grade and year. In total, the main ELA analytic sample
includes 117,580 EL-classified student/year obsetvations and the math analytic sample 119,505 EL-
classified student/year observations. Table 2.2 presents descriptive statistics for EL-classified students
in the year prior to HB 3499 intervention in both the ELA and math analytic samples. There were
similar differences as observed in the bilingual services sample, with differences in student
racial/ethnic make-up and eligibility for free/reduced price lunch.

Table 2.2 Descriptive Statistics for EL-classified Students in Districts Eligible for HB 3499 Identification, by
Outcome Examined, 2015/ 16

Bilingual Services English Language Arts Math
(K-12) (3-8) (3-8)
Non-HB Non-HB Non-HB
3499 HB 3499 3499 HB 3499 3499 HB 3499

Female 0.46 0.46 0.45 0.44 0.46 0.44
Identified for FRPL 0.89 0.93 0.91 0.96 0.91 0.96
Identified for special 0.20 0.20 0.23 0.22 0.22 0.22
education
Race/Ethnicity

ATAN 0.00 0.03 0.00 0.04 0.00 0.04

Asian/Pacific

Islander 0.10 0.09 0.09 0.08 0.09 0.08

Black 0.02 0.04 0.02 0.03 0.02 0.03

Hispanic 0.78 0.77 0.81 0.78 0.80 0.78

Multi-Ethnic 0.01 0.01 0.01 0.01 0.01 0.01

White 0.10 0.06 0.08 0.06 0.08 0.06
% in bilingual services 0.24 0.09 - - - -
ELA score - - -0.94 -1.06 - -
Math score - - - - -0.84 -0.98
District
characteristics

% ELs 0.16 0.15 0.16 0.15 0.16 0.15

% Ever-EL 0.30 0.27 0.31 0.27 0.31 0.27

% Non-White 0.48 0.47 0.49 0.47 0.49 0.47

% FRPL 0.61 0.64 0.62 0.65 0.62 0.65

% Special Education 0.14 0.15 0.14 0.14 0.14 0.14
N 32,944 14,912 15,405 6,931 15,566 7,003

Note. All school districts in Oregon were eligible for potential HB 3499 identification if they enrolled 20 or more EL
students in the 2014/15 school year, a total of 97 school districts. EL=English learner. HB=House bill.
FRPL=Free/reduced price lunch. AIAN=American Indian or Alaska Native. ELA=English language arts. Statistics
report the average value of student or district-level characteristics in the year prior to HB 3499 identification by whether
the district was identified in the following year.
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Figure A5 presents the line of best fit through the average math and ELA scores of EL-classified
students over time, by whether districts were identified for HB 3499 or not (Panel I) and by whether
districts were Target districts, Transformation districts, or not identified (Panel II). Additionally,
Panels III and IV plot the same trends, but drawing on average scores for students who were ever
EL-classified in the panel. On average, scores were higher in non-HB 3499 districts across the years
observed, with parallel trends observed across the two pre-intervention and post-intervention data
points. This holds for both EL-classified and ever-EL student samples. Transformation districts have
lower scores than Target districts across all time points. For the sample of El-classified students,
scores jump in the year after identification among both HB 3499 and non-HB 3499 districts, then
decline over the next two years. For ever-EL students, however, the scores trend upward over time.

For the academic outcomes, I primarily focus my analyses on students who were EL-classified,
however, as I describe in the Sensitivity Analyses section, I re-run the main academic analyses using
different student subsamples. The main alternative samples are students who were ever EL-classified
(ever-EL) during the panel of data examined, and outcomes for current EL-classified students, as well
as students who retained their EL classification in the first year of identification, regardless of whether
they reclassified during the intervention period.

Analytic Strategy

Research Question 1

To estimate the impact of HB 3499 identification on district and student-level outcomes I first
fit a dynamic two-way fixed effects event study, wherein I estimate a yearly treatment effect for
identified districts in comparison to non-identified districts, relative to their pre-intervention year
outcomes. In the event study specification, estimates are generated for each individual year without
imposing a functional form and without pooling effects pre- and post-treatment (Angrist & Pischke,

2008). I also fit a difference-in-differences specification, which is similar to the event study
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specification, but individual dynamic effects are no longer estimated for each year. Instead, effects are
pooled pre- and post-treatment, yielding an overall average treatment effect across the post-
intervention period. The event study estimation approach allows me to estimate the effect in each
year, providing information on how the policy impact differs by year, or whether effects are detectable
only later in the treatment period (Sun et al,, 2021). The difference-in-differences estimates provide
information on whether there was an overall average impact of HB 3499 on a set of outcomes.

The intuition behind the event study and difference-in-difference specification is that, in
situations where treatment is assigned to one group but not another, the treatment effect can be
recovered by assuming that, if treatment had not been assigned to the treated group, their outcome
levels would have changed at the same rate as untreated units. More specifically, in contexts where
treatment is not as good as random, the causal effect of treatment can be identified by differencing
any observed changes in the outcome of interest post-identification among non-treated units from the
observed changes in the outcome of interest post-identification among treated units, if key
assumptions hold. To obtain event study estimates for each treatment year, I fit the following model
for EL-classified students' in a given year:

Yie = Yresl(t=ts+1r)Br + Xy +Vy+ Zjy+pj+o, +T+ & (1)

In this general student-level model (see footnote 9 for description of district level model with
additional outcomes), Y, is the outcome of interest—either probability of receiving bilingual services,
standardized math score, or standardized ELA score, for student 7 in year % In this approach, the
parameters of interest are each [, estimate, which capture the effect of HB 3499 identification on a

given outcome of interest in year 7, relative to the year prior to identification. This is represented in

19 This is the student-level model. For expenditures and teacher endorsements I focus on district-level outcomes, with the district as
the unit of analysis. I chose to focus on the district, rather than school, level given that expenditures are reported to the state at the
district level, and for teachers there are instances where teachers may be supporting students across multiple schools within a district.
Given that the district is the treated unit, this also aligns with the policy question of interest. For bilingual services and academic
outcomes, however, I include students as the unit of analysis. This allows me to include student-level characteristics in the model, further
accounting for variation in the outcome of interest not attributable to HB 3499 identification.
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the model, where r takes on a set of values from -3 to 2, spanning three years prior to identification
and two years post-identification. I include a set of plausibly exogenous individual covariates (X;;):
students’ race/ethnicity, receipt of special education, eligibility for free/reduced price lunch, and
gender. I also include time-varying district- (Z;;) and school-level (V) covariates: percent of students
who ate ever EL-classified, non-white, identified for special education, and eligible for free/reduced
price lunch, to improve model precision. I include grade (o), district (p;) and year (I}) fixed effects.

While I include results from models that do not include the full suite of fixed effects presented
above, the above two-way fixed effects model above is my preferred specification and I focus my
discussion on results from this model. This is my preferred specification given that district fixed effects
account for time-invariant variation attributable to the district a student is in and baseline differences
in the outcome of interest. Grade fixed effects account for variation attributable to what may be
differences in performance by grade level, important because districts may be serving different grade
levels at different rates. Finally, year fixed effects account for yearly shocks, or unobserved factors
specific to each year that have the same effect on all districts. Essentially, the two-way fixed effects
approach is isolating the treatment effect through not only comparing changes in outcomes among
treated and untreated units, but also further accounting for unobservable factors that may impact the
outcome of interest specific to the district or time In all models, I cluster standard errors at the district
level, the unit of assignment (Bertrand et al., 2004). This constrains power, as standard errors will
reflect how the error terms are correlated within districts.

In addition to the event study approach, for each outcome of interest I also fit a difference-
in-differences model. The model is almost identical to the event study modeled above, but effects are
pooled pre- and then post-treatment by estimating a coefficient on the interaction between being in
an HB 3499-identified district and being in a post-identification time period, rather than separate

estimates for each year. This yields an estimated, average overall treatment effect of HB 3499
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identification on the outcomes examined. This approach answers a slightly different question than the
event study, moving away from individual yeatly effects and estimating an overall, average treatment
effect that captures the combined effect across years in relation to all pre-treatment years in the panel,
rather than the time period just before identification. While losing information on the dynamic effects,
the approach requires the estimation of fewer parameters, providing more power for the analysis and
potentially more precise effect estimations. The two approaches together provide important insights
into the nature of HB 3499 impacts, if observed.

Research Question 1: Robustness Checks

For the event study and difference-in-differences approaches to yield an unbiased estimate of
the policy impact, several assumptions must hold. As modeled above, treated and untreated units must
follow parallel trends prior to intervention, otherwise the approach may pick up significant differences
in the outcome that are not due to the policy implementation, but rather to unobservable factors
driving differential rates of change in the outcomes examined prior to identification for HB 3499. 1
examine this assumption in multiple ways. First, I examine the raw data, as well as pre-treatment
estimates from event study plots for any evidence of significant pre-trends, conditional upon the
model specification. However, given concerns about the inability of the visual test to detect pre-trends
in underpowered contexts (Roth, 2019), I also implement various checks using the HonestDiD
package to explore how estimates would change depending on the projected severity of post-
identification trend violations as a function of pre-trend violations (Rambachan & Roth, 2022).

As another concern, estimates can be biased if simultaneous policy shifts occur that may
impact the outcomes of interest. To explore this issue, I fit a triple difference model that, in addition
to differencing out changes in EL-classified student outcomes among untreated districts, differences
out changes in outcomes for students who were never El-classified (either initially fluent English

proficient or English-only students). To do so, I include data from both current and never-EL

138



students, then interact indicators for whether a student is EL-classified, in an HB 3499 district, and is
in the post-identification period. This approach is designed to account for any other policy change
that may have impacted the instructional environment for students broadly and confounded the
estimate. I conduct this check for academic outcomes, the only outcome for which I have data on for
never-EL students. I also conduct placebo analyses which are very similar to the triple difference
models, fitting the main event study and difference-in-differences models using never-EL academic
outcomes as the outcome of interest, as well as non-EL district expenditures. Any significant effects
detected through the placebo analyses may signal other policy or contextual changes that are
influencing instruction or expenditures outside of HB 3499.

There should also be no concern of anticipatory effects (Roth et al., 2022). Given that the
indices used to guide treatment were complex, the values used to create the indices spanned two years,
and districts were not notified in advance of identification (Carnock, 2017), I argue that it is unlikely
that identified districts made changes in anticipation of identification.

In addition to the placebo and triple-difference specifications described above, I conduct a
further set of sensitivity analyses for academic outcomes focused on accounting for the changing
nature of the EL-classified student category. As students reach English proficiency, they leave the
category and any changes in their performance after reclassification are not represented in average
EL-classified student performance levels. Using an ever-EL framework can account for the changing
categotry by retaining reclassified students in the analytic sample (Thompson et al., 2022). To address
these concerns, I run the same event study analyses for academic outcomes for a set of different
populations. For one check, I include outcomes for any student who was EL-classified from 2014 /15-
2018/19, regardless of whether they reclassified during the time period. This would include students
who were recently reclassified prior to the intervention, and as such may benefit from the additional

services and supports that come through HB 3499. As another check, I only include current EL-
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classified students and those who were ElL-classified or reclassified during the HB 3499 intervention
period. Given that language instruction programs are not required to be provided or reported for
reclassified students, I am unable to conduct the same sensitivity analyses for bilingual services.
Research Question 1: Supplemental Analysis

As a secondary analytic approach, I integrated a regression discontinuity (RD) approach with
the main difference-in-differences specification to estimate a local average treatment effect for a subset
of districts identified as more comparable groups through an RD approach. The intuition behind an
RD design is that, when a given value on known continuous index is used to assign treatment, the
assignment mechanism can be used to create two comparison groups—those who just barely missed
treatment because of their index value, and those who were just barely treated because of their index
value. The assumption is that falling just above or below the threshold on this ‘forcing’ variable is
quasi-random and the treatment effect can be estimated almost as in a random experiment within a
bandwidth around that threshold.

In this context, identification for treatment was guided by the combined needs and outcomes
indices. Theorizing that effects may be different at each threshold, I conducted a frontier RD, which
subsets the data to conduct an RD at each threshold, accounting for meeting the other threshold
criteria (Reardon et al., 2012). The first RD is conducted at the outcomes threshold among high-need
districts, with the data reduced to districts above the 47" percentile in need, and the forcing vatiable
being districts” outcomes index percentile point value. The second RD is conducted at the needs
threshold among low-outcome districts, with the data reduced to districts below the 53rd percentile
in outcomes, and the forcing variable being districts’ needs index value. To utilize the panel nature of
the data and threshold assignment, I integrated RD sample selection methods with difference-in-
differences models to run the same models described above, but for two smaller, theoretically more

comparable sets of districts, one at each identification threshold (needs and outcomes).
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I limit my discussion of the methods and findings for this analysis in the main text, although
they are discussed in more detail in Appendix B. I do so given concerns about the validity of the
method in this context, described next. First, two thresholds are used to assign treatment (outcomes
and needs), but only one threshold predicts treatment well (outcomes; see Figure B1). There is
substantial deviation from the threshold assignment policy at the needs threshold. As such, a key RD
assumption is violated—that the threshold predict treatment—for the needs threshold. The optimal
bandwidth of data on the forcing variable, calculated while accounting for the clustered nature of the
data, was calculated to be around 7.5 percentage points on either side of the outcomes threshold,
which included a very small subset of districts (Calonico et al., 2020). Even manually widening the
bandwidth to 10 percentage points, the sample sizes remained very small. At the outcomes threshold,
the sample is just 11 districts (treatment and control combined), and at the needs threshold the sample
is 13 districts (treatment and control combined). While the student populations are large, treatment
was assigned at the district level and the clustering of standard errors and relatively few time points
render the analysis under-powered. There were also significant differences in the treated and control
group populations at the baseline year (Tables B1 and B2) and discontinuities in select student
characteristics at both the outcomes and needs threshold (see Figure B6). This is evidence to suggest
the necessary assumption in RD of continuity of pretreatment covariates is not met. Together, these
checks provide evidence that assignment was not as good as random at the threshold conditional out
the districts’ needs and outcomes’ index values. While I conduct the analyses and present the results
from a difference-in-differences specification that draws on the RD subsamples in Appendix B, I only
make a brief note of how the findings align or diverge from the main results in the Results section.
Research Question 2

Given that HB 3499 treatment varied in intensity, I also explored if the overall average effect

of HB 3499 descriptively differed for Transformation and Target districts. I first ran a set of separate
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models for each type of treated district (Target or Transformation). In these models, I only retain non-
identified districts in the analysis for the comparison group. I also explored the same question, but
instead used a multi-value treatment indicator rather than a binary indicator for the treatment value,
running the same models above, but with a treatment indicator that differed for non-identified districts
(0), Target districts (1), and Transformation (2) districts.
Results

Research Question 1
RQI: EL Expenditures per EL-Classified Student

Opverall, there was a positive effect of HB 3499 identification on EL expenditures per EL-
classified student, although not in the first year of treatment. As shown in Figure 2.2, Panel I, and
reported in Table 2.3, there was not a significant increase in EL expenditures per EL-classified
students among HB 3499-identified districts in the first year of identification. There was a significant
increase in the second and third years following identification. In the first year of identification there
was an estimated increase of $421.0 [95% CI, -7.30; 849.3] in EL-specific expenditures per EL-
classified students that was not precise enough to reject the null. In the second and third years after
identification the estimated increase was larger and significantly different from zero, $911.0 in year
two and $853.4 in year three, although confidence intervals spanned from an estimated increase of
$125.8 to $1,696.2 in EL spending per EL-classified student in year two and $53.2 to $1,653.7 in year
three. The overall estimate from the preferred difference-in-differences specification (Table 2.3,
Column IV) aligned with the event study estimates, a significant estimated increase in EL expenditures
per El-classified student of $695.4. In comparison with the descriptive estimates, this is larger than

the average per-student allocation for Transformation districts, but smaller than for Target districts.
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on on District EL. Expenditures per E1-Classified Student

Table 2.3 Estimated Effect of HB 3499 Identificati
1

1I 111 v
Est. 95% CI Est. 95% CI Est. 95% CI Est. 95% CI
HB [-935.2; - [-214.0; [-278.1;
_ *
3499*%2014 4775 19.8] 2554 724.7) 811 440.2]
HB [-675.2; [-392.1; [-298.4;
3499*2015 2557 163.8] 82.6 557.4] 1.91 302.2]
HB " [91.0; [-42.8; [-7.30;
3499*2017 5542 1,016.8] 4950 1,032.8] 4210 849.3]
HB st [957.4; . [225.6; « [125.8;
3499*2018 1,633.1 2,308.9] 1,0304 1,835.3] o110 1,696.2]
HB [758.9; [128.4; [53.2;
ook * *
3499*%2019 1,4800 2,201.1] 9531 1,777.8] 853.4 1,653.7]
[101.5;
*
HB 3499 6954 289.9]
Fixed
Effects
Year No Yes Yes Yes
District No No Yes Yes
Obs. 577 577 577 577
R2 0.183 0.229 0.683 0.679
Cond. R2 0.104 0.052 0.039

Note. *p<.05, ¥**p<.01, ¥**p<.001. FE=Fixed effects. Est=Estimate, CI=Confidence interval. Years are spring of
a given academic year, and 2016 was the year prior to identification. Model I includes district-level covariates, Model
1T has year fixed-effects added in, and Model III has district-level covariates along with year and district fixed effects.
Model 1V is a difference-in-difference specification with district covariates, year and district fixed effects.

Ratio of ESOL-Endorsed Teachers to EL-Classified Students

HB 3499 identification did not lead to a significant change in the ratio of ESOL-endorsed
teachers to EL-classified students in the panel. As plotted in Figure 2.2, Panel II and reported in Table
2.4, post-identification estimates were small and negative in the preferred specification (Column III),
ranging from -0.017 [0.054; 0.019] in the first year post-identification to -0.005 [-0.061; 0.051] in the
third year of identification. The difference-in-difference specification (Table 2.4, Column IV) yields a
small, null estimate, 0.0002 [-0.046; 0.046]. While the effect is small, the confidence interval ranges

from an impact of about one additional or one fewer ESOL-endorsed teacher for every 20 EL-

classified students.

143



Table 2.4 Estimated Effect of HB 3499 Identification on the Ratio of ESOL Endorsed Teachers to EI -classified
Students

I 11 111 v
Est. 95% CI Est. 95% CI Est. 95% CI Est. 95% CI
[-0.119; [-0.053; [-0.074;
* _ ook _ R
HB 3499%2014 0.076 -0.033] 0.021 0.011] 0.037 0.001]
[-0.081; [-0.039; [-0.044;
>k i i -
HB 3499*2015 0.040. 0.0006] 0.01 0.019] 0.018 0.007]
[-0.039; [-0.082; [-0.054;
* _ -
HB 3499%2017 0.004 0.048] 0.021 0.040] 0.017 0.019]
[-0.034; [-0.081; [-0.060;
* _ -
HB 3499%2018 0.01 0.055] 0.014 0.052] 0.014 0.032]
[-0.028; [-0.088; [-0.061;
ES | —
HB 3499%2019 0.023 0.074] 0.01 0.068] 0.005 0.051]
[-0.0406;
HB 3499 0.0002 0.046]
Fixed Effects
Year No Yes Yes Yes
District No No Yes Yes
Obs. 582 582 582 582
R2 0.216 0.239 0.814 0.773
Cond. R2 0.207 0.259 0.092

Note. *p<.05, **p<.01, *»*p<.001. FE=Fixed effects. Est=Estimate, CI=Confidence interval. Years are spring of a
given academic year, and 2016 was the year prior to identification. Model I includes district-level covariates, Model
II has year fixed-effects added in, and Model I1I has district-level covariates along with year and district fixed effects.
Model 1V is a difference-in-difference specification with district covariates, year fixed effects, and district fixed effects.

Probability of Receiving Bilingual Education Services

There was no significant effect of being in an HB 3499-identified district after identification
on the probability that an EL-classified student received bilingual education services. As plotted in
Figure 2.2, Panel III and reported in Table 2.5, event study estimates were small and not significantly
different from zero across all three post-identification years. Confidence intervals were relatively stable
across the three years post-treatment. We can rule out effects larger than a decline of about four
percentage points in the probability of receiving bilingual services, and an increase of about eight
percentage points. Pooling effects in a difference-in-differences approach, as reported in Table 2.5,
Column V, yielded an overall average effect that aligns with event study estimates, an increase of 3.2

percentage points [-0.017; 0.082] that was not significantly different from zero.
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Table 2.5 Estimated Effect of HB 3499 ldentification on EI.-Classified Students’ Probability of Recezving Bilingual
Services

1 11 11T v \%
95%

Est. 1 Est. 95% CI Est. 95% CI Est. 95% CI Est. 95% CI
B 3499+ . [0272 . [0.302; [-0.101; [-0.087;
2014 O To01e O Toorg) 00 goan 0016 Y0
HB 3499% [-0.254; [-0.285; [-0.047; [-0.030;

- * - * - -
2015 0.131 -0.009] 0.151 -0.017] 0.023 0.001] 0.01 0.010]
HB 3499% [-0.249; [-0.245; [-0.037; [-0.047;
2017 -0.108 0.033] -0.105 0.035] 0.012 0.061] 0.003 0.052]
HB 3499* [-0.224, [-0.234; [-0.030; [-0.050;
2018 0097 g o00p 00 gozs PO18 T hoge 0092 T 0s5)
HB 3499* [-0.220; [-0.247; [-0.035; [-0.066;
2019 09T o0s7 0100 Sooar 0019 Tgony 0002 063
[-0.017;

HB 3499 0.032 0.082]
Fixed
Effects
Grade Yes Yes Yes Yes Yes
Year No Yes Yes Yes Yes
District No No Yes Yes Yes
School No No No Yes No
Obs. 291,860 291,860 291,860 291,860 291,860
R2 0.197 0.198 0.436 0.587 0.436
ﬁg“d‘ 0.168 0.169 0.083 0.018 0.083

Note. *p<.05, *p<.01, ***p<.001. Est=Estimate, CI=Confidence interval. Years are spring of a given academic year, and
2016 was the year prior to identification. Model I includes student-, school, and district-level covariates with grade fixed
effects, Model II has year fixed-effects added in, Model III has district fixed effects added in, and Model V school fixed
effects. Model 1V is a difference-in-difference specification with the listed covatiates, grade, year, and district fixed effects.

Academic Outcomes

There was no significant effect of being in an HB 3499-identified district after identification
on ElL-classified students’ academic outcomes. Presented in Tables 2.6 and 2.7, confidence intervals
rule out effects larger than an increase and decrease of about 0.05 SD. Plotted in Figure 2.2, Panel 111,
the estimated effect of identification on ELA scores in the first year after identification was -0.006 SD
[-0.050; 0.039], the second year 0.010 SD [-0.036; 0.055] and the third year 0.003 SD [-0.049; 0.056].
Math estimates were small and null, -0.002 SD [-0.043; 0.038] in year one, -0.006 SD [-0.060; 0.049] in
year two and -0.007 SD [ -0.055; 0.040] in year three. The overall estimated effect on ELA scores

(Table 2.6, Column IV) and math scores (Table 2.7, Column IV) were also null.
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Table 2.6 Estimated Effect of HB 3499 Identification on E1-Classified Students’ EI.A Outcomes

ELA
111 v A\ VI
Est. 95% CI Est. 95% CI Est. 95% CI Est. 95% CI Est. 95% CI Est. 95% CI
HB 3499* ) sk [-0.164; ) stk [-0.188; ) [-0.050; ) [-0.040;
2015 0.104 -0.044] 0.123 -0.057] 0.021 0.009] 0.005 0.029]
HB 3499* [-0.082; " [-0.183; [-0.050; [-0.044;
2017 0013 0.055] 0.103 -0.024] -0:006 0.039] 0.002 0.048]
HB 3499* ok [-0.188; o [-0.151; [-0.036; [-0.022;
2018 -0.128 -0.067] -0.088 -0.024] 0.010 0.055] 0.021 0.064]
HB 3499% ) . [-0.193; ) « [-0.157; [-0.049; [-0.025;
2019 0.129 -0.065] 0.089 -0.021] 0.003 0.050] 0.022 0.070]
[-0.022; [-0.012;
HB 3499 0.016 0.055] 0.018 0.049]
[-0.133;
* _
HB 3499*EL 0.046 0.042]
Fixed
Effects
Grade Yes Yes Yes Yes Yes Yes
Year No Yes Yes Yes Yes Yes
District No No Yes Yes Yes Yes
School No No No Yes No No
Observations 114,132 114,132 114,132 114,132 114,132 1,024,583
R2 0.149 0.152 0.170 0.196 0.196 0.342
Cond. R2 0.101 0.099 0.093 0.085 0.085 0.298

Note. *p<.05, ¥**p<.01, ¥**p<.001. Est=Estimate, CI=Confidence interval. Years are spring of a given academic year, and 2016 was the year prior to identification.
Model I includes student, school, and district-level covariates, as well as grade fixed effects. Model II has year fixed effects added in, Model III adds in district fixed
effects, and Model IV school fixed effects. Model V is a difference-in-difference specification with student, school, and district covariates, grade, year, and district

fixed effects. Model VI is a triple difference model, but the same specification as Model III.
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Table 2.7 Estimated Effect of HB 3499 ldentification on E1-Classified Students’ Math Outcomes

Math
11 111 v VI
Est. 95% CI Est. 95% CI Est. 95% CI Est. 95% CI Est. 95% CI Est. 95% CI
HB 3499* ox [-0.205; o [-0.219; [-0.052; [-0.031;
2015 -0.127 -0.048] -0.128 -0.038] -0.02 0.012] -0.003 0.026]
HB 3499% [-0.112; N [-0.201; [-0.042; [-0.033;
2017 -0.026 0.059] -0.108 -0.014] -0.002 0.038] 0.007 0.048]
HB 3499% [-0.213; [-0.198; [-0.060; [-0.039;
_ o _ * -
2018 0.131 -0.050] 0.112 -0.027] 0.006 0.049] 0.013 0.065]
HB 3499* o [-0.210; o [-0.193; [-0.055; [-0.029;
2019 -0.128 -0.040] 0111 -0.029] -0.007 0.040] 0.017 0.063]
[-0.027; [-0.021;
HB 3499 0.013 0.054] 0.013 0.047]
[-0.091;
% -
HB 3499*EL 0.030 0.031]
Fixed
Effects
Grade Yes Yes Yes Yes Yes Yes
Year No Yes Yes Yes Yes Yes
District No No Yes Yes Yes Yes
School No No No Yes No No
Observations 115,941 115,941 115,941 115,941 115,941 1,022,434
R2 0.163 0.165 0.184 0.224 0.224 0.326
Cond. R2 0.127 0.126 0.119 0.10 0.10 0.276

Note. *p<.05, **p<.01, ***p<.001. Est=Estimate, CI=Confidence interval. Years are spring of a given academic year, and 2016 was the year prior to identification.
Model I includes student, school, and district-level covariates, as well as grade fixed effects. Model II has year fixed effects added in, Model III adds in district fixed
effects, and Model IV school fixed effects. Model V is a difference-in-difference specification with student, school, and district covariates, grade, year, and district

fixed effects. Model V1 is a triple difference model, but the same specification as Model I11.
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Figure 2.2. Event Study Estimates of the Effect of HB 3499 Identification on District and EL-Classified Student Outcomes
Panel I. EL Expenditures per EL-Classified Student Panel Il. Ratio of ESOL Endorsed Teachers to EL-Classified Students
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Robustness Checks

Parallel Trends. A key assumption for the approaches as modeled above is that treated and
untreated units were on parallel trends prior to identification (Roth, 2022). As seen across Panels I
through IV in Figure 2.2, overall, there were no point estimates pre-identification significantly
different from zero at the .05 level. However, for both teacher endorsements and bilingual services,
there were point estimates in the pre-treatment years significant at the .01 level. This means that, when
conditioned on the set of fixed effects and covariates included in the main model, there is suggestive
evidence that there may have been differential trends between HB 3499 districts and non-HB 3499
districts. When paired with raw data that show different trends in the average linear trend prior to
treatment (see Figures A3 and A4), I am concerned that districts were on different trajectories for
both teacher endorsements and bilingual services estimates prior to intervention, which could bias the
estimates of effects of HB 3499 in treatment districts. This concern is further magnified by concerns
that, especially in contexts with few pre-treatment coefficients, there may not be sufficient power to
detect true pre-trends (Roth, 2019).

To examine the potential magnitude of bias and how that may impact the point estimates
found I used the HonestDiD (Roth, 2019) package to model how violations of the parallel trend
assumption of varying magnitudes may shift the point estimates in the years after identification for
both bilingual services and teacher endorsements. There are two ways to do so, with one being
bounding the relative magnitude of post-treatment trends in relation to those observed in the pre-
treatment years, where a value of 1 “bounds the worst-case post-treatment difference in trends by the
equivalent maximum in the pre-treatment period” (Rambachan & Roth, 2022, p. 12). The other way
is by imposing a smoothness restriction, where one plots the point estimates by varying degrees of

how much the slope changes between consecutive periods in the pre-treatment period. In this case, a
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value of 0 means that the slope changes are perfectly linear. I chose to implement the relative
magnitude check for this main analysis.

In Figure A7, I plot how the point estimates for teacher endorsements (Panel I) and bilingual
services (Panel IT) would change in each year post-identification under pre-trend violations of varying
relative magnitudes (M). For each yearly point estimate, the original point estimate is plotted, followed
by a series of point estimates and confidence intervals as they would be estimated under increasing
severity in the violations of pre-trends, from 0 to 1 in increments of 0.1 (Rambachan & Roth, 2019)
As seen, the potential violations decrease point estimate precision across outcomes. This does not
substantively change the interpretation that there was no overall effect of identification. However,
these robustness checks provide important caveats for the results. The main estimates, in the presence
of what may be differential pre-trends, may not be precise enough to rule out much larger negative or
positive effects of HB 3499 on both teacher endorsements and bilingual services.

Alternative Samples. As an additional robustness check, I estimated the effect of HB 3499
on academic outcomes using two alternative samples—students who were ever-EL classified during
the panel, and current EL-classified students in addition to any students who were reclassified to fluent
English proficient post-identification. Figure A8 presents point estimates from the main event study
specification using these two alternative samples. For both samples, estimates are null and estimates
from difference-in-difference specifications small and not statistically distinguishable from zero.

Simultaneous Policy Changes and Placebo Checks. To probe the question of whether
simultaneous policy shifts may have impacted the academic results, I also fit a triple-difference
specification for the academic outcomes. Results for the coefficient that interacts treatment with EL
classification in the post-identification time period are reported in the main tables for academic
outcomes (Tables 2.5 and 2.6, Column VI). For both ELA and math, the coefficient is null, presenting

no evidence of unobserved factors impacting the main results.
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I also fit the main event study specification with a set of placebo outcomes for both the
expenditure and academic achievement outcomes. These should yield null results—any significant
results may introduce concerns that there were simultaneous policy changes or unobserved factors
influencing the outcomes. I fit the main event study specification with non-EL expenditures as the
outcome of interest in one model and never-EL students’ academic outcomes in another. As seen in
Figure A9, both placebo models yielded expected null effects, providing no evidence that simultaneous
policies or unobserved factors impacted the results.

Alternative Analyses: Regression Discontinuity Evidence on Effects at the Thresholds.
I also estimated the same difference-in-differences specifications using two subsamples identified as
theoretically more comparable pre-intervention groups through a frontier RD selection process at
each threshold (Reardon et al., 2012). The approach and results are discussed in more detail in
Appendix B. One subsample was comprised of districts below the outcomes threshold and within ten
percentile points of the needs threshold, a sample of 13 districts, with seven identified for HB 3499.
The other subsample was comprised of districts above the needs threshold and within 10 percentile
points of the outcomes threshold, a sample of eleven school districts, with five identified for HB 3499.
There were multiple ways in which both RD and difference-in-difference assumptions were violated.
These violations, in conjunction with the very small number of districts, mean that I am not confident
in the validity or reliability of the estimates.

With these concerns in mind, estimates are reported in Table B3 for all included outcomes.
For high-need districts at the outcomes threshold, there were no significant effects. While this aligns
with the main estimates across the majority outcomes, the findings differ from the main findings
regarding EL. expenditures per EL-classified students, where there was a significant effect. For low-
outcome districts at the needs threshold, there was a significant positive effect of identification on

EL-expenditures per EL-classified student, as well as the ratio of ESOL-endorsed teachers to EL-
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classified students. These noted departures from the main results may be because, in addition to being
a very small sample, both the treated and untreated districts are different in composition than the main
analytic group.” Additionally, trends in the raw data for the subset of low-outcome districts (Figure
B4) provide descriptive evidence that there was a significant decline in the teacher ratio among non-
HB 3499 districts in the bandwidth, perhaps driving the observed effect among HB 3499 districts.
Again, these results are drawn from a small subset of districts and the analyses are provided with
strong caveats around the ability to draw meaningful conclusions from the small number of districts
amidst the potential violations in both RD and difference-in-difference assumptions, as modeled.
Research Question 2

HB 3499 intervention differed for districts—some districts received a more intensive
intervention (Transformation districts) than others (Target districts). To examine potential
heterogeneity in the effects of HB 3499 by treatment type, I conducted two additional descriptive
analyses. First, I split the samples and estimated the treatment impact for Transformation and Target
district separately in comparison with non-identified districts. I then estimated the effect of HB 3499
using a multi-value indicator instead of a binary indicator in the main difference-in-difference
specification. Figure 2.3 presents event study point estimates from the separate analyses, and Table
2.8 presents estimates from the difference-in-difference specification. The estimated effect differed in

relation to the overall effect estimated in two ways.

20 Specifically, within the high-need bandwidth, HB 3499 districts’ EL-classified student population was comprised of more Asian and Black students,
and fewer Hispanic/Latinx than the main analytic sample. The districts also had a smaller proportion of their population EL-classified, and a larger
proportion FRPL eligible. Within the low-outcome bandwidth, HB 3499 districts had ElL-classified students who were more likely to be Hispanic/Latinx
than the overall sample, while the district overall had a lower proportion of the students FRPL eligible and EL-classified.
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Figure 2.3. Effect of HB 3499 Identification on EL-Classified Students’ Outcomes in Target and Transformation
Districts
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The first instance in which the treatment effect differed from the main results was for EL
expenditures per El-classified students. As seen in Figure 2.3, the estimated yeatly effects of
identification on Target districts’ EL expenditures per EL-classified student aligned with the main
estimates, with a null result in the first year and a positive estimate in years two and three. However,
there was no estimated increase in spending among Transformation districts, with imprecise estimates.
Difference-in-differences results align with the event study estimates (Table 2.8), with an estimated
positive effect of identification on EL expenditures per EL-classified student among Target districts,
but not Transformation districts.

The second instance was for bilingual services. While the overall estimates found no impact
of HB 3499 identification on El-classified students’ probability of receiving bilingual services,
heterogeneity analyses reveal differences between Target and Transformation districts. There was a
significant estimated increase in the probability of receiving bilingual services for EL-classified
students in Target districts in year two, while year one and three estimates were positive, but not
statistically significant (Figure 2.3). When estimated in a difference-in-differences specification (Table
2.8), the estimated effect was positive and significantly different from zero—an estimated increase in
the probability of receiving bilingual services of 7.3 [0.028; 0.118] percentage points in Target districts.
Effects were null for EL-classified students in Transformation districts in both the event study and

difference-in-differences specification.
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Table 2.8. Estimated Effect of HB 3499 Ldentification, by Target or Transformation Status

ESOL
Endorsed
Expenditures Teachers Bilingual Services ELA Math
95% 95% 95% 95% 95%

Est. 1 Est. 1 Est. I Est. 1 Est. 1
Post*HB349 « [194.4; [-0.029; s 10.028; [-0.034; [-0.032;
9Target 994.3 1,794.1 0.022 0.073] 0.073 0.118] 0.020 0.074] 0.019 0.070]
Post*HB349 [-369.4; [-0.061; [-0.070; [-0.042; [-0.052;
9Transform 2025 774.3] 0019 0.022] 00101 % oo~ 0004 0.050] -0:009 0.035]
Fixed
Effects
Grade No No Yes Yes Yes
Year Yes Yes Yes Yes Yes
District Yes Yes Yes Yes Yes
School No No No No No
Obs. 577 582 291,860 114,132 115,941
R2 0.684 0.815 0.512 0.166 0.1842
Cond. R2 0.054 0.260 0.091 0.0934 0.119

Note. *p<.05, #*p<.01, ***p<.001. FE=Fixed effects. Est=Estimate, CI=Confidence interval. Years are spring of a
given academic year, and 2016 was the year prior to identification.

Robustness Checks

Parallel Trends. The heterogeneity results, importantly, rely on the same assumption that
districts were on parallel trends prior to identification. As seen in Figures A3 and A4, there were
instances where Target districts were on different trends prior to identification. Specifically, the raw
trend data suggest that the ratio of ESOL endorsed teachers to EL-classified students increased at a
faster rate, on average, in Target districts than in both Transformation and non-HB 3499 districts in
the years prior to identification. Additionally, while Transformation and non-HB 3499 districts saw
slight declines in the proportion of students receiving bilingual services prior to identification, Target
districts saw an increase.

Thus, as with the main estimates, I conducted the same pre-trend sensitivity analyses for
Target districts, plotting each event study point estimate for teacher endorsements and bilingual

services to see at which degree of severity the results substantively change in Figure A10. As with the
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overall estimates, teacher endorsement (Panel I) estimates remain null, but with increasingly large
confidence intervals. For bilingual services (Panel II), the statistically significant result “breaks down”
at a value of 0.1. As interpreted, this means that, in order to claim that the significant effect remains
robust to differential trends, post-identification trends must not be more than 0.1 times (10%) larger
than the maximum pre-trend violation (Rambachan & Roth, 2022). This is a small value and indicates
sensitivity. I interpret this to mean that the result is sensitive to observed pre-trends and should be
interpreted with caution.
Discussion

HB 3499 is an important policy intervention to support struggling districts in Oregon in better
serving their El.-classified students. In this paper, I began by estimating the effect of identification on
districts” EL expenditures per EL-classified student, an important step in trying to understand if the
intervention had enough funding to see meaningful shifts in spending. Overall, I found that
identification led to a significant increase in EL-specific expenditures. Through heterogeneity analyses
I found that the significant increase may be concentrated among Target districts. I found no significant
effect on the ratio of ESOL endorsed teachers to EL-classified students, nor the probability an EL-
classified student received bilingual services, although heterogeneity analyses revealed suggestive
evidence that students in Target districts were more likely to receive bilingual services after
identification. There was no significant effect of HB 3499 identification on EL-classified students’
academic outcomes, overall or in any alternative estimation. In this discussion section, I first note
limitations, then contextualize my work within the broader EL and education policy research base
before discussing implications.
Limitations

This study comes with important limitations. First, the assignment of treatment at the district

level constrained power. As such, despite having large student sample sizes, I may have been limited
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in my ability to detect a true significant effect. Additionally, there are relatively few pre-treatment
periods observed, which inhibits my ability to identify pre-identification trends. As another caveat,
there are many more important outcomes that can, and should be examined that may better capture
improvements in districts’ EL services and instruction, including linguistic outcomes®, student
perceptions of school belonging, and more mechanistic outcomes, such as changes in teacher skill or
curricula used. Such changes may support the outcomes looked at in this study, but the impacts may
not be detectable within the relatively short window of this study. Further, there was an additional
identification year—2019/20, that I was unable to examine. Given the long timelines of school
improvement (Sun et al., 2021), a longer horizon may have revealed different findings.
Contextualizing English Learner Expenditure Findings

Opverall, there was an increase in EL-specific expenditures per EL-classified student in HB
3499 districts. While estimates were significant, they were also noisy, suggesting that there was wide
variability in the increase of EL-expenditures per EL-classified students among treated districts in the
three years observed post-identification. For some districts, the additional funds may be translated
into a significant change per EL-classified students, while for others, especially those with larger EL-
classified student populations, the amount may not have represented a significant per pupil increase.
A descriptive look at average district expenditures by different areas, as discussed in the Data section
and plotted in Figure A2, revealed that spending on EL-specific salary and payroll costs represented
the vast majority of average district EL expenditures before and after identification, with increases
over time. The next most prevalent areas are benefits and administrator costs. Additionally on average
after identification, HB 3499 districts spent more on EL-specific professional, instructional, and

technical services, supplies and technology, classified positions, textbooks, and other expenditures.

21 While important, I chose not to look at growth in English language proficiency to center the issue of academic opportunity,
instruction, and outcomes rather than a focus on students’ English language proficiency growth or timeline to reclassification.
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Prior research suggests that the areas where HB 3499 districts invested in EL expenditures are
important policy levers in education. For example, Holden (2016) found that additional textbook
funds had a positive impact on elementary school academic outcomes. Additionally, teachers have an
outsized impact on student academic achievement (Hanushek & Rivkin, 2012), and training focused
on EL education can improve teachers” impacts on EL-classified students’ academic growth (Master
et al,, 2016). However, increases in expenditures did not translate into improved academic outcomes
relative to un-identified districts. As one potential explanation, additional funding amounts were
relatively low—an additional $180,000 per year for Transformation districts, and $90,000 per year for
Target districts. The total additional funds represent a fraction of districts” average EL expenditures
on salary and payroll costs alone. Additionally, pervasive structural barriers shape EL-classified student
experiences, including exclusion from rigorous course content (Dabach, 2014), tracking (Callahan,
2005; Umansky, 2016), racism (Rosa & Flores, 2017), and compounding socioeconomic and
segregation inequities (Gandara & Hopkins, 2010). While funding is an important piece of
strengthening EL services, pervasive structural barriers are critically important areas to address in the
pursuit of more equitable outcomes for EL-classified students. Addressing these barriers will take
significant structural and systemic shifts that likely require resources above and beyond the funding
and support provided through HB 3499.

The finding that spending increases per EL-classified student appear to be concentrated
among Target districts potentially reveals ways in which the policy was insufficient to create substantial
change among districts facing the most acute need, Transformation districts. While Transformation
districts received a larger overall amount, they tended to have, on average, larger EL student
populations. In practice, this means that the actual per EL student amount awarded was actually less,
on average, than for Target districts. This likely intersected with the compounding needs

Transformation districts faced—having higher proportions of students experienced socioeconomic
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disadvantage and higher concentration of EL-classified student need—and potentially was not enough
in overall amount to translate into meaningful per-pupil shifts.
Contextualizing Teacher Endorsement Findings

Opverall, there was no significant impact of HB 3499 identification on the ratio of ESOL-
endorsed teachers to EL-classified students. One potential explanation for the null findings may be
the relatively short timeframe of the policy. The ESOL endorsement process requires 18 instructional
credits and a passing assessment score (ORS § 584-420-0360). It may be that three years was not a
long enough time frame to see an increase among schools. Additionally, endorsements are just one
way to “measure” teacher professional development. Teacher professional development efforts
through HB 3499 may have been focused more on trainings and supports for a wider base of teachers,
rather than focusing on more resource-intensive professional development supports such as
endorsements for a smaller number of teachers. This sort of investment is more difficult to capture
and is beyond the scope of this study but is important and warrants further research.
Contextualizing Bilingual Service Findings

Opverall, I estimated null effects of being in an HB 3499 district on EL-classified students’
likelihood of receiving bilingual services to support core content access. The rationale behind
positioning bilingual services as an outcome stemmed from documented barriers to bilingual program
implementation that could be addressed through HB 3499, such as cost and implementation supports
(Steele et al. 2018), as well as concerns that heightened accountability environments can constrict
bilingual education (Menken & Solorza, 2014). However, the absence of significant overall effects in
the three-year window observed may not be surprising. One reason for overall null results may be the
hurdles that come with creating new bilingual programs. This may include the hiring of qualified
educators, sourcing materials, and working with the community to develop a program that meets the

needs of students and families alike (DeNicolo, 2016). HB 3499 may not represent enough of an

159



intervention to see new programs be implemented, or existing programs expand substantially,
especially within the time frame observed. Another reason for null results may have been the policy
design. HB 3499 did not explicitly focus on bilingual services for EL education. Accountability metrics
for identified districts focused on academic and linguistic growth, not program models. Bilingual
education, while an effective and important support for EL-classified students, has been viewed by
some as a risk in the face of accountability pressures given the English-only focus of standardized
assessments (Menken & Solorza, 2014).

The potential increase among Target districts, however, suggests that there was a set of
districts who leveraged their additional funds and support, in the face of increased accountability, to
either create new bilingual programs or expand existing programs. While these are cautionary
estimates, the mechanisms behind why there may have been changes in Target districts and not
Transformation districts are worth exploring. Transformation districts tended to have higher needs
index values and lower outcomes index values than Target districts. It could be that the barriers to
implementing bilingual education programs, including cost and finding qualified bilingual educators,
were more salient in these higher-need districts. In those contexts, funds and support may have been
directed to more foundational supports, such as teacher training or instructional materials, rather than
bilingual programs. Target districts, in contrast, may have been more well-positioned to expand or
create bilingual education programs.

Contextualizing Academic Outcome Findings

No matter the specification, there was no significant increase in EL-classified students” ELA
or math standardized scores, nor an increase in scores when including reclassified student outcomes.
There are many reasons why some schools and districts have lower test score outcomes than others
(Fullan, 1992). Many are structural and tied to issues of segregation and inequality (Darling-Hammond,

2007). While policies such as HB 3499 may represent important steps towards addressing disparities
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in academic services and outcomes in schools, it may be that the scope of the intervention was not
significant enough to see improvements in the outcomes examined, especially within a three-year
window. Again, given research on how school improvement supported by additional funding and
support may take longer time horizons to show improvement in outcomes such as academic
performance (Sun et al., 2021), null academic results may not fully capture in-process improvements.
Implications

Null results for many outcomes, found on average for the full set of HB 3499 districts, may
be disappointing for those interested in identifying a mechanism for supporting EL.-classified students.
While there is value in assessing these outcomes, these results should not be used to fully measure
whether the policy itself “worked”. Instead, these results can inform future iterations of policies to
support EL-classified students. As such, an important implication is that ODE should invest in
continual evaluation of HB 3499 and the policy impacts, with a focus on multiple evaluation methods,
including qualitative work. While null findings are not, I argue, standalone evidence of policy failure,
they are, I argue, evidence that many of the issues in EL education that constrict student outcomes
may require larger shifts and structural changes than facilitated through HB 3499, especially for
districts with acute needs.

As described eatlier, at the end of the HB 3499 cohortt intervention, only three of the forty
districts did not meet one or both of the benchmarks set under the HB 3499 accountability framework
and are subject to state directed EL funding. The majority (22) met the necessary benchmarks to be
considered “reclassified”, with no need for monitoring or direction of EL funding (ODE, 2022). By
these measures, the vast majority of districts saw improvement on important measures of student
access and outcomes. This measure of impact does not use comparison groups to make conclusions
about the policy outcomes, focusing instead on individual benchmarks for districts. Additionally, those

benchmarks are set for a host of other outcomes, including discipline, English language proficiency,
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graduation and postsecondary access indicators. This is important to note, given that there are
countless ways to evaluate policies, and different methods and outcomes likely would result in
different conclusions. However, this current study provides important information for how observed
improvements in student academic outcomes among HB 3499 districts, while they should be
celebrated, were not observed when analyzed through a causal framework. Additionally, there were
not significant shifts in some important structural process indicators, such as teacher endorsements
and bilingual services, that may be important sources of support for EL-classified students.

HB 3499 is an ongoing policy—with a new cohort of districts beginning their window of
support in 2022. It is important to contextualize the support that comes with identification within the
current educational environment and provide guidance for districts on how to best utilize the limited,
but important, additional funds in ways that are grounded in evidence. It may also be important to
work with districts to identify the true costs in Oregon of providing adequate programs, staffing, and
services to EL-classified students, and see whether the additional funds provided through HB 3499
come close to helping districts implement new programs, hire new staff, or invest in systemwide
changes. It may also be important to work with districts to disentangle their perceptions of how the
different policy elements impacted their own work—inquiring as to the impact of the funds, the
technical assistance, and the accountability—to see if the different policy levers had different impacts
on local practices. Such work can complement high-level policy evaluation to inform future work.

Conclusion

There are many ways through which the state education agency can shape EL education at the
local level. HB 3499 is an innovative policy that holds promise as a lever for states interested in
efficient ways to direct resources and support. While there was no overall estimated impact of HB
3499 on academic outcomes, there were significant increases in EL spending, and suggestive evidence

that some districts expanded bilingual services, a critical support. It is important to continue to
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evaluate the impacts of HB 3499 over time to see if these process indicators lead to improved academic
outcomes on a longer time horizon. In the meantime, as HB 3499 continues with a new cohort, there
is room for conversations around the amount of funding and support in juxtaposition with the costs
that come with providing an adequate, appropriate education for EL-classified students and pervasive
structural barriers experienced by many ElL-classified students. Such conversations may encourage
even stronger investments in districts” ELL work, seeing HB 3499 as an important mechanism for

support that can be strengthened as it continues.

163



APPENDIX A

Figure A1. EI-Specific Expenditures per EI -classified Students Over Time, by Whether Districts were Identified
for HB 3499
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Figure A2. HB 3499 Average Total District E1-Specific Expenditures Over Time

Panel |
1200000 '
1
I
i —
1
1
I
[l
1
]
900000 !
]
[l
g 1
2 — !
B2 '
1
g .
w 1
o 600000 !
B 1
= 1
» i
o [l
N 1 —+— Salary & Payroll Costs
© ]
5 ! —e— Retirement/Benefits/Social Security
1
300000 i —1 Administrators
i .
1 / —=— Professional, Instructional & Technical Services
-
—T1 | : —— Temporary Staff/Substitutes
: Supplies & Technology
[l
===ﬁ::r’—>" ~*~ Managerial - Classified
o e
: —+— Textbooks, Periodicals, Library Books
2013 2014 2015 2016 2017 2018 2019
Other
—=— Non-consumable Items
Panel Il

~+—  Student Transportation Services

60000 Building Acquisition & Property Services
~+— Communication

1%
@ 40000
2
b=
=
1)
[=9
£
w
)
[
T
=
®
a
@
[=]
£ 20000
2
<

0

I
2013 2014 2015 2016 2017 2018 2019

165



Figure A3. Ratio of ESOL-Endorsed Teachers to E1.-Classified Students Over Time, by Whether Districts were
Identified for HB 3499
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Figure A4. Proportion of EI-Classified Students Receiving Bilingnal Services Over Time, by Whether Districts were
Identified for HB 3499
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Figure A5. English Language Arts Outcomes Over Time, by Whether Districts were Identified for HB 3499
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Note. Figures present a linear line of best fit using raw student level data, grouped by whether the outcome is from an HB 3499 district or not (Panels I and III) or a
Target district, Transformation district, or non-HB 3499 district (Panels II and IV).
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Figure A6. Math Outcomes Over Time, by Whether Districts were Ldentified for HB 3499
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or a Target district, Transformation district, or non-HB 3499 district (Panels 1T and IV).
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Figure A7. Changes in Teacher Endorsement and Bilingnal Services Point Estimates Under Modeled 1V iolations in
Pre-Trends
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Note. Estimates reflect modeled violations of the post-treatment trend as varying relative magnitudes in relation to pre-trend violations.

Estimates were generated and plotted using the HonestDiD packages (Rambachan & Roth, 2022). Analytic code was supported with
code examples from the DiD Reading Group GitHub (Wright, 2022).
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Figure AS. Event Study Estimates for Alternative Samples: Academic Outcomes
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covariates. The first estimate plotted is the main estimate, which includes outcomes for all current EL-classified students in a given year,
while the next estimate comes from a sample of EL-classified students as well as students who were reclassified as fluent English
proficient during the panel, regardless of whether they were reclassified before or after the intervention. The third estimate draws on a
sample of current EL-classified students as well as students who were reclassified post-intervention.
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Figure A9. Event Study Estimates of the Effect of HB 3499 Identification on Never-EL -classified Students’
Outcomes
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Figure A10. Changes in ESOL Endorsed Teachers and Bilingual Services Point Estimates Under Modeled

Viiolations in Pre-Trends (Larget Districts)
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APPENDIX B

In this Appendix B, I provide a more detailed description of the regression discontinuity (RD)

analyses and assumptions. I then provide more detailed results.
Analytic Approach

There are multiple ways to approach a multiple rating score RD (Reardon & Robinson, 2012).
In cases where it is hypothesized that the effect may differ by threshold, fitting separate RDs at each
threshold is appropriate (Dee, 2012; Reardon & Robinson, 2012). The two thresholds represent
different district contexts—with one subset facing higher need, but higher in outcomes, and the other
being relatively lower need, but also lower outcomes. As such, I argue it is tenable that an intervention
that includes additional funds, technical assistance, and accountability may impact districts at each
threshold differently. For example, districts with higher outcomes prior to treatment may have
stronger instructional systems in place prior to the intervention than districts with lower outcomes.
Having these systems in place may lead to a stronger, more immediate impact. As another example,
districts that are higher in need may face compounding structural issues that mean an intervention
may not be large enough in scope to see meaningful change, as compared to a relatively lower-need
district context.

Working from the assumption that the effect may be different at each threshold, I create two
subsamples of districts, one comprised of a bandwidth of districts above the needs threshold (high-
need) and at the outcomes threshold, and one comprised of districts below the outcomes threshold
(low-outcome) at the needs threshold. For each threshold I restrict the sample to be districts within
ten percentile points from the threshold. As plotted in Figure B1, Panel 1, there is perfect compliance
with the assignment mechanism among high-need districts at the outcome threshold, meaning that no
district above the needs index threshold that had an index value above the outcomes-based threshold

was identified for HB 3499, and that all districts above the needs index that had an index value below
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the outcomes-based threshold were identified. In contrast, there is not perfect compliance with the
assignment mechanism among low-outcome districts at the needs threshold. Specifically, 13 districts
that fell below the outcomes threshold and were below the needs threshold (i.e., did not have high
enough need) were identified, despite not aligning with the identification criteria (Figure B1, Panel II).
However, within the bandwidth I specify of ten percentile points, treatment is perfectly predicted by
whether a district is above or below the 47" percentile.
Description of Bandwidth Samples

For both bandwidth samples, there were differences between HB 3499 districts and non-HB
3499 districts. Table B1 presents student-level descriptive statistics in 2015/16 for the eleven high-
need districts that were within ten percentile points of the outcomes threshold. Table B2 presents
student-level desctiptive statistics in 2015/16 for the thirteen low-outcome districts that were within
ten percentile points of the needs threshold. Among high-need districts at the outcomes threshold, a
lower proportion of EL-classified students in HB 3499 districts were Hispanic/Latinx, and a higher
proportion were Black, White, and Asian/Pacific Islander. HB 3499 districts had, on average, student
populations that had a lower proportion of EL or ever-EL classified, non-White, and eligible for
free/reduced price lunch students. Additionally, in the year prior to identification, a far lower
proporttion of students received bilingual services in HB 3499 districts, and for the academic samples
standardized scores were lower in HB 3499 districts. While not presented in tabular form, on average
in the year prior to identification HB 3499 districts in the bandwidth of high-need districts around the
outcome threshold had a slightly higher ratio of endorsed teachers to EL-classified students than non-
HB 3499 districts and slightly higher ELL expenditures per EL-classified students (see Figure B2).

Among low-outcome districts at the needs threshold, a higher proportion of EL-classified
students were eligible for free/reduced price lunch in HB 3499 districts, while a lower proportion

were ever identified for special education services. There were very small differences in the
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racial/ethnic make-up of EL-classified students in the sample, as the vast majority of EL-classified
students across the two groups were identified as Hispanic/Latinx. On average, HB 3499 districts had
a lower proportion of students who were EL or ever-EL classified and non-White, and a slightly higher
proportion of students eligible for free/reduced price lunch. Very few EL-classified students in either
HB 3499 or non-HB 3499 districts received bilingual services, close to zero percent among non-HB
3499 districts, and 1 percent among HB 3499 districts. Standardized ELLA and math scores were higher
in HB 3499 districts. There were more endorsed teachers per EL-classified student, on average, in
non-HB 3499 districts, while ELL spending per El-classified student was higher in HB 3499 districts.
These differences prior to intervention are important indicators that the two groups of districts, at
either threshold, do not have the same average characteristics prior to intervention, either with regard
to their characteristics, ot the outcomes of interest.
Additional Regression Discontinuity Assumptions

Additional assumption checks (Figure B2) reveal that there are also visible discontinuities in
the characteristics of the EL-classified student population at the threshold. Among high-need districts
at the outcome threshold, there is a visible jump in the proportion of EL-classified students who are
eligible for free/reduced price lunch and non-white moving from the treated group to the untreated
group. Among low-outcome districts at the needs threshold, there is a visible drop in the proportion
of EL-classified students who are eligible for free/reduced price lunch and non-white moving from
the untreated group to the treated group. It is concerning that there would be discontinuities at the
threshold, potentially providing insight into how the threshold was placed in such a way to concentrate
treatment among districts with certain characteristics.

Taken together, the compounding evidence that there are concerning differences in the
districts within the bandwidth is an argument for integrating the RD approach with a difference-in-

differences approach. The difference-in-differences approach allows for baseline differences on the
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outcome of interest, as well as assignment to treatment that is not necessarily as good as random. The
integrated approach, then, will reflect the use of an RD to hopefully create groups where treatment is
more likely to not be related to district characteristics, as well as the use of a difference-in-differences
to account for the baseline differences in treatment and control groups. However, the same
assumptions as described in the main analysis should hold, including parallel pre-trends.

Parallel Trends Assumption

Figures B3 and B4 contain the plotted line of best of fit for the raw data among districts at the
threshold for the different observed outcomes. For high-need districts at the outcome threshold, in
the raw data the trends appear to be parallel for expenditure and academic outcomes. There is a slight
convergence among the endorsed teacher trends, and for bilingual services trends are clearly not
following parallel trajectories, with a negative trend among non-HB 3499 districts and a positive trend
among HB 3499 districts. For low-outcome districts at the needs threshold, in the raw data the trends
appear to be parallel for expenditure outcomes, as well as teacher endorsements. Math trends follow
similar trajectories, while there is a slight convergence among average ELLA scores. For bilingual
services trends are also not following parallel trajectories, with a negative trend among non-HB 3499
districts and a positive trend among HB 3499 districts.

These raw data point to compounding concerns about the ability of the difference-in-
differences approach, once integrated with an RD to identify theoretically more comparable groups,
to estimate an unbiased effect of the policy in this context. Specifically, estimates among districts at
the threshold for bilingual services are unlikely to represent the true effect of the policy, while there
are also serious concerns for ELA estimates among low-outcome districts at the needs threshold. In
the following section I present results for each outcome, but also note here, and throughout, that
these estimates may be limited in the information we can take away from the supplemental analysis.

Findings
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High-Need Districts at the Outcomes Threshold

There was no significant effect of HB 3499 identification on the five outcomes examined
among the subset of high-need districts at the outcomes threshold. Table B3 presents the estimates
from the preferred specification, with a null, imprecise estimate for expenditures, a precise null for
ESOL endorsed teachers/EL-classified students, and null and somewhat imprecise estimates for
bilingual services and academic outcomes. In all cases except teacher endorsements, findings are less
precise than the main estimate, which is not surprising given the small number of districts in the
bandwidth. Among the subsample, I am less confident in the assertation that there was no detectable
effect, as the confidence intervals include moderate to large effects for all outcomes other than
endorsements, meaning I am less able to rule out the presence of sizeable effects among the subset of
districts. Another way that results are not aligned with the main findings are the expenditures, where
no significant effect was detected. Again, the confidence interval is wide, making it difficult to make
any claim about the policy impact.
Low-Outcome Districts at the Needs Threshold

In contrast with the other bandwidth, there was a significant effect of identification on both
EL expenditures per EL-classified student and the ratio of ESOL endorsed teachers to EL-classified
students. The expenditure estimate is larger in magnitude than the main estimates, but again the
confidence interval spans moderate increases ($267.8 increase per EL-classified student) to large
increases ($2,430.7 per El.-classified student), meaning that we cannot rule out changes that range
widely in magnitude. For endorsed teachers, the effect is moderate, about one additional ESOL
endorsed teacher per 13 ElL-classified students, although we cannot rule out very small changes (0.012)
or larger changes (0.142).

As with the other bandwidth, there was no significant effect on bilingual services or academic

outcomes. The bilingual services estimate was small, with a confidence interval that spanned small
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negative effects to moderate positive effects. For both ELLA and math outcomes, the confidence

interval spanned moderate to large negative and positive effects, with the imprecision inhibiting my

ability to conclude whether the policy had no overall effect.

Appendix B Tables and Figures

Table B1. Descriptive Statistics for EL-Classified Students in the Bandwidth (10 Percentile Points) of High-Need
Districts at the Outcomes Threshold (2015/16)

Bilingual Program English Language Arts Math
(K-12) (3-8) (3-8)
Non-HB 3499 HB 3499 Ngj;;B HB 3499 N‘;Z;Q{B HB 3499
(N=12258) (N =5375) (N=5755) (N=2440) (N=5790) (N =2469)

Female 0.47 0.46 0.46 0.44 0.46 0.44
Identified for FRPL 0.91 0.95 0.93 0.95 0.93 0.95
Identified for special 0.19 0.21 0.22 0.24 0.22 0.24
education
Race/Ethnicity

AIAN 0.00 0.00 0.00 0.00 0.00 0.00

Asian/Pacific 0.09 0.16 0.09 0.15 0.09 0.15
Islander

Black 0.01 0.08 0.01 0.07 0.01 0.07

Hispanic 0.80 0.65 0.82 0.69 0.82 0.69

Multi-Ethnic 0.01 0.01 0.01 0.01 0.01 0.01

White 0.08 0.10 0.08 0.09 0.08 0.09
% In bilingual services 0.38 0.15 - -- - --
ELA score - - -0.94 -1.06 - -
Math score - - - - -0.87 -0.99
District chars.

% ELs 0.18 0.10 0.18 0.10 0.18 0.10

% BEver-ELs 0.32 0.20 0.32 0.20 0.32 0.20

% Non-White 0.51 0.43 0.51 0.43 0.51 0.43

% FRPL 0.66 0.54 0.67 0.54 0.67 0.54

% Special Education 0.16 0.14 0.16 0.14 0.16 0.14

Note. EL=English learner. HB=House bill. FRPL=Free/reduced price lunch. ATAN-American Indian or Alaska Native.
ELA=English language arts. Statistics report the average value of student or district-level characteristics in the year prior
to HB 3499 identification by whether the district was identified in the following year.
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Table B2. Descriptive Statistics for EL-Classified Students in the Bandwidth (BW=10 Percentile Points) for Low-
Outcome Districts at the Needs Threshold (2015/16)

Bilingual Program English Language Arts Math
(K-12) (3-8) (3-8)
Non-HB Non-HB Non-HB
3499 HB 3499 3499 HB 3499 3499 HB 3499
(N =6606) (N =2,4006) (N = 302) (N = 1,043) (N = 301) (N = 1,069)

Female 0.46 0.46 0.42 0.46 0.42 0.46
Identified for FRPL 0.80 0.93 0.87 0.93 0.87 0.93
Identified for special
education 0.24 0.19 0.34 0.24 0.35 0.23
Race/Ethnicity

AIAN 0.01 0.00 0.00 0.00 0.00 0.00

Asian/Pacific Islander 0.01 0.02 0.01 0.02 0.01 0.02

Black 0.00 0.00 0.00 0.00 0.00 0.00

Hispanic 0.96 0.95 0.96 0.95 0.96 0.95

Multi-Ethnic 0.00 0.01 0.00 0.00 0.00 0.00

White 0.02 0.02 0.02 0.02 0.02 0.02
% In bilingual services 0.00 0.01 - - -- --
ELA score -- - -0.97 -0.95 -- -
Math score - - - - -0.93 -0.84
District chars.

% ELs 0.15 0.13 0.16 0.15 0.16 0.15

% Ever-ELs 0.32 0.25 0.31 0.27 0.31 0.27

% Non-White 0.47 0.40 0.49 0.47 0.49 0.47

% FRPL 0.55 0.57 0.62 0.65 0.62 0.65

% Special Education 0.13 0.13 0.14 0.14 0.14 0.14

Note. EL=English learner. HB=House bill. FRPL=Free/reduced price lunch. ATAN-American Indian or Alaska Native.
ELA=English language arts. Statistics report the average value of student or district-level characteristics in the year prior
to HB 3499 identification by whether the district was identified in the following year.
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Table B3. Estimated Effect of HB 3499 Identification at Needs and Outcomes Threshold

Expenditures ESOL Endorsed Teachers Bilingual Services ELA Math
High-Need at  Low-Outcome  High-Need at  Low-Outcome High-Need at Low-Outcome at High-Need at Low-Outcome High-Need at
Low-Outcome at iy <
Needs Threshold Outcomes at Needs Outcomes at Needs Outcomes Needs Outcomes at Needs Outcomes
) ) Threshold Threshold Threshold Threshold Threshold Threshold Threshold Threshold Threshold

Est. 95%CI Est. 95%CI Est. 95%Cl Est. 95%CI Est. 95%CI Est. 95%CI Est. 95%CI Est. 95%CI Est. 95% Cl Est. 95% CI

s B8 ons FEZS e DO s L T o 10 o L5 oo FO5 o LT sy 00
Fixed
Effects
Grd. No No No No Yes Yes Yes Yes Yes Yes
Year  Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Dist.  Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Obs. 78 66 78 66 19,145 108,130 7,279 43,003 7,423 98,551
R2 0.702 0.746 0.874 0.091 0.172 0.331 0.164 0.144 0.186 0.146
Cond. ’
R2 0.214 0.163 0.353 0.119 0.078 0.125 0.078 0.081 0.108 0.010

Note. *p<.05, *p<.01, ¥**p<.001. Est=Estimate, CI=Confidence interval, Grd=Grade. All models include district and year fixed effects as well as district covariates, while
student-level specifications include grade fixed effects, student covariates, and school covariates.
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Figure B1. HB 3499 Identification Rate for Districts at the Needs (Top) and Outcomes (Bottom) Threshold
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Figure B2. Plotted Covariates Among E1.-Classified Students in at the Needs and Outcomes Threshold
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Figure B3. High Need Districts at Outcome T'hreshold
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Figure B4. Low Outcome Districts at Needs Threshold
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CHAPTER IV: VARIATION IN TEACHER CONTRIBUTIONS TO EL-CLASSIFIED
STUDENTS PERFORMANCE ON STANDARDIZED ENGLISH LANGUAGE ARTS AND
ENGLISH LANGUAGE PROFICIENCY ASSESSMENTS

Teacher quality is positioned as a critical element of education systems. Variation in teachers’
instructional effectiveness has been found to have significant implications for students’ academic
performance (Aaronson et al., 2007; Nye et al., 2004; Loeb et al., 2014; Rivkin et al., 2005), behavior
(Jackson, 2018), and life course outcomes such as access to postsecondary education and earnings
(Chetty et al., 2014). For students classified as English learners (EL) who are developing their English
language proficiency (ELP) while simultaneously building content area skills and knowledge, teachers
are framed both as important sources of support as well as potential gatekeepers to opportunity
(Bunch, 2013; Dabach, 2014; Faltis et al., 2010; Gandara & Santibafiez, 20106; Shea et al., 2018).
However, studies that attempt to quantify the variation in teacher effectiveness and implications of
this variation for student performance typically overlook the nuances of EL education that likely
impact conclusions about teachers’ roles in shaping ElL-classified students’ educational outcomes
(Jones et al., 2013). Specifically, the provision of additional instruction on the English language (a core
feature of EL education) is not explicitly addressed in examinations of teachers’ unique contributions
to EL-classified students’ academic performance (Jones et al., 2013), nor do examinations of teacher
contributions to student outcomes include ELP as an outcome.

ElL-classified students have the right to instruction on the English language and access to
meaningful core content learning opportunities, with developing core content skills and knowledge
and English proficiency as important learning outcomes (Every Student Succeed Act, 2016). The
delivery of English language and core content instruction will look different across contexts, as federal
requirements leave a great deal of discretion in determining program models to the state and local
level (Castaneda v. Pickard, 1984). In secondary schools, however, the most common structure is for

EL-classified students to be provided with a separate class period dedicated to English language
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development (ELD), and access core content in general education classrooms aside EL- and non-EL-
classified peers alike (Lewis & Gray, 20106). As the name suggests, instruction in an ELD classroom is
focused on supporting students’ ELP development, including instruction on the domains of English
writing, reading, speaking, and listening (DiCerbo et al., 2014). For core content instruction, teachers
are typically tasked with delivering core content material (i.e., English language arts, math, science) to
EL- and non-ElL-classified students in the same instructional setting while adapting their instruction
in ways that are designed to be more accessible to EL-classified students (Verplaetse & Migliacci,
2017).

While ELD is distinct from other core subjects, just as there is observed overlap in standards
and skills taught across core content subjects such as English language arts (ELLA) and social studies
(Koedel, 2009; Yuan, 2015), instruction on the English language in an ELD classroom may overlap
with content being taught in other classrooms. This disciplinary overlap may be particularly true for
ELD and ELA, given the intersection of concepts and domains such as literacy, writing skills,
vocabulary, and grammar (Callahan, 2006). However, despite this conceptual overlap, observed
changes in EL-classified students’ ELA performance year to year are typically attributed to their ELA
teacher in both research and policy, without explicit considerations to the role that ELD teachers may
play (Loeb et al., 2014; Master et al., 20106).

Because of the interrelated nature of ELA and ELD content, ELD teachers may, through
variability in their instructional approaches and effectiveness, contribute to differences in EL-classified
students’ performance on standardized ELA assessments. While ELA teachers are positioned as the
key party responsible for students’ ELLA outcomes in both research and accountability systems
(Grossman et al., 2013; Loeb et al., 2014; Master et al., 2016), EL-classified students’ ability to fully
participate in their ELA classroom instruction may be shaped, in part, by the strength of instruction

they receive in an ELD classroom (Callahan, 2006). Equitable access to learning opportunities is a
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core legal right of EL-classified students, yet there is a wide body of research that identifies ways in
which, even when enrolled in core content classtooms, instruction fails to be structured such that EL-
classified students can meaningfully participate in their learning (Hansen-Thomas & Cavagnetto, 2010;
Harper & de Jong, 2009). In such settings, EL-classified students” ELD instruction may be a critical
support for accessing core content, as students may need to rely on ELD instruction to develop
English proficiencies that can then support them in core content classrooms. Additionally, variability
in ELD instructor effectiveness may have implications for EL-classified students’ performance on
standardized assessments, as English-administered content assessments conflate English language
proficiency with core content skills and knowledge (Abedi, 2002).

While ELLA teachers are tasked with supporting students’ development of ELLA skills and
knowledge, there may be wide variation in the degree to which core content teachers engage in
instructional practices that impact EL-classified students’ ELP performance. For example, some
teachers may view adapting their instruction for EL-classified students as outside their role as content
area instructors. This may mean they pay little attention to opportunities to modify instruction to
support EL-classified students’ core access, relying instead on modifications that do not focus on
language development explicitly, or drawing on misconceptions of the language development process
in their instructional approach in ways that fail to meaningfully support students (Reeves, 2000). In
contrast, some core content teachers may have training and awareness around the opportunities that
they have in the core content classroom to support EL-classified students’ language and core content
skill development simultaneously and integrate this pedagogy into their instruction (Bunch, 2013;
Zwiep et al., 2011). This variation in ELA teachers’ instructional approaches and effectiveness may
have significant implications for EL-classified students’ ELA and ELP outcomes.

There is a push for research and practice that moves beyond the pedagogical framing of EL

education as a process by which students’ English language development happens in one classroom
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and content learning in another, towards a framing that recognizes all educators’ roles in supporting
language and content learning (Bunch, 2013; DiCerbo et al., 2014; Lépez et al., 2013; Reeves, 2000;
Zwiep et al., 2011). Yet, there is limited quantitative evidence on the role that different teachers play
in contributing to differences in EL-classified students’ academic and linguistic outcomes (Jones et al.,
2013). Addressing these gaps can inform our conceptual understanding of how different sources of
instruction throughout the education process contribute to differences in measured academic and
linguistic performance among El-classified students. This may also highlight different ways in which
systems can or should invest resources and attention to strengthen EL instruction and outcomes.

In this study, using statewide data for Oregon EL-classified students who are in grades 6-8
and enrolled in both an ELD and ELA class, I explored two research questions focused on
understanding the extent to which variation is measured across ELA and ELD teachers in their
contributions to El-classified students’ performance on ELA and ELP assessments.” I ask:

1. To what extent does variation in ELA and ELD teacher effectiveness contribute to differences

in EL-students' ELA performance?

2. To what extent does variation in ELLA and ELD teacher effectiveness contribute to differences

in EL-students' ELP performance?

EL-classified students bring rich assets to their schooling and are building valuable skills such as
multilingualism and multiculturalism, but there are significant, documented challenges in accessing
meaningful learning opportunities for EL-classified students (Callahan & Shifrer, 2016). There is a
rich body of work that focuses on identifying specific skills that support effective instruction for EL-

classified students (Faltis et al., 2010; Gersten & Baker, 2000; Goldenberg, 2013), but there are gaps

22 \While these relationships and questions are of import among students in both lower and higher grades, middle school is a setting
where typically the majority of EL-classified students are provided with a separate class period dedicated to instruction on the English
language in addition to their core content instruction. Additionally, data are available to link students to individual teachers and
populations of EL-classified students shrink as they progress through grades, making secondary school estimates potentially less stable
and reliable.
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in our understanding as to how teachers’ contributions to ElL-classified students’ academic and
linguistic outcomes vary, and whether that variability is observed across subject areas (Jones & Buziak,
2013). In this study, I explore these gaps, with findings that can inform conversations around how to
leverage the important role of teachers to strengthen EL education. Importantly, there are critical
challenges and limitations to the practice of quantifying teachers’ effectiveness. The estimates in this
study do not fully capture the range of skills and impacts that teachers bring to the classroom. Instead,
they represent the degree to which individual teachers may contribute to differences in student
performance, year to year. This contribution likely encompasses many different elements, which in
this study are reduced down to the notion of teacher “effectiveness”—a blunt measure, but one that
also may help to illuminate the ways in which differences in what happens inside classrooms
contributes to higher or lower ELP and ELA outcomes for EL-classified students.
Theoretical Framework

There are a set of theoretical assumptions that guide the study focus, embedded within research
on teachers and ElL-classified students. The first theoretical assumption is that variation in ELLA and
ELD teachers’ training, ability, resources, and awareness will lead to variation in both ELA and ELD
teachers’ effectiveness at supporting students’ ability to develop and demonstrate their ELA skills and
knowledge. Similarly, the second theoretical assumption is that this variation in ELA and ELD
teachers’ training, ability, resources, and awareness also has implications for EL-classified students’
assessed ELP. In this section, I outline the research that supports these assumptions.
Teacher Contributions to Student ELA Performance

There are many different factors that shape students’ academic performance year to year

(Hanushek, 2020). For EL-classified students, these factors range from the individual, including
student-level characteristics and experiences, to characteristics of the school and community

environments (Eamon, 2005). For example, student English proficiency and academic engagement
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are associated with differences in academic growth, as are factors such as school segregation and
poverty (Kieffer, 2008; Suarez-Orozco et al., 2010). EL-classified students’ racial/ethnic and gender
identity are also associated with different academic growth patterns (Polat et al., 2016). Beyond
student, school, and community characteristics, teachers may also be important factors in EL-
classified students’ ELA performance.

Accounting for a host of factors (including prior assessed academic performance) significant
variation has been documented in ELA teacher contributions to students’ ELA performance among
the broader population. For example, the standard deviation (§D) of Miami-Dade teacher
contributions to non-EL students’ reading performance ranged from 0.14 SD among elementary
students to 0.09 D among middle school students (Loeb et al., 2014). Similar estimates were found
in Chicago Public High Schools (Aaronson et al., 2007), while slightly smaller estimates were found
for high school students in San Diego Unified School District, 0.07 to 0.10 SD, as well as elementary
and middle school students in North Carolina, 0.06 to 0.07 SD (Torre Gibney & Henry, 2020). These
findings suggest that variation in ELA teacher effectiveness plays a significant role in students’
academic outcomes. While these results represent outcomes for students overall, research on teacher
contributions to academic outcomes for EL-classified students suggests that similar patterns hold.
Specifically, Loeb and colleagues (2014) found that the variation in teacher effects on ELA
performance for El-classified students and non-EL students was similar across the two groups,
differing no more than 0.01 SD across grades. Together, this work suggests that the ELLA teacher a
student is assigned to is associated with meaningful differences in student outcomes. However, these
studies estimate ELLA teacher contributions to student performance without explicitly considering
how, for EL-classified students, instruction received through EL supports and services (such as ELD)

may also be contributing to differences in student outcomes.
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Figure 3.1 outlines the pathways through which theorized differences in teachers’ instructional
effectiveness may contribute to differences in EL-classified students’ performance on standardized
ELA assessments. First, as represented by Path 1, the quality of ELA instruction has the potential to
impact EL-classified students’ performance on standardized ELA assessments. This link is based in
the research outlined above that identifies significant variation in ELLA teacher contributions to
students” ELLA performance as measured by standardized EILA assessments, variation that has been
found to be similar across EL-classified and non-EL-classified students (Loeb et al., 2014). Variation
in effectiveness may stem from different levels of training and professional development that core
content teachers receive focused on supporting EL-classified students in the classroom, as well as
variability in awareness and ability to modify instruction appropriately (Gandara & Santibafiez, 2016;
Harper et al., 2011; Harper & de Jong, 2009). For example, some teachers may water down instruction
in ways that constrict EL-classified students’ access to rigorous content learning (Dabach, 2014; C. A.
Harper & de Jong, 2009), while others may employ effective scaffolding techniques or other targeted
instructional approaches that facilitate meaningful access to participation and learning in general core
content classrooms (August et al., 2009; Llosa et al., 2016; Walqui & van Lier, 2010). There are specific
competencies that may support secondary age El-classified students in the classroom (Faltis et al.,
2010); learning and employing these competencies may result in some ELA teachers’ having larger,
positive impacts on EL students’ ELA performance or learning, while others who do not have access
to sufficient training or support to do so may have little to no impact, or even be associated with lower
performance outcomes (Santibafiez & Gandara, 2018). Further, some ELA teachers may collaborate
with EL specialists or teachers to adapt instruction in linguistically responsive ways or align instruction
(Villavicencio et al.,, 2021), while others may see adaptations to EL instruction as “outside” their
professional role (Pettit, 2011). Also seen in Figure 3.1, Path 2 connects ELA teachers indirectly to

EL-classified students’ ELA outcomes through instruction on the English language. This path
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represents how some ELA teachers may integrate rich, embedded language pedagogy into their ELA
instruction in ways that supports students’ ELP development, which in turn can support core content
learning (Bunch, 2013; Stoddart et al., 2002; Zwiep et al., 2011). These theorized relationships reflect
the interrelated nature of language and literacy development (Callahan, 2000).

Figure 3.1 Theorized Pathways Through Which 1 ariation in E1A and ELD Teacher Effectiveness may Shape
EL-Classified Student Performance on ELA Assessments

English : : Student
Lancuage Arts ( ) Instruction on ELA skills and
guag knowledge Performance
Teachers y on ELA
@\ The degree to which teachers provide Assessments

instruction on the English language may
shape students’ ability to access
instruction on ELA skills and knowledge

The degree to which ELD teachers
provide high-quality instruction on the
English language may shape students’

ability to demonstrate core content

knowledge on English-administered
EngliSh core content academic assessments
Language
Development
Teachers

Note. ELA=English language arts, ELD=English language development.

Figure 3.1 also includes ELD teachers as an input into ElL-classified students’ ELA
performance in a given year, with two pathways identified. The first pathway (Path 3) through which
ELD teachers may contribute to differences in El-classified students’ ELLA performance connects
variability in effectiveness of ELD instruction to EL-classified students’ ability to participate in their
ELA classrooms. In classrooms where English is the predominant or only language used and ELA
teachers are not integrating effective instructional practices to support access for students who have
varying levels of English proficiency, EL-classified students’ core content learning and ELD likely

become critically interrelated and interdependent (Gibbons, 2002; Lucas & Grinberg, 2008). For
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example, if a student’s ELD instruction is delivered in a way that supports linguistic growth and their
sense of self-efficacy and linguistic identity (Snow & Katz, 2010) it is likely that the ELD instruction
may support the student’s ability to participate meaningfully in their ELA classroom. As noted above,
this may become even more of an important source of instructional support if core content teachers
are not structuring their classrooms such that learning opportunities are accessible or delivered with
EL-classified students in mind. In such contexts, English proficiency may become a gatekeeper to
accessing instruction (King & Scott, 2014). ELD instruction through a separate class period may
support students’ English language and literacy growth, suggesting that variability in the effectiveness
in those classrooms may play a role in differential ELLA outcomes for students (Saunders et al., 2000).
There is also another pathway (Path 4), as variability in ELLD instruction may also impact students’
ability to demonstrate their ELA skills and knowledge on the standardized ELA assessments used.
English-administered core content assessments are widely understood to conflate English proficiency
with academic content (Abedi, 2002). As such, less effective ELD instruction may not support
students’ ability to demonstrate their ELLA knowledge, while more effective ELD instruction may
support students’ ability to demonstrate their ELA knowledge.
Teacher Contributions to Student ELP Performance

There are also many inputs that shape EL-classified students’ assessed performance on
standardized ELP assessments year to year. Many of these factors mirror those that shape academic
growth. For example, students’ socioeconomic status and race/ethnicity are predictive of students’
ELP development, as are other factors such as initial home language literacy, gender, identification for
special education services, and the school concentration of students in poverty and classified as EL
(Kim et al., 2014; Thompson, 2017). While there is much less quantitative evidence on the role that

teachers may play in shaping students” ELP performance than for ELA, I argue that prior research
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supports the theory that variation in the effectiveness of both ELA and ELD teachers may shape EL-
classified students’ ELP performance.

Figure 3.2 outlines the different pathways through which differences in ELA and ELD teachers’
instructional effectiveness may contribute to differences in EL-classified students’ performance on
standardized ELP assessments. The first pathway (Path 1) runs directly from ELD teachers to
students” ELP performance, representing how differences in students’ ELP performance may be
attributable to their assigned ELD teacher through the degree to which that teacher engages in
effective instruction on different domains of the English language. It is recommended that ELD
instruction explicitly teach English language concepts such as vocabulary, syntax, morphology and
conventions, as well as both conversational and more formal language, be interactive and incorporate
opportunities for feedback, and be based on an understanding of language development and
communication strategies (Saunders et al., 2013). The degree to which ELD teachers are provided
with the supports and training to do so effectively for students may result in variability in their
effectiveness, and in turn student performance. The second path (Path 2) runs from ELA teachers to
students” ELP performance, representing the degree to which ELA teachers provide instruction that
supports EL-classified students’ opportunities to access and participate in ELA learning opportunities
in the classroom. While ELLA and ELD are separate subjects, the overlap across the skills and
knowledge, as well as state standards (Oregon Department of Education [ODE], 2019), suggests that
effective ELA instruction that has been appropriately modified or adapted for EL-classified students
may also support students’ reading, writing, listening and speaking skills, all of which are assessed on
the ELP assessment. Relatedly, the degree to which ELA teachers are fostering meaningful dialogue
and engagement in the classroom may support language development (Walqui, 2006). Path 3 also
connects ELA teachers to students’ ELP performance, based on the theory that differences in

students’ ELP performance may also depend on the degree to which ELA teachers integrate
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pedagogical tools that support students” ELP growth into their instruction.

Figure 3.2. Theorized Pathways Through Which V ariation in EI.A and ELD Teacher Effectiveness may Shape
EI-Classified Student Performance on ELP Assessments

English
Language Arts The degree to which ELA teachers
Teachers provide instruction that specifically
integrates pedagogical tools to
support English language
development

The degree to which ELA teachers
provide instruction that supports
students’ access to ELA learning
opportunities, and in turn literacy

skill development Student
English Performance on
Language The degree to which ELD teachers English Language
guag '@_ provide effective instruction on domains F—————+ Profi ciency
Development of English proficiency such as reading,
Teachers writing, listening and speaking Assessments

Note. ELA=English language arts, ELD=FEnglish language development.

The theoties that guide this paper can be summarized by the more simply put assertion of Bunch
and colleagues (2012) that “Language development and cognitive development are interrelated and
mutually dependent; ELs learn language as they learn content” (p. 2). While Bunch and colleagues are
not explicitly discussing ELLA and ELD, but rather core content and ELD broadly, the focus of this
study is specifically on ELA and ELD given the interrelated nature of core content and language
learning and the potential overlap in the instructional focus across ELA and ELD classrooms. This is
exemplified in Oregon’s ELA and ELP standards. The Oregon ELP standards for 6™-8" graders
include standards such as, for example, “speak and write about grade- appropriate complex literary
and informational texts and topics”, “conduct research and evaluate and communicate findings to
answer questions or solve problems”, “determine the meaning of words and phrases in oral
presentations and literary and informational text” and “make accurate use of standard English to

communicate in grade-appropriate speech and writing” (ODE, 2019, pp. 23-24). There are clear
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similarities and overlaps with some of the ELLA and literacy standards, which include, for example,
“Demonstrate command of the conventions of standard English grammar and usage when writing or
speaking”, “Use knowledge of language and its conventions when writing, speaking, reading, or
listening”, “Determine the meaning of words and phrases as they are used in a text, including
figurative, connotative, and technical meanings; analyze the impact of a specific word choice on
meaning and tone”, and “Conduct short as well as more sustained research projects based on focused
questions, demonstrating understanding of the subject under investigation” (ODE, 2019).

This is not to say that ELA and ELD classrooms will mirror one another. Rather, the instruction
students receive in each classroom is likely not isolated to that classroom, but instead shapes how they
engage across ELA and ELD classrooms with learning opportunities, as well as how they perform on
the assessments given at the end of the year for both subjects.

Data

To answer the above research questions, I drew on statewide, teacher- and student-level
administrative records from 2015/16 to 2018/19 for EL-classified students in grades 6-8. The sample
that included students’ ELA test score outcomes spans all four years, while the sample that included
ELP test score outcomes spans three years (2015/16 to 2017/18).

To generate reliable, meaningful estimates of ELA and ELD contributions to students’
performance that can be compared to one another, I took multiple steps to create a sample that
included teachers who were linked to enough individual students who themselves were in both ELA
and ELD classes. Using course enrollment data for all EL-classified students from 2015/16 to
2018/19, I undertook multiple steps to create individual records for each student, in each year, linked
to an ELA and ELD teacher. First, I dropped all course-taking records where students’ enrollment
duration was less than 50% of the total enrollment period. I then dropped any class smaller than five

students. I restricted the sample to EL-classified students who were enrolled in either an ELA or ELD
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class. I also dropped students who were missing data across all years on eligibility for free/reduced
price lunch, participation in migrant education, recent immigrant status, special education
identification, gender, or race/ethnicity. For students missing fewer than all years on one or more of
these variables, I imputed the modal value across their full series of data. For the ELA sample, I also
dropped students missing an ELLA score in the current year, while for the ELP sample I did the same
for students missing an ELP score. I only retained ELA course-taking records for classes with NCES
course codes that were non-elective ot specialized ELA courses.” I retained all records with the NCES
course code 1008 or 51008 for ELD coursework. I also dropped the small fraction of students whose
ELA teacher was also their ELD teacher. If a student was connected to more than one ELA
course/teacher combination after the above steps, I retained only their main, grade-specific ELA
course while dropping the other (i.e., retain 6" grade ELLA and drop Reading). After these steps, 13,145
student/year observations were still linked to either two ELA or two ELD teachers. I dropped these
observations. For the main sample, I also excluded any student missing a prior year ELA, ELP Reading
domain score, or math score. My analytic strategy relies on having the same student sample across
both ELA and ELD teachers, meaning that students must be enrolled in both an ELA and ELD
class.** Of the students remaining in the sample, almost 60% were enrolled in both an ELA and ELD
class, while the remaining observations were dropped. Finally, to reduce concerns around instability
of teacher effects (Chetty et al.,, 2014), I also drop any student-teacher record where the teacher is
linked to fewer than ten EL-classified students. For ELA outcomes, this leaves a sample comprised
of 9,513 student-year observations for 7,246 students, from 119 schools within 53 school districts.

These students shared 388 ELLA teachers and 211 ELD teachers. Student-level descriptive statistics

23 ELA course codes that were included were: 1010, 1034, 1035, 1036, 1037, 1046, 1047, 1048, 1049, 1053, 1055, 1058, 1099, 1103, 1104, 11306, 1137,
1138, 1139, 1149, 1996, 51007, 51034, 51034, 51035, 51036, 51037, 51046, 51047, 51048, 51049, 51136, 51137, 51138, 51139.

24 Having the same sample allows for compatisons in variability across ELA and ELD teachers (Koedel, 2009).
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for this population are presented in Table 3.1. The student sample grows smaller as students progress
through grades, reflecting the process by which students are reclassified from EL status to fluent
English proficient. The majority of students were Hispanic/Latinx (around 80% in each grade). The
proportion of students identified for special education ranges from 23.0% to 32.4%, increasing by
grade. The majority of students were eligible for free/reduced price lunch (FRPL), over 90%. Students
in the sample were, on average, in schools where about 19% of their peers were EL-classified and
about 60% of their peers were students of color. Students in the ELA sample were in ELA classrooms
where the average proportion of students who are El.-classified ranges from 23.5% in 8" grade to
30.4% in 6™ grade, and the proportion of students who were nonwhite is higher than the school
average. While it may be that some of these ELLA classrooms are sheltered classrooms specifically
designed to support EL-classified students, I am unable to identify which classes in the data. This is a
limitation, as teachers of those classes may be more effective at increasing test scores among ElL-
classified students, both ELLA and ELD, than those that are teaching non-sheltered classrooms.

Also presented in Table 3.1 are summary statistics for the student population that has non-
missing scores on the ELP Reading domain, which the ELP domain score with the lowest missingness
rate in the sample. This sample is comprised of 6,295 student-year observations for 5,020 students,
from 106 schools within 47 school districts. These students shared 302 ELA teachers and 160 ELD
teachers. The three other domains (Listening, Writing, and Speaking) have slightly fewer observations
due to missingness, although summary statistics are virtually identical. Similar patterns observed
among the students with non-missing ELA scores are evident in the smaller sample of students with
non-missing ELP scores. However, ELD classroom-level proportions were different from their ELLA
classroom proportions. Specifically, on average students’ ELD classroom peers were more likely to be
eligible for special education services, immigrants, non-white, and FRPL eligible than their ELA

classroom peers.
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Table 3.1. Student L evel Descriptive Statistics

ELA ELP
6 7 8 6 7 8

Male 0.556 0.571 0.583 0.555 0.561 0.597
Race/Ethnicity

ATAN 0.017 0.045 0.060 0.023 0.048 0.064
Asian 0.060 0.072 0.085 0.063 0.069 0.099
Black 0.015 0.019 0.028 0.019 0.020 0.026
Hispanic/Latinx 0.849 0.802 0.767 0.836 0.804 0.742
White 0.056 0.058 0.057 0.057 0.056 0.065
Multi-Ethnic 0.003 0.004 0.002 0.001 0.004 0.004
SPED 0.230 0.270 0.324 0.232 0.293 0.351
FRPL Eligible 0.965 0.960 0.955 0.967 0.970 0.957
Home language

Spanish 0.861 0.814 0.783 0.855 0.815 0.763
Migrant 0.133 0.138 0.142 0.139 0.136 0.146
ELPA21 Prof.

1 0.012 0.044 0.057 0.012 0.046 0.057
2 0.783 0.887 0.896 0.787 0.883 0.896
3 0.205 0.069 0.047 0.201 0.071 0.047
(Missing) 1129 911 658 0 0 0
ELA -1.095 -1.233 -1.254 -1.106 -1.286 -1.304
Math -1.072 -1.185 -1.150 -1.106 -1.240 -1.206
ELP Reading 0.176 0.223 0.231 0.171 0.219 0.228
ELP Writing 0.223 0.262 0.276 0.218 0.255 0.271
ELP Listening 0.212 0.272 0.283 0.204 0.266 0.278
ELP Speaking 0.184 0.212 0.188 0.177 0.206 0.200
Prior Year ELA -1.160 -1.313 -1.431 -1.152 -1.354 -1.491
Prior Year ELP

Reading -0.051 -0.050 0.000 -0.061 -0.043 -0.070
C. Prop. Sped 0.151 0.166 0.178 0.262 0.295 0.306
C. Prop. EL 0.304 0.264 0.235 0.996 0.994 0.995
C. Prop.

Nonwhite 0.663 0.662 0.658 0.929 0.927 0.921
C. Prop. FRPL 0.822 0.819 0.814 0.953 0.951 0.949
S. Prop. Sped 0.160 0.159 0.157 0.160 0.159 0.156
S. Prop. EL 0.190 0.195 0.199 0.191 0.202 0.204
S. Prop. Nonwhite 0.606 0.610 0.611 0.606 0.618 0.611
S. Prop. FRPL 0.791 0.791 0.785 0.799 0.804 0.779
Total Students 4154 3271 2088 2831 2150 1314

Note. SPED=Identified for special education, ATAN=American Indian/Alaska Native, FPRL=Free/reduced price
lunch, ELA=English language arts, C.=Classroom, S.=School, Prop.=Proportion, ELP=English language
proficiency.

Summary statistics for the teacher population are presented in Table 3.2 by year. The majority
of ELA and ELD teachers included in the study were female, with a slightly higher proportion of ELA

teachers than ELD. The vast majority were White. For the ELLA outcomes sample, about six to eight
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petcent of ELA teachers were identified as Hispanic/Latinx, while the proportion increases from
around eight percent to about 14 percent by 2019 among ELD teachers. About one to three percent
of ELA teachers reported Spanish as their primary language over the years observed, while about five
to nine percent of ELD teachers reported Spanish as their primary language. Around 20 to 28 percent
of ELA teachers held an active English for Speakers of Other Languages (ESOL) endorsement, while
the proportion declined slightly over time among ELD teachers from about 91 percent to 76 percent.
Similar patterns are observed among teachers included in the ELP outcomes sample. Of note, this is
a selective sample of ELLA and ELD teachers—not representative of the statewide population of ELA
and ELD teachers who teach EL-classified students.

Table 3.2. Teacher 1evel Descriptive Statistics

ELA Teachers ELD Teachers

2016 2017 2018 2019 2016 2017 2018 2019
ELA Sample
Female 0811 0817 0763  0.779 0732 0693 0711 0.709
Hispanic/Latinx ~ 0.074 0071 0082  0.064 0.084 008 0124 0143
AIAN 0033 0037 0027  0.020 0053 0041 0066 0079
Asian 0.024 002 0016  0.003 003 0036 0023 0056
Black 0.003 0015 0013  0.009 0028 0022 0014 0010
White 0965 0966 0971 0985 0933 0929 0922 0898
Spanish home 0030 0017 0027 0012 0056 0076 0096 0097
language
ESOL Endorsed 0284 0195 0255  0.206 0911 0862 0775  0.760
Total 339 411 378 344 179 227 218 199

2006 2017 2018 2019 2016 2017 2018 2019
ELP Sample
Female 0.806 0814  0.796 073 0667  0.722
Hispanic/Latinx 0071 0076  0.088 0074 0085 0113
AIAN 0032 0031  0.032 0.064 0046 0072
Asian 0.025 0028  0.021 0032 0037 0031
Black 0.004 0019  0.021 0021 0019 0021
White 0968 0963  0.965 0926 0935 0928
Spanish home 0.025 0012  0.028 0053 0065  0.093
language
ESOL Endorsed 0286 0226 0.277 0904 0852 0825
Total 281 318 280 94 109 97

Note. ELA=English language arts, ELP=English language proficiency, ELD=English language development,
ATAN=American Indian, Alaska Native, ESOL=English for speakers of other languages
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ELA and ELP Outcomes

The two outcomes of interest in this study are students’ scores on the standardized ELA
assessment and students’ scores from each standardized ELP assessment domain (reading, writing,
speaking and listening). Both the ELA and ELP assessments are administered in the spring of each
year, although the ELA assessment is administered to all students, while the ELP assessment is only
administered to students who are currently El-classified.

In Oregon, for the years examined, the standardized ELA assessment administered across the
years of data was the Smarter Balanced Assessment Consortium (SBAC). SBAC scores range from
2000 to 3000. Scores were standardized within grade and year for the full EL-classified student
population, with a mean of zero. As seen in Table 3.1, across grades six through eight students’ ELA
lagged and in-year scores were over a standard deviation lower than the full statewide population of
students (EL and non-EL) who took the assessment in the same grade and year.

The ELP assessment used during the study window was the ELPA21 assessment. Oregon is
a member of the ELPA21 consortium, a group of states that use the common ELPA21 assessment.
The first year that Oregon transitioned to the ELPA21 was 2015/16,” the first year of data in this
study. Scoring on the ELPA21 is based on a profile model, with students’ English proficiency level
being informed by their performance across domains, not a simple overall score (ODE, 2022). For
this study, I analyzed teachers’ unique contributions to students’ standardized scores for each ELP
domain—reading, writing, speaking, and listening—standardized within grade and year. As seen in
Table 3.1, students’ average ELP domain scores were above the average within-grade, within-year
score for their El.-classified peers who took the assessment. This means that the sample is comprised

of students who had slightly higher ELP scores than their grade-level EL-classified peers.

% Of note, lagged scores in 2015/16 are based off the prior ELP assessment (Oregon ELPA). I argue that these scores are still
informative in the lagged-score models given that they are standardized within grade and year for the prior year, and therefore still
capturing standardized information on students’ ELP they bring into their current year.
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Analytic Approach

The first research question is focused on estimating the variation in ELA and ELD teacher
contributions to EL-classified students’ ELLA performance, accounting for a host of other factors,
including assessed academic and English language performance from the end of the prior year. The
second research question is similar but focuses on students’ ELP performance as the outcome. The
approach used in this study to estimate teacher contributions to students’ outcomes is often called
estimating a teacher value-added model, as it is framed as capturing the “value” an individual teacher
contributes to students’ performance, as well as capturing the overall variation in the “value-added”
as a way to represent the degree to which it matters for students’ outcomes whether a student is
assigned to a more or less instructionally effective teacher. This approach is often framed as estimating
how much the variation in teacher quality matters for student outcomes, as well as a way to identify
more or less effective teachers (Aaronson et al., 2007; Hanushek, 2020; Koedel et al., 2015; Rivkin et
al., 2005).

While I drew on methods from the value-added approach, I avoid using the term value-added
because the term, by nominally tying teachers’ value to student test scores, solely relies on standardized
assessment scores as indicators of student learning, leaving out important other sources of
information. The resulting values represent just one element of students’ educational experiences and
outcomes. I approach this study as an exploratory way of trying to understand the extent to which
there is variation in teacher contributions to students’ assessed content and ELP performance. The

<

goal is not to identify “good” or “bad” teachers, nor hold up teachers of one subject over the other
as more important. Rather, this study is designed, and hopefully executed, in a way that lends evidence

to the discussion around the interrelated nature of language and content learning for EL-classified

students and the role that teachers across classrooms play in shaping students’ outcomes.
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In this study, I fit a model that estimates a parameter for each individual ELLA and ELD teacher
a student is linked to in a given year in relation to their ELA score, as well as each ELP domain score,
in addition to a host of covariates that include students’ prior-year math, ELLA, and ELP scores and a
series of fixed effects: This model is conceptually similar to those that estimate teachers’ contributions
to students’ academic performance that “spill over” from their assigned subject to students’
performance on assessments measuring skills and knowledge from other subjects (Koedel, 2009;
Yuan, 2015). Specifically, I fit the following mixed-effects model, estimated via restricted maximum
likelihood:

SCORE;, = f(ELAi¢-1))+ f(ELP_READ;;—yy) + f(MATH;(o—1y) + Xie+ Yoo + Zg + 05 + T, + 75 +
(Petacit) + Neacie) + &ie)

This model includes a random effect for each ELLA teacher (Qejq(; r)) and each ELD teacher (e1q i 1))
to capture their unique contribution to students’ test scores. The inclusion of teachers as random
effects approximates a fixed-effect value-added modeling approach that applies Bayesian shrinkage to
the resulting estimate to mitigate concerns around bias in the estimate stemming from yearly
measurement error (Bitler et al., 2019; Kraft, 2019; Mulhern, 2020). This model can also be thought
of as specifying a three-level error structure, in which there is an ELLA teacher-level random effect,
ELD teacher-level random effect, and an idiosyncratic student-level error term (Kraft, 2019).

In addition to ELA and ELD teacher random effects, I included grade (g,), school (), and
year () fixed effects. I also included cubic polynomials of students’ prior year ELA, math, and ELP
reading domain scores™, as well as their current year demographic characteristics ( X;;; race/ethnicity,
gender, FRPL eligibility, immigrant status, migrant status special education identification). I also

included classroom- (Y ) and school-level (Zg) averages of student demographics. In this approach,

%7 lag students’ ELP reading score because it has the lowest missingness level across ELP domain scores, and it also represents the
domain I argue would most likely predict students’ course placement, given the important role that reading plays across classrooms.
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teachers’ unique contributions to test score performance are estimated from differences in students’
residualized test scores across different “pairings” of ELA and ELD teachers within schools. In an
alternative main specification, I dropped school fixed effects and specify a four-level error structure,
including school random effects rather than fixed.

The second research question mirrors the first, but instead of estimating the unique
contribution of each ELLA and ELD teacher to students” ELLA assessment performance, I fit a series
of models, each with students’ ELP domain scotes as the outcome of interest. The models are identical
to that of the ELLA outcome, with the only difference being a smaller subset of students.

The parameter of interest for both research questions is the standard deviation (§D) of the
distribution of teacher random effects, a measure of variation in teacher contributions to student
performance as captured through the remaining variation (residuals) in student test scores after the
inclusion of the above covariates and fixed effects that is then attributed to a student’s teacher. The
significance and magnitude of this variation provides a way to frame whether the explained variance
is approximately statistically distinguishable from zero, as well as how much variation in teachers’
contributions is observed across the full distribution of ELA and ELD teachers’ estimated
contributions. For example, the §D of ELA teachers’ contributions to students’ performance on ELA
assessments provides information on how much higher, on average, students’ ELA test scores are
when assigned to a teacher whose effectiveness is one SD above or below the average teacher
effectiveness. This can be examined alongside the SD of ELD teachers’ contributions to students’
ELA performance, as well as the §D of ELA and ELD teacher contributions generated with ELP
performance measures as the outcome of interest. As such, the resulting parameters provide evidence
on the extent to which there is variation in ELA and ELD teachers’ measured instructional
effectiveness that has meaningful implications for student performance on ELLA and ELP assessments.

Assumptions and Limitations

213



One assumption that underlies this approach is that teacher effects are additive across subjects,
and therefore one can identify the unique contributions of each teacher, across subjects, to student
performance through including both in the model (Koedel, 2009). This is similar to approaches used
for co-teaching that rely on weights to identify the partial effect for teachers, except in this approach
all weights are equal, approximating a situation in which each “co-teacher” plays an equal role in
student learning (Hock & Isenberg, 2017).

Another set of assumptions is related to the variation from which the estimated contributions
to student performance are estimated. Teachers’ random effect estimates are generated from mean
differences in students’ residualized test scores across different teacher pairings. As such, for the
estimates to be unbiased, the approach assumes that there is no “sorting’” when it comes to ELLA and
ELD teacher pairing, conditional on the included fixed effects and covariates. A related assumption
is that, conditional on included covariates, there is no sorting of students to teachers. Given that
middle school EL-classified students” ELP levels and academic preparation inform and predict course
access (Callahan, 2005; Estrada, 2014), I argue that the included covariates are well-situated to address
sorting concerns. However, omitted variable bias and resulting sorting, including parental preference
for certain teachers, or building leaders’ preference in assigning students to specific teachers or
combinations of ELA and ELD teachers cannot be fully ruled out and should be considered as a
limitation to the interpretation of these findings.

There are also other limitations of note. First, given the structure of the course-taking data I
have access to, my sample is limited to ELD teachers who provide ELD instruction through a separate
class period approach. This varies from ELD teachers or specialists who provide English language
support by pulling students out of class to receive supports or “pushing-in” to the classroom to
support content learning through ELD instruction. This sample is also limited to ELA teachers who

are linked to a sufficient number of EL-classified students who are concurrently enrolled in an ELA
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class. While this limits the generalizability of this study to only ELD teachers who provide ELD
through a separate class period, and to ELA teachers who provide content instruction in a school that
has designated class period ELD, this likely represents a large proportion of schools. In 2016, 68%
petcent of surveyed U.S. high schools that had EL-classified students reported that they provided
ELD through a designated class period (Lewis & Gray, 2016).

As another limitation, I do not have data on is whether there are other supports that ELLA
teachers are receiving in the classroom. For example, paraeducators or EL specialists may support EL-
classified students in their ELLA classroom. The additional supports may introduce bias into teachers’
estimated contribution to students’ performance. Additionally, some courses may be explicitly
designed to support El.-classified students, and teachers in those classtooms may be particularly
effective, with more training and supports. Finally, this is a very small sample of teachers and students,
with a short panel of data. In addition to the other limitations noted above, this may introduce
concerns of instability in the estimates.

In light of concerns regarding unobserved variable bias and sorting concerns, as well as a
relatively small population with potentially limited variation in pairings across teachers, I frame this
study as exploratory, with important results that should be interpreted within the context of these
limitations. The results would benefit from being compared to similar analyses run with a longer panel
and larger student and teacher population.

Sensitivity Analyses

In response to the limitations and concerns outlined above, I ran a series of sensitivity analyses
for the above two research questions. Some of the sensitivity analyses involve different sample
constructions, while others different model specifications.

For both research questions, I re-ran the models dropping all students identified as receiving

special education services. One reason I ran this specification is, as with EL education, special
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education services often come with additional instructional supports and services that may be
contributing to variability in teacher estimated contributions. Excluding these students may help to
get a cleaner estimate of teachers’ contributions. Additionally, students who are eligible for special
education, as with EL-classified students, may have particularly high rates of measurement error in
their test scores outcomes, in comparison with the non-EL population without disabilities (Buzick &
Laitusis, 2010). Measurement error, even with the random effects approach, may still be a concern for
estimates’ stability and validity.

I also re-ran the main specification with a larger sample, imputing prior year math, ELLA, and
ELP reading scores to the mean value for their given grade and year (Lipscomb et al., 2010). This
sample is larger and includes more students and teachers, potentially strengthening the findings if they
align with the main estimates. I also re-ran the analyses using a subset of the imputed dataset limited
to students who are taught by ELA teachers who are linked to two or more ELD teachers within a
given grade and year as well as ELD teachers who are also linked to two or more ELA teachers within
a given grade and year. This is essentially reducing the variation to contexts where there is variation in
teacher pairings within grade and year. While this will likely be a much smaller data set, similar results
will provide further evidence for the main estimates, while divergent estimates may suggest that the
findings are less reliable.

As alternative specifications, I first re-ran the model with the main sample but did not include
school fixed effects, allowing for the estimate to draw on cross-school variation (Koedel et al., 2015).
I also re-ran the model specification with the main sample, but instead of modeling ELLA and ELD
teacher parameters as random effects, I included them as fixed effects, and do not adjust them using
a shrinkage procedure. While the random effects approach adjusts the estimates in a way that addresses
key issues of measurement error and instability (e.g. Kraft, 2019), the resulting estimates may draw on

multiple sources of variation without a clear way to disentangle the source of such variation. A fixed
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effects approach, while likely representing much noisier and often outsized estimates, may more
cleanly capture overall variation in teacher contributions to student performance. In the fixed effects
approach I included the same covariates as above and grade and year fixed effects (dropping school
fixed effects because of collinearity concerns with the teacher parameters), reducing the variation to
within grade and year. While likely much larger and noisier than the main estimates (Bitler et al., 2019),
the distribution of these estimates can be compared to the distribution of main estimated contributions
to see whether they appear to be similar. If the distribution is similar, that is evidence that the variation
identified through the random effects approach in teacher contributions to student performance
represents variation in teacher effectiveness overall, rather than drawing on year to year variation in
individual teachers’ effectiveness.
Results

ELA and ELD Teacher Contributions to Students’ ELA Performance

In the main model specification, there was meaningful variation in both ELA and ELD teacher
contributions to students’ ELA performance. The full distribution of ELLA teacher contributions to
EL-classified students’ ELA performance, as estimated in the main model, is plotted in the top panel
of Figure 3.3, while the §D of teacher contributions from a series of model specifications is presented
in Table 3.3. In the preferred main specification (Model IIT for ELA outcomes in Table 3.3), students
who were assigned to an ELLA teacher whose measured contribution to ELA performance was one
SD above the mean ELA teacher contribution had, on average, ELA scores that were 0.054 SD higher.
This estimate was similar in magnitude to estimates from a model where schools were included as
random effects (Model 1V), and in the model with no ELD teacher parameter included (Model I).
Including the ELD teacher parameter does not seem to change conclusions about the extent to which
variation in ELLA teachers’ instructional effectiveness shapes student ELLA performance, suggesting

that the ELD teacher estimate is being “picked up” through other parameters estimated in Model 1.
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Figure 3.3. Distribution of EI.A and ELD Teacher Contributions to E1.-Classified Students’ E1.A Outcomes
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Variation in ELD teachers’ effectiveness, as measured by contributions to EL-classified
students’ ELA performance, also appears to have implications for El-classified students’ ELA
performance, although the variation is smaller in magnitude than for ELA teachers. Reported in Table
3.3, Model III for ELA outcomes (and plotted in the bottom panel of Figure 3.3), students assigned
to an ELD teacher whose measured contribution to ELA performance was one §D above the mean
had ELA assessment scores that were, on average, 0.024 §D higher. This is about half the magnitude
of ELA teacher estimates. The estimated SD is substantively identical in the school random effects

approach, and slightly smaller than the model that did not include an ELLA teacher parameter.
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Table 3.3. Estimated EIA and E1D Teacher Contributions to E1.-Classified Students’ EI.A Outcomes

ELA

Model I Model IT Model III Model IV
Teacher Intercepts (SD)
ELA 0.058#* / 0.054#k* 0.058*#*
ELD / 0.037 %%k 0.024#k 0.024%%
Covariates
Student Covariates X X X X
Classroom Covariates X X X X
School Covariates X X X X
Random Intercepts
School X
Fixed Effects
Grade X X X X
Year X X X X
School X X X
N (student/year obs.) 9,513 9,513 9,513 9,513
N (ELA Teacher) 388 / 388 388
N (ELD Teacher) / 211 211 211

Note. *p<.05, *p<.01, ***»<.001. All models include student covariates of prior year ELA, math, and
standardized ELP scotes, as well as FRPL, special education, migrant, male, ethnicity/race, as well as
classroom- and school-level averages of student covariates (other than lagged scores). Models I, 11 and 111
include school, grade, and year fixed effects. Model I includes an ELA teacher random effect, while Model 11
includes just an ELD teacher random effect. Model 11T includes both. Model IV includes both an EILA and
ELD teacher random effect, but instead of a school fixed effect, the school is modeled as a random effect.

ELD and ELA Teacher Contributions to Student ELP Performance

When estimating ELLD and ELA teacher contributions to students’ listening, reading, writing,
and speaking ELP domain scores as the outcomes of interest, there was significant variation in ELD
teachers’ instructional effectiveness across all four domains, while there was less variation in ELA
teachers’ instructional effectiveness across all four domains, with one instance where the variation was
not statistically distinguishable from zero. For ELD teachers, there were differences in the variation
across domains. Results are reported in Table 3.4, while the full distribution of ELD teacher
contributions are plotted in Figure 3.4, and ELA teacher contributions are plotted in Figure 3.5.

The largest SD of ELD teacher contributions to EL-classified students’ ELP domain-specific
scores was estimated for speaking scores. In the main specification, students who were assigned to an
ELD teacher whose contribution to students’ speaking scores was one SD above the mean had, on

average, speaking scores that were 0.095 SD higher. The §D of ELD teacher contributions to student
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performance was similar when the outcome of interest was reading scores (§D=0.067) and listening
scores (§D=0.055). In contrast, there was less variation in ELD teacher contributions to students’
ELP writing performance, with a D of 0.039. Together, this evidence suggests that variability in ELD
teacher effectiveness had significant implications for students’ ELP performance. These implications
were particularly outsized for students’ speaking performance, while ELD teachers’ instructional
variability seemed to have less of an impact on students’ writing performance.

The estimated SD of ELA teacher contributions to students’ performance on the different
ELP assessment domains tended to be similar to one another and were much smaller than for
students” ELA performance. For listening, speaking, and reading performance, the estimated SDs of
ELA teacher contributions to student performance were very similar and small, 0.022, 0.027, and
0.028, respectively. There was the leastamount of variation documented in ELA teachers’ instructional
effectiveness for writing performance, as the SD of 0.012 was not statistically different from zero.
These estimates suggest that variability in ELA teacher effectiveness may have implications for EL-
classified students’ ELP performance, although changes in student performance are relatively small
across all domains, and not significant for writing.

In sum, for the different ELP domain outcomes there were interesting patterns that suggest
variation in ELD teachers’ instructional effectiveness may matter more for students’ performance on
certain domains, with the variation for speaking performance being much larger than for writing, and
moderate variation for reading and listening performance. Variation in ELA teachers’ instructional
effectiveness appears to have less of an implication for students’ ELP performance across domains,
with estimates that are statistically distinguishable from zero when looking at students’ listening,

reading, and speaking ELP domain scores, but small in magnitude.
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Figure 3.4. Distribution of ELD Teacher Contributions to EI-Classified Students’ ELP Domain Outcomses
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Figure 3.5. Distribution of E1A Teacher Contributions to E1.-Classified Students’ EILP Domain Outconmes
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Table 3.4. Estimated E1.A and E1D Teacher Contributions to E1.-Classified Students’ ELLP Domain Outcomes

ELP: Listening ELP: Speaking ELP: Writing ELP: Reading

1 11 I1I v I 11 II1 v I 11 111 v I II 111 v
Tch
Int.
(SD)
ELA 0.032%%* / 0.022** 0.025%* 0.039** / 0.027* 0.029* 0.021* / 0.012 0.012~ 0.034%%% / 0.028** 0.032%*
ELD / 0.057*x  0.055%**%  (0.067*** / 0.096***  0.095%**  (.110*+** / 0.038*%€  (0,037*FF  (.045%** / 0.066***  0.067***  (0.074***
Cov.
Sct:)lv X X X X X X X X X X X X X X X X
8;“ X X X X X X X X X X X X X X X X
RE
Sch. X X X X
FE
Grade X X X X X X X X X X X X X X X X
Year X X X X X X X X X X X X X X X X
Sch. X X X X X X X X X X X X

N (obs) 6,293 6,293 6,293 6,293 6271 6271 6271 6271 6277 6277 6,277 6,277 6,295 6,295 6,295 6,295

N (ELA
Teacher) 302 / 302 302 302 / 302 302 302 / 302 302 302 / 302 302
N (ELD / 160 160 160 / 160 160 160 / 160 160 160 / 160 160 160
Teacher)

Note. ¥<.05, *p<.01, ***<.001. All models include student covariates of prior year ELLA, math, and standardized ELP scores, as well as FRPL, special education, migrant, male,
cthnicity/race, as well as classroom- and school-level averages of student covatiates (other than lagged scores). ELA=English language arts, ELP=English language proficiency,
ELD=English language development Cov.=Covariates. Models I, IT and IIT include school, grade, and year fixed effects. Model I includes an ELA teacher random effect, while Model
1T includes just an ELD teacher random effect. Model 111 includes both. Model IV includes both an ELA and ELD teacher random effect, but instead of a school fixed effect, the
school is modeled as a random effect.
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Sensitivity Analyses: ELA Outcomes

I conducted a series of sensitivity analyses to see whether the estimated variation in teacher
contributions to students’ ELA performance were similar across varying samples and model
specifications. Results from five alternative approaches are reported in Table Al.

The first three sensitivity analyses were alternative samples that are used in the main model
specification. The estimated SD was similar for ELA teachers when excluding all students who are
identified for special education (Alt. 1), although the ELD teacher SD is smaller and no longer
statistically distinguishable from zero at the 0.05 level. Estimates from the imputed sample (Alt. 2)
were slightly different in magnitude than the main estimates, as the ELA teacher SD was slightly
smaller, and the ELD teacher SD slightly larger. The third alternative sample (Alt. 3) is very small,
with just 118 ELA teachers and 70 ELD teachers. The ELA teacher SD shrunk to 0.040, and the ELD
teacher §D (0.011) is no longer statistically significant. Together, these alternative samples suggest that
ELA teacher estimates held across specifications, although there was less variation with both the
smaller and larger samples. Estimates of variation in ELD teachers’ contributions to ELA
performance shrank quite a bit with smaller samples.

In two additional specifications I used the main sample but fit two different model
specifications. The first (Alt. 4) did not adjust for school-level nesting. The estimated SDs of ELLA and
ELD teacher contributions to student ELA performance were slightly larger than the main estimates.
The second was a fixed effects approach (Alt. 5), where I model teacher parameters as fixed, rather
than random, effects. The estimates were much larger for both ELA teachers and ELD teachers. As
seen in the top panel of Figure Al, the distribution of ELLA teacher contributions to students’ ELA
performance is relatively similar in shape to the overall estimate, despite the estimates themselves
ranging to much larger negative and positive values than the main random effect estimate. As seen in

the bottom panel of Figure Al, the distribution of ELD teacher contributions to students’ ELA
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performance was also similar to the main random effect estimates. However, these estimates are also
much larger in magnitude and there are considerably more noisy estimates that pull out the tails of the
distribution. These fixed effects results highlight how the approach may result in much larger
coefficients on teacher contributions, potentially driven by large changes in student performance year
to year for a smaller number of students. The similar distribution provides evidence that the overall
findings are capturing variation in teacher effectiveness broadly, not just identifying off individual
teachers’ contributions varying within themselves year to year.
Sensitivity Analyses: ELP Outcomes

As with the ELA outcomes, I conducted a set of five different sensitivity analyses for each
ELP domain outcome, three with alternative samples and two with the main sample, but in an
alternative model specification. Results are reported in Tables A2 and A3. As with ELA outcomes,
the analysis that excluded students identified for special education (Alt. 1) uniformly resulted in a
smaller §D for ELD teachers, and for ELA teachers the §D in contributions shrunk to estimates that
were not statistically significant. The imputed sample (Alt. 2) estimates were generally similar to the
main estimates for both ELA and ELD teachers. Reducing the imputed sample to just students who
were taught by ELA teachers who are linked to two or more ELD teachers within a given grade and
year as well as ELD teachers who are also linked to two or more ELLA teachers within a given grade
and year (Alt. 3) resulted in similar estimates of the variation in ELD teacher contributions to students’
domain performance, although estimates tended to shrink towards the mean. For ELA teachers the
SD was very small in magnitude and the variation was not statistically distinguishable from zero.

Results from the model specification that did not adjust for school-level nesting (Alt. 4) were
similar to the main estimates, although there tended to be more observed variation in ELD and ELA
teacher contributions when not adjusting for school-level clustering. As with ELLA outcomes, the fixed

effect specification (Alt. 5) results in an estimated SD across outcomes that was much larger than the
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random effects approach. Additionally, the SD of ELD teacher contributions was no longer much
larger than ELLA teachers, with estimates that were similar or with a larger §D of ELA teacher
contributions. This is a departure from the main model, although given concerns about the already
small sample size in the study and measurement error concerns that come with unadjusted fixed effect
specifications (Bitler et al., 2019), these estimates are likely influenced by noisy outcomes and, while a
useful check, do not overly influence my interpretation of the main results.

Across sensitivity checks other than the approach using unadjusted fixed effects, the variation
in contributions of ELA teachers to ELA performance and ELD teachers to ELP performance
(within-subject contributions), stayed relatively constant. Cross-subject contributions (i.e., ELA
teachers and ELP Reading outcomes, ELD teachers and ELLA outcomes) in the smaller samples did
not consistently hold, with the S§D shrinking and, in many specifications, becoming statistically
indistinguishable from zero. These sensitivity analyses give room for pause. This was an already
relatively small sample. Reducing the sample further may result in challenges in identifying teacher
contributions. Additionally, smaller samples may introduce more noise and less stability, which are
already concerns with the study design. As such, this is further evidence that some findings may be
more robust than others, with the cross-subject contributions being more tentative than within-
subject. Further work could strengthen these conclusions through a longer panel and larger sample.

Discussion

This study is a preliminary examination of the variation in ELA and ELD teachers’
contributions to EL-classified students’ performance on ELA and ELP assessments. The first research
question focuses on quantifying the extent to which variation in ELLA and ELD teacher effectiveness
contributes to differences in EL-classified students’ ELA performance. The second question is similar,
but instead of ELLA performance, focuses on ELP performance. I found that variation in both ELLA

and ELD teachers’ instructional effectiveness contributed to differences in El-classified students’
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ELA and ELP performance, although variability in teacher effectiveness had larger implications for
student performance within, rather than across, the two subjects.

Models that include both ELA and ELD teacher parameters suggested that ELA teachers’
instructional variability has more of an implication for EL-classified students’ ELA performance than
ELD teachers’ instructional variability, although both had measurable impacts. This finding lends
validity to the modeling approach and problematizes current theory and modeling practices that
conceptualize ELA teachers as solely responsible for students’” ELA performance. It also provides
more evidence to support the claim that core content teachers play an important role in EL-classified
students’ content outcomes (Loeb et al., 2012). These results suggest that there are ELA teachers who
bring strong instructional skills to the classroom that are supporting El-classified students’
performance on ELA assessments, while other students may be assigned to teachers who either are
less effective or less attentive to adapting ELLA instruction for El-classified students or providing
instruction that supports both ELA and ELP skill development in ways that translate to improved
ELA assessment performance.

A novel, preliminary finding in this study is that variation in ELD teachers’ effectiveness also
had implications for students’ ELLA performance. While the magnitude is smaller than ELLA teachers
and in smaller samples not always distinguishable from zero, I found that ELD teachers’ contributions
to EL-classified students” ELA performance were non-trivial in the main specification. Teacher
spillover effects have been documented among non-EL classified student populations, with findings
that variation in math teacher effectiveness has implications for students’ ELA performance
(Aaronson et al., 2007; Koedel, 2009; Yuan, 2015), as well as findings that variation in ELA teacher
effectiveness has implications for students’ math and social studies performance (Yuan, 2015).

However, cross-subject contributions have not been explored for ELLA and ELD.
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Thinking through this cross-classroom contribution, this may be because some ELD teachers
are providing instruction that supports students’ ability to demonstrate their ELA knowledge on the
standardized assessment while others are not (Figure 3.1, Path 4), or some are providing instruction
and supportts that help students access and excel in ELA core instruction, while and others are not
(Figure 3.1, Path 3). This adds further weight to calls for instruction across ELA and ELD classrooms
to move from siloed educational experiences to consider the ways in which students’ instruction across
the classrooms may overlap to support students’ growth and performance (Bunch et al., 2012).

Just as there was more estimated variation in ELLA teacher contributions to students” ELA
performance, variation in ELD teacher effectiveness appears to play a larger role in shaping EL-
classified students’” ELP performance than ELA teachers. Importantly, however, the specification
where ELD teachers are included as fixed, rather than random effects, introduces evidence that the
main specification may be picking up on variation both within teachers (e.g. year to year) and across
teachers (e.g. some ELD teachers are more effective at improving students’ ELP performance in the
data than others). Thinking through both sources of variation may point even more towards putting
in place strong systems of consistent support such that individual teachers’ effectiveness is not
changing year to year with changing classrooms and contexts, and that teachers are supported in
developing their instructional skills and abilities.

ELA teachers’ contributions to students’ ELP performance tended to be significant in the
main specification, although not for all domains. As perhaps expected, the variation was smaller in
magnitude. However, these findings suggest that ELA teachers, through their instruction, may play a
role in supporting El.-classified students’ ELP growth. As with the observed contributions of ELD
teachers to students’ ELA performance, these cross-subject contributions open up conversations
around the interrelated nature of content and language development, especially across ELLA and ELD

classrooms, which focus on overlapping literacy and language concepts (Callahan, 2000).
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Implications

A key takeaway from this study is that, as many studies have found, teachers matter for student
performance. One contribution of this study is that modeling teacher contributions across ELA and
ELD classrooms to students’ ELLA and ELP outcomes shows how, for EL-classified students
concurrently enrolled in an ELLA and ELD classroom, the quality of instruction in one classroom may
have implications for their performance in the other. While this may not be surprising, especially given
the overlap in standards for ELA and ELD (ODE, 2022), oftentimes policy investments and supports
tend to focus acutely on single classrooms, subjects, or teachers, and fail to step back and think
critically about how the full set of instructional inputs an EL-classified student is receiving can be
strengthened to ensure coherent instruction. This study can inform conversations around the
importance of investing in supports focused on the interrelated nature of language and core content
learning for El.-classified students. For schools and districts interested in improving ElL-classified
students” ELA performance, providing supports to strengthen instruction in both ELA and ELD
classrooms, while also continuing to support teachers who attend to language and literacy
development holistically, may reduce gaps in teacher effectiveness that contribute to some students
having higher test score outcomes than others.

EL-classified students” ELP growth is a key measure of school outcomes in state accountability
systems (ESSA, 2016). Policy debates and framings tend to focus on the decision of which program
model ELD should be delivered through, with less attention towards understanding the training,
supports, and effectiveness of ELD teachers. For EL-classified students in middle school, many of
whom have been classified as EL since kindergarten enrollment, acquiring the level of ELP necessary
to be reclassified to fluent English proficient is an important goal. Reclassification has been found to
have positive effects on student outcomes when it occurs earlier in their academic trajectory (Pope,

2016). To the extent that EL classification forecloses learning opportunities in middle school
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(Umansky, 20106), investing in supports that can improve students’ ELP outcomes may be an
important focal area for states, schools, and districts. This study, while preliminary, provides evidence
to inform the investment in stronger supports for ELD and ELA teachers to strengthen the
instruction of those who may be less effective.

Differences in teacher variation across ELP domains highlight how variation in both ELA and
ELD teacher effectiveness seem to be particularly important for students’ English language speaking
performance. It may be of interest to further explore and understand the instructional techniques
employed in ELD and ELA classrooms that support the development of English oral skills and
provide supports for teachers who may struggle to support students’ English oral skill development
to address what appears to be a wide-ranging effectiveness across both ELLA and ELD teachers, but
ELD teachers in particular.

Beyond investing in individual teachers, cross-subject contributions highlight the potential for
collaboration and alignment across content and language development classrooms—which has been
documented as a strong practice (Villavicencio et al., 2021). If both ELA and ELD teachers are
contributing to the development of skills and knowledge that are assessed on ELA and ELP
assessments, there may be clear pathways through which to collaborate and create instructional
environments for students that allow for authentic, embedded literacy development. Importantly, test
scores are a single, imperfect measure of students’ educational experiences and quality of educational
offerings. Conversations around strengthening instruction both within and across classrooms should
not just focus on test score improvement but look at test score performance alongside other important
indicators of instructional quality for EL-classified students.

Finally, while some uses of value-added modeling have been to identify weaker and stronger
teachers with high-stakes implications, this study does not provide evidence to support this type of

application or action. Such practices can be inequitable, rely on standardized assessments as singular
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measures of effectiveness, and reduce instruction to a dimension that cannot capture what it means
to be a “good” teacher (Paige & Amrein-Beardsley, 2020). Additionally, this study provides no
evidence on whether the provision of ELD itself is associated with higher or lower test scores, only
documenting the variability across ELD teachers’ classrooms for students who are concurrently
enrolled in both ELD and ELA. This study provides broad-strokes evidence on how variability in
teacher effectiveness may shape students’ linguistic and academic outcomes across ELLA and ELD
classrooms. Such evidence may provide insights into the important role of teachers and the degree to
which variation in instructional effectiveness may contribute to differences in student outcomes but
should not be used as standalone evidence of which teachers are more effective than others, not
whether ELD or ELA teachers are “more important” for student performance.

Future research can explore this cross-classroom overlap in more depth to understand the
types of instructional approaches in ELD and ELA classrooms that support ELP and ELA skill
development. It may be of interest to model teacher contributions across ELD classrooms and other
subjects, such as math, science, and social studies, to see if cross-subject variation can be observed in
other subject areas. Further research may also probe into the pairings of teachers to understand the
implications of students being shared across teachers who have varying levels of instructional
effectiveness, and how building leaders can think about creating the conditions for EL-classified
students to receive aligned, coherent language and content instruction across classrooms.

Conclusion

This study is a preliminary exploration of the extent to which variability in ELA and ELD
teachers’ instructional effectiveness may have implications for EL-classified students’ ELA and ELP
performance. Results suggest that variation in effectiveness does contribute to students’ assessed
performance. While within-subject variation appears to have more of an impact on student

performance, there was evidence that both ELA and ELD teachers’ instructional effectiveness levels
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have important implications across the subject assessments. This information provides more evidence
to inform policy investments in strengthening teachers’ supports for working with EL-classified
students, while also providing important evidence into the important role that ELD teachers play, a
teaching role that may be overlooked in conversations around strengthening instruction and outcomes
for EL-classified students. This work can inform hiring, framing investment in effective teachers as a
critical lever for supporting El-classified students. Additionally, this work can inform attention
towards supports for current teachers, supports that focus on ensuring that all teachers are provided

with the training and tools to support students’ interrelated language and content development.
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APPENDIX

Table A1. Estimated E1.A and ELD Teacher Contributions to E1-Classified Students’ E1.A Outcomes, Alternative Approaches

ELA
Alt1 Alt 2 Alt 3 Alt 4 Alt 5
Imputed & 2+ .
. Main Sample, no Teacher parameters
Excluding SPED Imputed ELAéiI{{D by school FE or RE as fixed effects
Teacher
Intercepts (SD)
ELA 0.057%k* 0.048%%* 0.040%k* 0.068%*** 0.322%%¢
ELD 0.021~ 0.03 6% 0.011 0.04 3%k 0.284F*
Covariates
Student Cov. X X X X X
Classroom Cov. X X X X X
School Cov. X X X X X
Fixed Effects
Grade X X X X X
Year X X X X X
School X X X
N (obs) 6,142 11,776 3,303 9,513 9,513
N (ELA Teacher) 283 472 118 388 388
N (ELD Teacher) 156 236 70 211 211

Note. %<.05, ¥»<.01, ***»<.001. SPED=special education. All models include student covariates of cubic polynomials of prior year
ELA, math, and standardized ELP scotes, as well as FRPL, special education, migrant, male, ethnicity/race, as well as classtoom- and
school-level averages of student covariates (other than lagged scores). Alternative model 1 is an alternative sample, restricted to
students who are not identified for special education services. Alternative model 2 is also an alternative sample--the main sample, but
augmented with students who were previously missing ptior year scores with their scores imputed to the mean for their given grade
and year within the sample. Alternative model 3 is also an alternative sample, alternative sample 2, but only restricted to students
taught by ELA and ELD teachers who are each linked to two or more ELA or ELD teachers. Alternative model 4 is the main sample,
but the model does not have school or random effects included. Alternative model 5 is the main sample, but with ELLA and ELD
teacher parameters fit as fixed, rather than random effects.
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Table A2. Estimated EIA and E1D Teacher Contributions to E1-Classified Students’ ELP Listening and Speaking Outcomes, Alternative Approaches

Listening Speaking
Alt 1 Alt 2 Alt 3 Alt 4 Alt 5 Alt1 Alt 2 Alt 3 Alt 4 Alt 5
Imputed & Main Teacher Imputed & Main Teacher
Excluding Imputed 2+ Sample, no  parameters  Excluding Imputed 2+ Sample, no  parameters
SPED ELA/ELD by school FE as fixed SPED ELA/ELD school FE as fixed
G&Y or RE effects by G&Y or RE effects
Tch. Int. (SD)
ELA 0.021 0.029%* 0.022 0.033%* 0.31 3% 0.017 0.037%* 0.001 0.036%* 0.403%*
ELD 0.048%x* 0.053 %k 0.028* 0.099* 0.276%+* 0.097+%k  (,088%** 0.072%* 0.156%** 0.357 k%
Covariates
Student Cov. X X X X X X X X X X
Classroom Cov. X X X X X X X X X X
School Cov. X X X X X X X X X X
Fixed Effects
Grade X X X X X X X X X X
Year X X X X X X X X X X
School X X X X X
N (obs) 3,878 6,981 1,972 6,293 6,293 3,878 6,944 1,957 6,271 6,271
N (ELA
Teacher) 202 369 98 302 302 202 369 98 302 302
N (ELD
Teacher) 116 177 51 160 160 116 177 51 160 160

Note. *p<.05, *p<.01, ***»<.001. All models include student covariates of cubic polynomials of prior year ELLA, math, and standardized ELP scores, as well as
FRPL, special education, migrant, male, ethnicity/race, as well as classroom- and school-level averages of student covariates (other than lagged scores). Alternative
model 1 is an alternative sample, restricted to students who are not identified for special education services. Alternative model 2 is also an alternative sample--the
main sample, but augmented with students who were previously missing prior year scores with their scores imputed to the mean for their given grade and year
within the sample. Alternative model 3 is also an alternative sample, alternative sample 2, but only restricted to students taught by ELA and ELD teachers who are
each linked to two or more ELA or ELD teachers. Alternative model 4 is the main sample, but the model does not have school or random effects included.
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Table A3. Estimated ELA and ELD Teacher Contributions to EL-Classified Students’ ELLP Writing and Reading Outcomes, Alternative Approaches

Writing Reading
Alt 1 Alt 2 Alt 3 Alt 4 Alt 5 Alt1 Alt 2 Alt 3 Alt 4 Alt 5
Imputed & Main Teacher Imputed & Main Teacher
Excluding Imputed 2+ Sample,no  parameters  Excluding Imputed 2+ Sample, no  parameters
SPED ELA/ELD by school FE as fixed SPED ELA/ELD school FE as fixed
G&Y or RE effects by G&Y or RE effects
Tch. Int. (SD)
ELA 0.016 0.016* 0.022 0.026** 0.300#* 0.020 0.036*** 0.004 0.041** 0.264¢*
ELD 0.039%** 0.036** 0.023 0.068*** 0.246%+* 0.064*%Fx  (0.063%F* 0.051** 0.103%** 0.248¢*
Covariates
Student Cov. X X X X X X X X X X
Classroom Cov. X X X X X X X X X X
School Cov. X X X X X X X X X X
Fixed Effects
Grade X X X X X X X X X X
Year X X X X X X X X X X
School X X X X X
N (obs) 3,878 6,861 1,920 6,277 6,277 3,878 6,827 1,901 6,295 6,295
N (ELA
Teacher) 202 369 98 302 302 202 369 98 302 302
N (ELD
Teacher) 116 177 51 160 160 116 177 51 160 160

Note. *p<.05, *p<.01, *#p<.001. All models include student covariates of cubic polynomials of prior year ELLA, math, and standardized ELP scores, as well as
FRPL, special education, migrant, male, ethnicity/race, as well as classroom- and school-level averages of student covatiates (other than lagged scores). Alternative
model 1 is an alternative sample, restricted to students who are not identified for special education services. Alternative model 2 is also an alternative sample--the
main sample, but augmented with students who were previously missing prior year scores with their scores imputed to the mean for their given grade and year
within the sample. Alternative model 3 is also an alternative sample, alternative sample 2, but only restricted to students taught by ELA and ELD teachers who are
each linked to two or more ELA or ELD teachers. Alternative model 4 is the main sample, but the model does not have school or random effects included.
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Figure A1. Distribution of EILA and ELD Teacher Contributions to E1_-Classified Students’ E1.A Outcomes,
Fixed Effect Specification
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CHAPTER V. CONCLUSION

This set of dissertation studies is unified by a focus on different elements of EL education and
policy. The goal of this dissertation was to produce evidence to inform policymaking that strengthens
services and system conditions for El-classified students. Drawing on data from one U.S. state, the
studies ask a range of research questions that span different groups of El-classified students and
examine multiple different ways in which system conditions may be supporting or constricting EL-
classified students’ opportunities and outcomes. From this body of work, two key themes emerged.
One theme is identifying key areas for policy intervention. Another is the challenges in developing,
implementing, and evaluating policy levers designed to support EL-classified students.

Key Areas for Policy Intervention

All three studies examined different ways in which EL-classified students’ opportunities and
outcomes are shaped. Research questions for chapters II and IV, specifically, focused on identifying
potential areas for policy intervention to support EL-classified students.

In Chapter II, I find evidence that, among immigrant El.-classified students who arrive in
secondary grades, access to core content is inequitable, both in relation to their peers and across a host
of student characteristics among immigrant ElL-classified students. Raw differences show how Black
and Hispanic/Latinx immigrant EL-classified students who attive in secondary grades ate enrolled in
core content at lower rates than their non-Black and Latinx immigrant ElL-classified peers, while
FPRL-eligible students and students with interrupted formal education are also enrolled in core
content courses at lower rates. Modeling different predictors of student enrollment suggest that
enrollment is largely predicted by students’ initial ELP and SIFE status. When paired with the raw
differences, this provides evidence that schools and districts are not structuring student schedules in
ways that ensure all students have equitable access, with under-enrollment concentrated among

students who face compounding intersections of historical marginalization. Chapter II also provides
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examples of how data can be used toward this aim, encouraging state, district, and local education
agencies to use descriptive statistics and analyses to explore how course access (and other indicators
of opportunities to learn) may differ by student characteristics in ways that not only constrict
opportunity, but do so for students who are members of historically marginalized communities.
Chapter II also includes perspectives from the field, which provide further insights for policymakers
into how local policy implementation and agency are shaping critical enrollment decisions—with
opportunities again to see these decision-making points as policy entry points and develop guidance
in response to quantitative patterns and reported practices and assumptions.

Chapter IV also identifies a key area for policy intervention. By providing preliminary evidence
on the implications of variability in teacher effectiveness for El-classified students’ ELLA and ELP
performance, the findings from this study highlight the important role that teachers play. These
findings encourage conversations around how strengthening instruction in both ELA and ELD
classrooms could translate into significant improvements in instruction and outcomes for EL-
classified students. Cross-subject contributions to learning across ELA and ELD teachers, while
relatively small in magnitude, can encourage policy to explore how ELA and ELD teachers are
supported through training and professional development to support EL-classified students’ language
and literacy growth. Supports can recognize the overlap in core content taught and the opportunities
to align instruction across classrooms in ways that can support students’ English language and literacy
skills and knowledge development. Together, this work provides evidence for policymakers that
investing in teachers is a critical policy lever through which EL education can be strengthened.
Challenges in Developing, Implementing, and Evaluating EL Policies

Two studies include an explicit focus on evaluating whether policy levers result in significant
changes in El-classified students’ instructional environments and opportunities—with Chapter II

examining whether newcomer programs seem to support course access among immigrant El-
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classified students, and Chapter III examining whether a state policy providing technical support and
funding while introducing accountability pressures resulted in changes to the instructional
environments and academic outcomes of EL-classified students. Both studies find little to no evidence
that these policy levers resulted in meaningful changes for the populations of interest. I found evidence
that newcomer programs did not support fuller course access and may have even constricted course
access, while receiving supports through HB 3499 identification did not result in significant increases
in the ratio of ESOL endorsed teachers to EL-classified students or the likelihood of receiving
bilingual services, nor improved academic test score outcomes over the years observed. These findings
speak to some of the challenges in developing and evaluating EL policies.

The first challenge is that the structural barriers that EL-classified students face in U.S. districts
and schools are rooted in systems that overwhelmingly have been created to provide teaching and
learning for white, monolingual English-speaking students (Flores et al., 2015; Flores & Rosa, 2015).
While there are policies and practice developed to support EL-classified students, including those
evaluated in Chapters 11 and 111, these policies are designed and implemented to support students who
often face critical, intensive barriers such as structural racism, language hierarchies, and under-
resourced schools, taught by teachers who themselves often report that they are underprepared to
provide appropriate instruction (Flores et al., 2015; Flores & Rosa, 2015; Gandara et al., 2003; Harper
& de Jong, 2009; Valenzuela, 1999).

These different intersecting challenges, for example, may help to contextualize the newcomer
program findings. For arriving immigrant EL-classified students, many of whom are students of color
navigating racialized systems and the transition to a new community (Brown & Chu, 2012; Rodriguez
et al., 2022), newcomer programs may provide an important source of support in many ways, such as
socioemotional support, cultural orientation, and targeted academic supports (Hos, 2016). However,

newcomer programs may not be developed and implemented in ways that address key issues of
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exclusion from core content, instead focusing on addressing other critical challenges that students may
be experiencing. The nexus of challenges that both schools and students report may not be fully able
to be addressed through newcomer programs, as implemented.

For HB 3499 districts, the intervention was designed in recognition that districts may need
additional resources and support to strengthen their EL services (Carnock, 2017). As implemented,
the intersection of funding, support, and accountability resulted in a significant increase in EL
expenditures per EL-classified student but did not translate into significant changes or improvements
in measured services or outcomes in relation to non-identified districts and trends prior to
identification. Contextualized within the challenges and need for supports and resources that districts
report (Tannenbaum et al, 2012), HB 3499 may have represented an important step towards
strengthening local services for EL-classified students but been too limited in scope to see meaningful
improvements across identified districts. While there may be pockets of improvement, perhaps
individual districts, schools, or even classrooms saw substantial changes in response to the
intervention, the evidence suggests that the scope of the intervention did not fully address the
challenges districts and schools face.

There are also challenges in evaluating whether EL policy levers have an impact. Policy
evaluation is limited in the conclusions that can be made depending on what has been measured and
within what time frame. For both Chapters II and I11, there are salient challenges in evaluating whether
the policies resulted in meaningful change. For example, Chapter II examined course access, an
important indicator of opportunity to learn (Callahan & Shrifer, 2016). However, given the set of
linguistic, academic, and socioemotional challenges that arriving immigrant students may face, there
are many more important outcomes that may be of importance to schools and students not captured
in this policy evaluation, such as quality of peer relationships, sense of school belonging, and home

language development. Similarly, in Chapter I11, I look at both proximal and distal outcomes, but there

244



are many other ways to think about how HB 3499 could have impacted the educational environment
and experiences of EL-classified students. Additionally, three years may not have been a sufficient
timeline along which to evaluate HB 3499’s policy impact, given evidence that school improvement
timelines can be extended (Sun et al., 2021).

These challenges are not new in EL. education nor policy evaluation but can be challenging to
navigate when thinking about how to evaluate policy impacts and use this evidence to inform future
policymaking. For example, the conclusion I draw from both Chapters 11 and III is not that the policies
have “failed”. Rather, for newcomer programs I argue that the evidence on newcomer programs
suggests that policy design and implementation should be examined closely for ways in which the
mechanics and goals of programs may be leading to exclusion from core content. This examination
can inform guidance for implementing these programs, if local education agencies feel that the
program designs are providing critical supports. For HB 3499, 1 suggest that the policy’s expected
outcomes should be contextualized within the scope of the intervention, and that policymakers should
consider thinking about whether the scope is large enough to see meaningful change at the district
level.

All three chapters in this dissertation add to the body of work on EL education and EL policy,
with the goal of supporting evidence-based policymaking. Central conclusions from these studies align
with other research or understandings about how to support El-classified students. I find that
opportunity to learn is a critical issue for policy intervention (Callahan, 2005; Callahan & Shrifer, 2016;
Johnson, 2019; Umansky, 2016), that teachers’ instructional effectiveness plays an important role in
ElL-classified students’ education (Dabach, 2014; Harper & de Jong, 2009), and that EL-classified
students’ language and content development are intertwined (Bunch, 2013; Bunch et al., 2012;
Callahan, 2006). Together, in concert with prior research and current policy efforts, the evidence

provided through this set of studies can inform reflection, priorities, and investment in policymaking,
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with the hope of translating into meaningful supports and guidance for districts and schools that serve

EL-classified students, as well as stronger supports and services for EL-classified students.
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